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Abstract: Starting from pointwise gradient estimates for the heat semigroup, we study three
characterizations of weak lower curvature bounds on metric graphs. More precisely, we prove the
equivalence between a weak notion of the Bakry–Émery curvature condition, a weak Evolutionary
Variational Inequality, and a weak form of geodesic convexity. The proof is based on a careful
regularization of absolutely continuous curves together with an explicit representation of the Cheeger
energy. We conclude with a brief discussion on possible applications to the Schrödinger bridge problem
on metric graphs.
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1. Introduction

Over the past years, the study of synthetic curvature bounds on metric measure spaces and their
relation has received considerable interest. In their seminal work, Lott and Villani [1] and Sturm [2, 3]
introduced a new notion of curvature bound on these spaces using the displacement convexity of the
logarithmic entropy. Let (X, d,m) be a metric measure space, that is, a complete separable metric
space (X, d) endowed with a probability measure that has finite second moment, we write m ∈ P2(X).
The logarithmic entropy on that space is given as

Entm(µ) =
∫

X
f log f dm for

dµ
dm
= f , (1.1)

where dµ
dm is the Radon-Nikodym density of µ with respect to m. Let

W2
2 (µ0, µ1) = inf

π∈Π(µ0,µ1)

"
X×X

d2(x, y) dπ(x, y) (1.2)

denote the 2-Wasserstein distance for the set of transport plans

Π(µ0, µ1) = {π ∈ P(X × X) : π(A × X) = µ0(A), π(X × B) = µ1(B), A, B ⊂ X Borel} (1.3)

https://https://www.aimspress.com/journal/nhm
https://dx.doi.org/10.3934/nhm.2026031


726

between µ0 ∈ P2(X) and µ1 ∈ P2(X). Indeed, W2 defines a metric on P2(X), and (P2(X),W2) is called
Wasserstein space on X. The underlying space (X, d,m) is said to satisfy a CD(K,∞)-condition and
to have curvature bounded from below by K ∈ R if the logarithmic entropy is geodesically K-convex,
that is,

Entm(µs) ≤ (1 − s)Entm(µ0) + sEntm(µ1) −
K
2

s(1 − s)W2
2 (µ0, µ1) (1.4)

for all s ∈ [0, 1], and a Wasserstein geodesic s 7→ µs connecting µ0, µ1 ∈ P2(X). Note that CD(K,∞) is
a special case of the Curvature-Dimension condition CD(K,N) introduced by [1, 3]. There, N ∈ (0,∞]
is an upper bound on the dimension in addition to the lower curvature bound K ∈ R. In the present
paper, we restrict our analysis to the dimensionless case N = ∞.

If the underlying space is a Riemannian manifold (M, g) and m = volg, then the curvature bound
given by CD(K,∞) coincides with the geometric lower bound on the Ricci curvature of M. Since
Eq (1.4) is well-defined on metric measure spaces and does not depend on any Riemannian structure,
CD(K,∞) can be understood as an extension of this bound. However, it is possible for Finsler
geometries to satisfy the CD(K,∞)-condition as well. This observation led to a refinement in [4],
namely the introduction of spaces with Riemannian curvature bounded below that satisfy a Riemannian
Curvature-Dimension condition RCD(K,∞). In the same work, several equivalent characterizations of
such spaces were given, one of them by introducing the additional assumption of linearity of the heat
flow, which is defined as the L2(X,m)-gradient flow of the Cheeger energy

Ch( f ) =
1
2

inf
{

lim inf
n→∞

∫
X
|∇ fn|

2 dm : fn is Lipschitz,
∫

X
| fn − f |2 dm→ 0

}
,

and we write Dom(Ch) = { f ∈ L2(X) : Ch( f ) ∈ R} for its domain. The linearity of this flow is
equivalent to the Cheeger energy being a Dirichlet form, thus quadratic, and the additional assumption
rules out Finsler geometries [5]. Let (Pt)t≥0 denote the corresponding semigroup. By duality, it can be
extended to the space of probability measures inducing the semigroup (Ht)t≥0. Among the powerful
calculus tools developed in [6], it has been shown that (Ht)t≥0 coincides with the W2-gradient flow of
the logarithmic entropy on CD(K,∞)-spaces. This observation is a key ingredient in the proof of the
following equivalent characterization. A metric measure space is an RCD(K,∞)-space if the heat flow
satisfies an Evolutionary Variational Inequality, meaning that for all µ0, µ1 ∈ P2(X) with Entm(µ1) < ∞,
the W2-gradient flow of the logarithmic entropy exists and it holds that

d
dt

1
2

W2
2 (Htµ1, µ0) +

K
2

W2
2 (Htµ1, µ0) + Entm(Htµ1) ≤ Entm(µ0) (EVIK)

for a.e. t > 0. Again, this notion is consistent with the classical Riemannian case and we refer to [4]
for more details.

Another approach to generalizing curvature bounds was developed in [7] and originates from
the theory of Dirichlet forms. Let (X,B,m) be a measure space, for example, a metric measure
space (X, d,m) with Borel σ-algebra induced by the metric. Furthermore, let E be a Dirichlet form
on X with Markov semigroup (S t)t≥0 and generator ∆. We define

Γ( f , g) B
1
2

(∆( f g) − ∆ f g − f∆g),
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which is related to the Dirichlet form by

E( f , g) =
∫

X
Γ( f , g) dm.

To shorten the notation, we write Γ( f ) = Γ( f , f ). In the particular case of the measure space
being a Riemannian manifold (M, g) with volume measure m, we can choose ∆ = ∆g as the
Laplace-Beltrami operator and obtain Γ( f , g) = ⟨∇ f ,∇g⟩g. Omitting the dependence on the dimension
by choosing N = ∞, an important consequence of Ricci-curvature bounded from below is the
point-wise gradient estimate

Γ(S t f ) ≤ e−2KtS tΓ( f ) (BE)

m-a.e. in M for all t ≥ 0, and f ∈ Dom(E). We say that the condition BE(K,∞) is satisfied if Eq (BE)
holds. This estimate does not depend on second order operators and can be formulated on metric
measure spaces instead of Riemannian manifolds as well. For this reason, the optimal constant K ∈ R
in Eq (BE) can be thought of as a lower bound on the curvature. On a Riemannian manifold, this notion
coincides with K ∈ R being a lower bound on the Ricci curvature, as was shown in [8].

If the Cheeger energy is a Dirichlet form, or equivalently, if Pt is linear for all t ≥ 0, then
condition (BE) can be stated for E = Ch with S t = Pt. Then, owing to the work of [9], the bound (BE)
is equivalent to the contraction estimate

W2(Htµ,Htν) ≤ e−KtW2(µ, ν) (1.5)

for all t ≥ 0, and µ, ν ∈ P2(X). Therefore, it is crucial to identify the Cheeger energy and study
its properties when establishing weak notions of curvature bounds. Under the additional linearity
assumption, [10, 11] have shown that Eq (BE) is equivalent to the RCD(K,∞)-condition, thus providing
the relation

BE(K,∞)⇐⇒ EVIK ⇐⇒ RCD(K,∞), (1.6)

and therefore connecting both approaches. In view of Eq (1.6), we call a metric measure space an
RCD(K,∞)-space if, for K ∈ R, any of BE(K,∞), EVIK , or RCD(K,∞) holds true.

These conditions allow one to conclude several important properties, such as functional and
geometric inequalities [12, 13] or Γ-convergence results [14]. Besides RCD(K,∞)-spaces which cover
a broad class of examples, many widely studied spaces do not satisfy any of the equivalent conditions
from Eq (1.6). Metric graphs and sub-Riemannian manifolds provide prototypical examples where
curvature bounds fail to hold true; for example, see [15, 16] or [17]. For this reason, the question
of extending curvature conditions to a weak notion received interest in recent years. The following
observation serves as a starting point for possible extensions. Several spaces that fail to satisfy an
RCD(K,∞)-condition still admit a linear heat-flow and point-wise gradient bounds of the form

Γ(Pt f ) ≤ C2e−2KtPtΓ( f ) for all t ≥ 0 and f ∈ Dom(Ch), (1.7)

with constants C ≥ 1 and K ∈ R; for example, see [16] for metric graphs and [18] for Heisenberg
groups. If C = 1, then Eq (1.7) coincides with Eq (BE), and we can think of c(t) = e−Kt as a curvature
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function, where K ∈ R is the lower curvature bound. In the more general case C ≥ 1, we call c(t) =
Ce−Kt the curvature function as well. Following this analogy, we define the optimal constant K ∈ R to
be a weak lower bound on the curvature of (X, d,m). We write BEw(c,∞) for condition (1.7). In the
spirit of [9], it is equivalent to

W2(Htµ1,Htµ0) ≤ Ce−KtW2(µ1, µ0) for all t ≥ 0 and µ1, µ0 ∈ P2(X) (1.8)

with the dual heat semigroup (Ht)t≥0. Following the ideas of [10], an equivalence result similar to
Eq (1.6) has been shown in [19] for metric measure groups. Due to the equivalence in Eq (1.6),
these spaces do not admit a geodesically convex entropy and the weak condition extending RCD(K,∞)
under Eq (1.7) originates in the idea of quantifying this non-convexity. However, if the underlying
space exhibits branching geodesics, the entropy along them might be infinite, which corresponds to
Entm(µs) = ∞ for the left-hand side of Eq (1.4). For this reason, the heat semigroup is employed
to regularize possible singularities. We write RCDw(c,∞) for the resulting condition, meaning that
Eq (1.8) holds together with

Entm(Ht+hµs) ≤ (1 − s)Entm(Htµ0) + sEntm(Htµ1)

+
s(1 − s)

2h

(
1

R(t, t + h)
W2

2 (µ0, µ1) −W2
2 (Htµ0,Htµ1)

)
(1.9)

for all t ≥ 0, h > 0, and s 7→ µs is a W2-geodesic joining µ0, µ1 ∈ P2(X) with

R(t0, t1) =
∫ 1

0
c−2((1 − s)t0 + st1) ds.

For t = 0, this inequality reduces to a heated version of Eq (1.4), namely

Entm(Hhµs) ≤ (1 − s)Entm(µ0) + sEntm(µ1) +
s(1 − s)

2h

(
1

R(0, h)
− 1

)
W2

2 (µ0, µ1). (1.10)

If the space satisfies an RCD(K,∞)-condition, then we have c(t) = e−Kt, and one can show
that 1

h

(
1

R(0,h) − 1
)
→ −K as h → 0, therefore recovering Eq (EVIK). The weak condition EVIw(c)

admits another reformulation that characterizes the defect to geodesic convexity in more detail. Let
I : P(X)→ [0,∞] with I( f ) = 4Ch(

√
f ) be the Fisher Information. If the chain rule

Entm(Hhµs) − Entm(µs) = −
∫ h

0
I(Hτµs) dτ (1.11)

holds, then we can rewrite Eq (1.10) as the distorted convexity condition

Entm(µs) ≤ (1 − s)Entm(µ0) + sEntm(µ1) + ω(s),

where we define

ω(s) B
s(1 − s)

2h

(
1

R(0, h)
− 1

)
W2

2 (µ0, µ1) +
∫ h

0
I(Hτµs) dτ
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for fixed h > 0 that quantifies the non-convexity. The weak version of Eq (EVIK) that turns out
to be equivalent to Eq (BEw) and Eq (1.9) can be understood as an almost integrated version of the
Evolutionary Variational Inequality. We write EVIw(c) to denote that

1
2

W2
2 (Ht1µ1,Ht0µ0) −

1
2R(t0, t1)

W2
2 (µ1, µ0) ≤ (t1 − t0)

(
Entm(Ht0µ0) − Entm(Ht1µ1)

)
holds for µ0, µ1 ∈ P2(X) and 0 ≤ t0 ≤ t1 ≤ 1. For a detailed overview on the related literature with a
particular focus on curvature conditions in sub-Riemannian manifolds, we refer the reader to [19] and
the references therein. With these weak notions, their result reads

BEw(c,∞)⇐⇒ EVIw(c)⇐⇒ RCDw(c,∞), (1.12)

which gives rise to the definition of metric measure spaces that satisfy a weak lower curvature bound
by one of the three aforementioned equivalent conditions.

To the author’s best knowledge, the equivalence is only known for special metric measure groups,
even though the idea of studying possible extensions to spaces such as metric graphs or the Grushin
plane was already formulated in [19]. The proof relies on the construction of a regularization of
Wasserstein geodesics compatible with metric derivatives. In RCD(K,∞)-spaces, this regularization is
obtained using the heat semigroup and compatibility is inferred from the contraction estimate Eq (1.5).
For the metric derivatives, it implies

|Ḣtµs| ≤ e−2Kt|µ̇s| ≤ |µ̇s|.

Instead, if the weak condition (1.8) holds, we only obtain

|Ḣtµs| ≤ Ce−2Kt|µ̇s| ≤ C|µ̇s|,

up to the constant C ≥ 1. Taking the limit as t → 0 does not recover the speed of the original curve as
long as C > 1 and we are not in the RCD(K,∞)-setting. For this reason, it is necessary to introduce a
new approximation given by a family of curves of measures (µn

s)n∈N compatible with metric derivatives
in the sense that

lim
n→∞

∣∣∣µ̇n
s

∣∣∣ ≤ |µ̇s| (1.13)

and such that µn
s ⇀ µs. In the case of metric measure groups, this is achieved by means of the operation

of group convolution. As soon as we leave the group setting, this approximation is no longer applicable.
Additionally the characterization of the gradient flow of Entm as the heat equation has to be known a
priori. However, on metric graphs, both issues were resolved in [15]. There, the authors introduced
a regularization that satisfies Eq (1.13) and showed that the heat equation can be understood as the
W2-gradient flow of Entm. Since metric graphs admit weak gradient bounds [16], this observation
provides the starting point of our analysis, with the aim of extending Eq (1.12).

Contributions. The main contribution of the present article is the proof of the equivalences from
Eq (1.12) on metric graphs. We rely on the regularization introduced in [15] and adapt the arguments
presented in the metric measure group setting, therefore extending [19][Theorem 5.16]. As a first step,
we show that the Cheeger energy coincides with the Dirichlet energy, which allows us to connect the
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abstract setting of metric measure spaces to the gradient bound from [16]. This identification relies
on the identity W1,∞ = Lip on metric graphs for which we give a proof, since we could not find it in
the literature. Here, Lip denotes the space of Lipschitz functions. Moreover, we introduce the notion
of strongly regular curves on metric graphs. Then, for arbitrary absolutely continuous curves, we
construct an approximating sequence of strongly regular curves. In particular, the action and entropy
are well-behaved along weak limits. By employing this procedure together with a regularization of
the entropy, we derive an estimate similar to EVIw(c). Starting from this estimate, we conclude the
equivalences by showing that the inequality is preserved under taking the limit in the regularization.

Structure of the Paper. The paper is structured as follows. In Section 2, we define metric graphs
as well as introduce the heat equation on such spaces. In Section 3, we study this equation and its
two interpretations as a gradient flow of Ch and Entm. To this end, we provide an identification of
the Cheeger energy in Theorem 3.5. Moreover, we introduce the regularization of measures on graphs
applied throughout the article in Definition 3.2. In Section 4, we state and prove the equivalences in
Theorem 4.4. As a first step, we show that Eq (1.7) is equivalent to Eq (1.8) in Theorem 4.3. The proof
relies on known results in metric measure spaces and the identification of the Cheeger energy from the
previous section. We introduce strongly regular curves and show the existence of such in Theorem 4.11
by employing the regularization from Definition 3.2. Lastly, we establish action and entropy estimates
along such curves, thus allowing us to conclude the proof.

2. Preliminaries

Let G = (E,V) be a connected combinatorial graph with a finite set of vertices V and edges E ⊂
V × V. We endow the graph with a map ℓ : E → (0,∞), ℓ(e) =: ℓe and define an orientation on each
edge using the outer normal

ne(v) B


−1 : e = (v,w)
+1 : e = (w, v)
0 : v < e

,

which allows us to identify edges with intervals [− ℓe
2 ,

ℓe
2 ]. We call the triple G = (V,E, ℓ) a metric

graph. For each v ∈ V, we further denote the set of incident edges by E(v) B {e ∈ E : v ∈ e} and
define the spaces

L B
⊔
e∈E

[
−
ℓe

2
,
ℓe

2

]
and G B L/ ∼, (2.1)

where the first set is a collection of the one-dimensional intervals associated to the edges. In the second
set G, we uniquely identify vertices using the equivalence relation ∼, where two points are related if
they correspond to the same vertex. Together with the graph distance d : G × G → [0,∞), which is
the length of the shortest path between two points on G, the tuple (G, d) defines a metric space. We
denote the space of probability measures on the metric graph by P(G), the space of Radon measures
byM(G), and the space of non-negative Radon measures byM+(G). Additionally, let Pac(G) be the
set of probability measures that are absolutely continuous with respect to the Lebesgue measure L .
Here, L ∈ M+(G) is the measure on G induced by the Lebesgue measure on L under the equivalence
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relation ∼. The corresponding Lebesgue spaces are denoted by Lp(G) for p ∈ [1,∞] with norm ∥·∥Lp(G).
In particular, (G, d) is a geodesic space, thus rendering the Wasserstein space (P(G),W2) a geodesic
space as well.

Let (X, d) be an arbitrary metric space. For any closed interval I ⊂ R and p ∈ [1,∞], we call
γ : I → X absolutely continuous, and write γ ∈ ACp(I; X), if there exists g ∈ Lp(I) such that for all
t0, t1 ∈ I with t0 < t1 it holds that

d
(
γt0 , γt1

)
≤

∫ t1

t0
g(τ) dτ. (2.2)

By [20][Theorem 1.1.2], every absolutely continuous curve γ ∈ ACp(I; X) admits a metric
derivative |γ̇t| ∈ Lp(I) given as the smallest function g ∈ Lp(I) that satisfies Eq (2.2). On a metric
graph, we define the local and global Lipschitz constant of a function f : G→ R ∪ {∞} as

lip f (x) B lim sup
y→x

| f (x) − f (y)|
d(x, y)

and Lip f B sup
y,x

| f (x) − f (y)|
d(x, y)

,

respectively, for x ∈ Dom( f ) = {x ∈ G : f (x) ∈ R}. Since (G, d) is a geodesic space, we have Lip f =

supx∈G lip f (x). The space of Lipschitz functions is denoted by Lip(G), while C(G) is the space of
continuous functions equipped with the supremum norm ∥·∥C(G). The space C1(G) contains all functions
from C(G) that are continuously differentiable on each edge of the graph, and we denote the space
of non-negative Lipschitz functions by Lip+(G). In the same way, for p ∈ [1,∞], we define the
Sobolev space W1,p(G) as the space of functions in Lp(G) that are continuous in the vertices and
such that their weak derivative exists as a function in Lp(e) on each edge e ∈ E. As was shown
in [21][Lemma 3.27], every element f ∈ W1,p(G) admits a continuous representative in C(G) uniquely
determined in the vertices. Note that G is compact by definition, which is why all probability measures
have finite second moment and why duality holds betweenM(G) and C(G). We say that a sequence of
measures (µn)n∈N ⊂ M(G) converges weakly to another measure µ ∈ M(G), and write µn ⇀ µ, if for
all φ ∈ C(G) it holds that ∫

G
φ dµn →

∫
G
φ dµ as n→ ∞.

Curvature bounds are closely related to the heat equation and the resulting semigroup on the
underlying space. On metric graphs, this equation is understood in the following sense. For each
edge e ∈ E, we consider the one-dimensional heat equation on [− ℓe

2 ,
ℓe
2 ], coupling them in the vertices.

Depending on the choice of coupling conditions, we obtain different systems. Throughout this article,
we impose the so-called standard coupling conditions. For f e B f |e, they lead to

∂t f e(t, x) = ∂xx f e(t, x) t ≥ 0, x ∈ e, e ∈ E∑
e∈E(v) ∂x f e(t, v) · ne(v) = 0 t ≥ 0, v ∈ V

f e(t, v) = f e′(t, v) t ≥ 0, e, e′ ∈ E(v)

(2.3)

with the initial condition f (0, ·) = f0(·). The existence of solutions to Eq (2.3) was studied in [22]
employing semigroup techniques and in [15] using minimizing movements. As was first shown in [23]
and later extended to more general coupling conditions in [24], solutions to the heat equation can be
characterized by a heat kernel pt(x, y). We collect some useful properties of the semigroup and its
kernel below.
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Lemma 2.1. Let G = (V,E, ℓ) be a metric graph and let gt(z) = (2πt)−
1
2 e−

z2
4t be the usual

one-dimensional heat kernel. Then, there exists a heat kernel pt : G × G → R for t > 0 such that
the following properties hold true.

i) For T > 0, there exists a constant Cup(T ) > 0 such that 0 ≤ pt(x, y) ≤ Cup(t)gt(d(x, y)) for all
0 < t ≤ T and L -a.e. x, y ∈ G.

ii) The kernel is continuous. Moreover, ∂t pt(x, y) ∈ C(G) for all t > 0, x, y ∈ G and ∂x pt(x, y) ∈ C(L),
∂xx pt(x, y) ∈ C(L) for all t > 0, x, y ∈ L.

iii) For all t > 0 and x ∈ G, it holds that ∥pt(x, ·)∥L1(G) = 1.

Proof. A proof of the first part can be found in [16][Lemma 5.3], and the last two statements were
shown in [23].

3. The heat equation as a gradient flow

In this section, we study the heat equation on metric graphs and its two interpretations, namely the
one as an L2-gradient flow of the Cheeger energy and as a W2-gradient flow of the logarithmic entropy.
The latter has already been studied and made rigorous in [15], while the first one has been treated in
general metric measure spaces in [6]. Our main goal is to show that both coincide on metric graphs,
thus giving rise to the notion of heat flow. To this end, we show that the Cheeger energy is equivalent
to the Dirichlet energy and that the abstract L2-gradient flow induces the heat equation with standard
coupling conditions from Eq (2.3).

We begin by studying the Cheeger energy and its gradient flow. Let Ch : L2(G)→ [0,∞],

Ch( f ) = inf
{

lim inf
n→∞

∫
G

lip fn(x)2 dL : fn ∈ Lip(G), fn → f in L2(G)
}

(3.1)

denote the Cheeger energy, and let the Dirichlet energy E : W1,2(G)→ [0,∞) be given by

E( f ) =
∫

G
|∇ f |2 dx.

As was shown in [6][Theorems 6.2, 6.3] and [6][Remark 4.7], the Cheeger energy admits the
integral representation

Ch( f ) =
1
2

∫
G
|D f |2w dL (3.2)

for any f ∈ Dom(Ch), where |D f |w is the so-called minimal relaxed gradient. It is defined as the unique
minimal element g ∈ L2(G) such that there exists a family ( fn)n∈N ⊂ Lip(G) with fn → f and lip fn → g
in L2(G). It has been shown (see [25][Theorem 3.1] and [20] for the theory of Hilbertian gradient
flows) that Ch gives rise to an L2-gradient flow. Let (Pt)t≥0 denote the corresponding semigroup with
dual (Ht)t≥0, extending the semigroup from L2(G) to Pac(G) by

Htµ = (Pt f )L if
dµ

dL
= f .

As a first step towards the characterization of (Ht)t≥0, we show that Lipschitz functions are weakly
differentiable L -a.e. with bounded derivatives. More precisely, we prove that Lip(G) = W1,∞(G).
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Theorem 3.1. It holds that f ∈ W1,∞(G) if and only if f ∈ Lip(G).

Proof. First, let f ∈ W1,∞(G). Given [21][Lemma 3.27], there exists a continuous representative, which
we again denote by f ∈ C(G), and it remains to show its Lipschitz-continuity. Let x, y ∈ G be arbitrary
points on the graph and suppose that there exists an edge e ∈ E such that x, y ∈ e. As in the proof
of [26][Chapter 5.8, Theorem 4], it holds that

| f (y) − f (x)| ≤ ∥∇ f ∥L∞(e)|y − x|,

which implies

| f (y) − f (x)| ≤ ∥∇ f ∥L∞(G)d(x, y). (3.3)

Now, suppose that x ∈ e and y ∈ e′ for e , e′. Since (G, d) is a geodesic metric space, we can
find a shortest path connecting x to y. We denote the ordered sequence of vertices lying on that path
by (vi)i=0,...,N ⊂ V, where v0 B x and vN B y. Then

| f (y) − f (x)| ≤
N∑

i=1

| f (vi) − f (vi−1)| ≤ ∥∇ f ∥L∞(G)

N∑
i=1

d(vi, vi−1) = ∥∇ f ∥L∞(G)d(x, y),

using Eq (3.3) in the second inequality. This shows f ∈ Lip(G) with Lip f ≤ ∥∇ f ∥L∞(G).
For the other implication, let f ∈ Lip(G) be given. By definition, f ∈ C(G), so that it remains

to show weak differentiability on each edge. Fix e ∈ E and let f e : e → R be the restriction to
this edge. Again, as in the proof of [26][Chapter 5.8, Theorem 4], we obtain f e ∈ W1,∞(e) with
∥∇ f e∥L∞(e) ≤ Lip f e , where the supremum in the definition of the global Lipschitz constant can be taken
over the whole metric graph G. Since the choice e ∈ E was arbitrary, this proves f ∈ W1,∞(G).

Recalling the definition of the Cheeger energy from Eq (3.1), it is necessary to construct
approximations by Lipschitz functions when characterizing elements in its domain. The main difficulty
on metric graphs is to define functions that are continuous in the vertices. To this end, we make use
of the ideas presented in [15]. We begin by extending the metric graph, introducing one auxiliary
edge for each vertex. Let e = (v,w) ∈ E be an arbitrary edge of G, parametrized in such a way
that e =

[
−
ℓe
2 ,

ℓe
2

]
. The new edges are identified with e2ε

v =
[
−
ℓe
2 − 2ε,− ℓe

2

]
and e2ε

w =
[
ℓe
2 ,

ℓe
2 + 2ε

]
;

see Figure 1 for an illustration. From this extension, we obtain a new vertex of degree one denoted
by v2ε for each v ∈ V. Note that we only add one new edge for each vertex; however, depending
on the incident edge e ∈ E(v), we parametrize it differently. The extended metric graph is denoted
by G2ε = (V2ε,E2ε, ℓ2ε), with domains defined in analogy to Eq (2.1). We introduce the following
regularization; see [15][Definitions 3.8, 3.11].

v wee2ε
v e2ε

w

Figure 1. Example of an extension of a metric graph for ε > 0.
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Definition 3.2. Let ε > 0, and φ ∈ L1(G2ε) be given. We define the function φε : G→ R by

φε(x) =
1
2ε

∫ αεe x+ε

αεe x−ε
φ(y) dy

for x ∈ e, and αεe =
ℓe+2ε
ℓe

. For µ ∈ M(G), we define its regularization by duality as the measure
µε ∈ M(G2ε) such that for all φ ∈ C(G2ε)∫

G2ε
φ dµε =

∫
G
φε dµ.

In general, we will deal with functions that are defined on G instead of the extended graph G2ε

for some ε > 0. We use the following conventions: if φ ∈ L1(G), we extend it by φ|e2ε
v
≡ 0 for

all v ∈ V, thus leading to a function in L1(G2ε) with the same L1-norm; and on the other hand, if
φ ∈ C(G) and we want to preserve continuity, we continuously extend it by φ|e2ε

v
≡ φ(v) for v ∈ V. This

regularization satisfies several useful properties, among which is the absolute continuity with respect
to the Lebesgue measure.

Proposition 3.3. Let ε > 0, φ ∈ C(G2ε), and µ ∈ M(G) be given. The following hold true.

i) For φε : G→ R, we have that φε ∈ C1(G), with the derivative given by

∇φε(x) =
αεe
2ε

(
φ(αεex − ε) − φ(αεex + ε)

)
for all x ∈ e, and φε → φ uniformly in G as ε→ 0.

ii) The regularization is mass preserving in the sense that µε(G2ε) = µ(G).

iii) If µ ∈ P(G), then its regularization µε ∈ P(G2ε) is absolutely continuous with respect to the
Lebesgue measure and has the density f ε ∈ L1(G2ε) given by

f ε(x) =


1
2εµ(e ∩ Iεe(x)) : x ∈ E

1
2ε

(
11{d(x,v)≤2ε}µ({v}) +

∑
e∈E(v)

µ(e ∩ Iεe(x))
)

: x ∈ e2ε
v , v ∈ V

for

Iεe (x) =
(
max

{
x − ε
αεe

,−
ℓe

2

}
,min

{
x + ε
αεe

,
ℓe

2

})
.

Moreover, it holds that f ε ≤ 1
2ε on G2ε.

iv) As ε→ 0, it holds that µε ⇀ µ in P(G2ε) for µ ∈ P(G).

v) If s 7→ µs ∈ AC2([0, 1];P(G)), then s 7→ µεs ∈ AC2
(
[0, 1];P(G2ε)

)
and∣∣∣µ̇εs ∣∣∣ ≤ (

1 +
2ε
ℓmin

)
|µ̇s|

for a.e. s ∈ [0, 1], with ℓmin B min{ℓe : e ∈ E}. As a consequence,

lim sup
ε>0

∣∣∣µ̇εs ∣∣∣ ≤ |µ̇s|

for a.e. s ∈ [0, 1].
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Proof. The first result i) is the content of [15][Proposition 3.9]. The statements ii)–iv) are shown
in [15][Proposition 3.12], where the convergence in iv) has to be understood in the sense that∣∣∣∣∣∫

G2ε
φ dµε −

∫
G
φ dµ

∣∣∣∣∣ = ∣∣∣∣∣∫
G
φε − φ dµ

∣∣∣∣∣→ 0

as ε → 0 for all φ ∈ C(G2ε). For ii), note that the regularization of the constant function equal to one
on the graph G2ε is again the constant function equal to one on the initial graph G. The last statement
follows from the same proposition together with [15][Theorem 3.7], which characterizes absolutely
continuous curves as weak solutions to the continuity equation on metric graphs.

As a consequence of the last property, the regularization introduced in Definition 3.2 is compatible
with metric derivatives in the sense that it preserves absolute continuity and its metric derivative is
asymptotically bounded by the original speed. Moreover, it provides sufficient regularity to explicitly
construct Lipschitz approximations.

Theorem 3.4. For every function f ∈ W1,2(G), there exists a sequence of functions fn ∈ Lip(G), n ∈ N,
such that fn → f uniformly on G as n→ ∞ with limn→∞

∫
G

lip2
fn dx ≤ ∥∇ f ∥2L2(G).

Proof. Let f ∈ W1,2(G) be given. In particular, f ∈ C(G) by [21][Lemma 3.27], and, for each ε > 0, we
find a function f ε ∈ C1(G) using Definition 3.2 such that f ε → f uniformly as ε→ 0 and f ε ∈ Lip(G)
by Theorem 3.1. For x ∈ G \ V and any sequence (yn)n∈N ⊂ G such that d(x, yn) → 0, we have yn ∈ e
for sufficiently large n ∈ N. Then, by the fundamental theorem of calculus and Proposition 3.3 i), it
holds that∣∣∣∣∣ f ε(x) − f ε(yn)

d(x, yn)

∣∣∣∣∣ = ∣∣∣∣∣ 1
|x − yn|

∫ yn

x
∇ f ε(z) dz

∣∣∣∣∣ ≤ αεe2ε
1

|x − yn|

∫ yn

x

∣∣∣ f (αεez − ε
)
− f

(
αεez + ε

)∣∣∣ dz.

This gives

lip f ε(x) ≤ αεe

∣∣∣∣∣ f (αεex − ε) − f (αεex + ε)
2ε

∣∣∣∣∣,
since f is continuous and every point is a Lebesgue point. Taking the squared L2(e)-norm of this
estimate, we infer that ∫

e
lip f ε(x)2 dx ≤

(
αεe

)2
∫

e

∣∣∣∣∣ f (αεex − ε) − f (αεex + ε)
2ε

∣∣∣∣∣2 dx.

By weak differentiability, we can apply [27][Proposition 9.3] and obtain the limit

lim
ε→0

∫
e

lip f ε(x)2 dx ≤
∫

e
|∇ f (x)|2 dx.

Summing over all edges and defining fn B f
1
n concludes the proof.

Having established the approximation result, we can identify the Cheeger and Dirichlet energy.

Theorem 3.5. On a metric graph, it holds that Dom(Ch) = W1,2(G), |∇ f | = |D f |w L -a.e. and

E( f ) = 2Ch( f ).
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Proof. We split the proof into two parts, showing the inclusions separately.
First, we prove that for f ∈ W1,2(G), we have f ∈ Dom(Ch) with 2Ch( f ) ≤ ∥∇ f ∥2L2(G). Let f ∈

W1,2(G) be given. As shown in Theorem 3.4, there exists a sequence fn ∈ Lip(G) such that fn → f in
C(G) with

lim
n→∞

∫
G

lip fn(x)2 dx ≤ ∥∇ f ∥2L2(G).

This directly implies

2Ch( f ) ≤ lim inf
n→∞

∫
G

lip fn(x)2 dx ≤ ∥∇ f ∥2L2(G) < ∞,

so that f ∈ Dom(Ch) and the bound holds true.
Next, we show that f ∈ Dom(Ch) implies f ∈ W1,2(G) with ∥∇ f ∥2L2(G) ≤ 2Ch( f ). Using the

equivalent characterization of the Cheeger energy given in Eq (3.2), we know that for any ε > 0, there
exists a family of functions ( fn)n∈N ∈ Lip(G) such that fn → f and lip fn → |D f |w in L2(G) with

lim
n→∞

∥∥∥lip fn

∥∥∥2

L2(G)
≤ 2Ch( f ) + ε.

In particular, for large enough n ∈ N,∥∥∥lip fn

∥∥∥2

L2(G)
≤ 2Ch( f ) + 2ε.

Moreover, reference [26][Chapter 5.8, Theorem 6] separately applied to each edge gives lip fn =

|∇ fn|L -a.e, and by fn → f in L2(G), we also have that ∥ fn∥
2
L2(G) ≤ ∥ f ∥

2
L2(G+2ε for large enough n ∈ N.

Together, this implies the uniform bound

∥ fn∥
2
W1,2(G) ≤ 2Ch( f ) + ∥ f ∥2L2(G) + 4ε

for sufficiently large n ∈ N. Therefore, and because the weak limit is unique, there exists a
weakly converging subsequence fnk ⇀ f in W1,2(G) which implies that f ∈ W1,2(G). We obtain
∥∇ f ∥2L2(G) ≤ 2Ch( f ) + 2ε, and since ε > 0 was arbitrary, we have shown that∫

G
|∇ f (x)|2 dx ≤ 2Ch( f ) =

∫
G
|D f |2w(x) dx.

Additionally, due to uniqueness of the minimal relaxed gradient, we obtain |∇ f | = |D f |w L -a.e.
in G.

By employing Theorem 3.5, we are now in a position to characterize the L2-gradient flow of Ch as
the heat Eq (2.3).

Lemma 3.6. On a metric graph, the L2(G)-gradient flow of the Cheeger energy exists and is given by
the heat Eq (2.3). The corresponding semigroup can be represented by the heat kernel from Lemma 2.1.

Proof. The existence follows from [25][Theorem 3.1], whereas the representation follows from
Theorem 3.5.
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As another consequence of Theorem 3.5, the Γ-operator that corresponds to the Cheeger energy
admits the form

Γ( f , g) = ∇ f · ∇g

for f , g ∈ W1,2(G), and we set Γ( f ) = |D f |2w = |∇ f |2 for f ∈ Dom(Ch) = W1,2(G). As was shown
in [16][Theorems 5.4, 5.5], this operator satisfies a generalized Bakry–Émery estimate in the following
sense. Let degmax = max

{
deg(v) : v ∈ V

}
. There exist constants C ≥ degmax −1 and K > 0 such that

for all f ∈ W1,2(G), it holds that √
Γ(Pt f ) ≤ Ce−KtPt

√
Γ( f ),

which has to be understood as√∣∣∣∣∣∇∫
G

pt(x, y) f (y) dy
∣∣∣∣∣2 ≤ Ce−Kt

∫
G

pt(x, y)
√
|∇ f (y)|2 dy

for L -a.e. x ∈ G and t ≥ 0. Furthermore, it follows from the proof of this result that K = λ1,
where λ1 > 0 is the smallest non-zero eigenvalue of the Laplacian with standard boundary conditions.
Squaring the above equation and using Jensen’s inequality together with Lemma 2.1 gives

Γ(Pt f ) =
∣∣∣∣∣∫

G
∇pt(·, y) f (y) dy

∣∣∣∣∣2 ≤ C2e−2Kt
∫

G
pt(·, y)|∇ f (y)|2 dy = C2e−2KtPtΓ( f ).

This proves the following.

Theorem 3.7. Let G = (V,E, ℓ) be a metric graph. There exist constants C ≥ degmax −1 and K > 0
such that for all f ∈ W1,2(G) and t ≥ 0, we have

Γ(Pt f ) ≤ c2(t)PtΓ( f ), (3.4)

where c(t) = Ce−Kt. We can choose K = λ1 for λ1 > 0 the smallest non-zero eigenvalue of the Laplacian
with standard boundary conditions.

Having identified the Cheeger energy and its L2-gradient flow, we now aim to connect it to the
W2-flow of the entropy. Let Ent : P(G)→ R ∪ {∞}, defined as

Ent(µ) =


∫

G
η( f ) dx : f = dµ

dL

∞ : else
with η(r) = r log r,

be the logarithmic entropy. Note that, compared to Eq (1.1), we omit the explicit dependence on
the reference measure and implicitly choose m = L to shorten the notation. We denote the Fisher
Information by I : P(G)→ [0,∞], given as the functional

I(µ) B


∫

X
ψ( f ,∇ f ) dx : dµ

dL
= f ∈ W1,1(G) ∩C(G)

∞ : else
, (3.5)
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where the integrand is defined as

ψ(u, v) =


|v|2

u : 0 , 0
0 : u = 0, v = 0
∞ : u = 0, v , 0

.

As was shown in [15][Theorem 5.5], the heat Eq (2.3) can be understood as the W2-gradient flow of
Ent in the following sense.

Definition 3.8. Let T > 0. We say that t 7→ µt ∈ AC2([0, T ];P(G)) is a W2-gradient flow curve of the
logarithmic entropy if Ent(µ0) < ∞ and

D(µt) B Ent(µT ) − Ent(µ0) +
1
2

∫ T

0
|µ̇t|

2 + I(µt) dt = 0.

Since gradient flow curves of Ch are weak solutions of Eq (2.3), we conclude that both flows
coincide when choosing L2(G) initial data.

Lemma 3.9. Let f ∈ L2(G) and T > 0 be given. Then, µt = (Pt f )L defines a W2-gradient flow curve
of the logarithmic entropy. On the other hand, if µt = ftL for t ∈ [0, T ] is a W2-gradient flow curve of
the entropy starting from f ∈ L2(G), then ft = Pt f , and it defines an L2(G)-gradient flow curve of the
Cheeger energy.

Proof. The curve µt = (Pt f )L solves the continuity equation weakly, see [15][Remark 2], and
by [15][Theorem 5.5] it defines a gradient flow curve as in Definition 3.8. Now, let µt = ftL be a
W2-gradient flow curve of the logarithmic entropy starting from f ∈ L2(G). From the first part of the
proof, we know that (Pt f )L for t ∈ [0, T ] defines a gradient flow curve as well, which implies that
D(µt) = 0 = D((Pt f )L ). Suppose that ft , Pt f and define µ̃t = f̃tL with f̃t = λ ft + (1 − λ)Pt f for
λ ∈ (0, 1). The functional D from Definition 3.8 is strictly convex due to the strict convexity of the
logarithmic entropy; for example, see [28][Lemma 3.11]. Therefore, we obtain

D(µ̃t) < λD(µt) + (1 − λ)D((Pt f )L ) = 0,

which contradicts the non-negativity of the functional D shown in [15][Theorem 5.5]. This gives
ft = Pt f .

Remark 3.10. Following the same arguments as in the previous proof and employing strict convexity
of the functionalD, gradient flow curves from Definition 3.8 are unique for fixed initial data µ0 ∈ P(G)
with Ent(µ0) < ∞.

Having established Lemma 3.9, we can unambiguously use the notation (Pt)t≥0 and (Ht)t≥0 for the
heat semigroup and its dual associated to Eq (2.3) representing weak solutions.

4. Curvature bounds

In this section, we introduce the three equivalent notions of weak curvature bounds on metric graphs
in the spirit of [19][Theorem 5.16]. Some of our arguments rely on technical tools from the general
theory of metric measure spaces. As a result of the identification from the previous section, we can
verify the assumptions necessary for this abstract theory to apply; see [19][Section 2].
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Lemma 4.1. The following hold true.

(A1) The space (G, d) is a complete and separable metric space.

(A2) The Lebesgue measure L ∈ M+(G) is finite on bounded sets and supported on the whole space G.

(A3) For all x ∈ G, and r > 0 it holds that L (Br(x)) ≤ degmax er2
.

(A4) We have that Ch( f + g) + Ch( f − g) = 2Ch( f ) + 2Ch(g) for all f , g ∈ Dom(Ch).

(A5) If f ∈ Dom(Ch) with |D f |w ≤ L L -a.e. for some constant L ≥ 0, then f = g L -a.e. with
g ∈ Lip(G) and Lipg ≤ L.

In addition, the graph distance coincides with

dCh(x, y) B sup{| f (x) − f (y)| : f ∈ Dom(Ch) ∩C(G), Γ( f ) ≤ 1 L -a.e.}.

Proof. The first property was discussed in [21][Lemma 3.17], and the second one is a direct
consequence of the properties of the one-dimensional Lebesgue measure. The third statement follows
from the bounds L (Br(x)) ≤ degmax r and er2

≥ r for r ≥ 0. Using the representation provided in
Theorem 3.5, we have that f ± g ∈ Dom(Ch) for f , g ∈ Dom(Ch) and

Ch( f + g) + Ch( f − g) =
1
2

∫
G
|∇( f + g)|2 dL +

1
2

∫
G
|∇( f − g)|2 dL

=

∫
G

1
2
|∇ f |2 +

1
2
|∇g|2 + |∇ f ||∇g| +

1
2
|∇ f |2 +

1
2
|∇g|2 − |∇ f ||∇g| dL

= 2Ch( f ) + 2Ch(g).

From Theorem 3.5, we know that Dom(Ch) = W1,2(G), and if f ∈ Dom(Ch) such that |D f |w =
|∇ f | ≤ L L -a.e., then f ∈ W1,∞(G) by definition. Theorem 3.1 and its proof imply f = g L -a.e. with
g ∈ Lip(G) and Lipg ≤ L, which verifies the last property. The identification of the distances follows
from [16] and Theorem 3.5.

Another important property of the heat flow is the heat-smoothing effect. In view of Theorem 3.5,
we obtain the following result.

Lemma 4.2. The heat semigroup on a metric graph is heat-smoothing, meaning that for all f ∈
W1,2(G) and t > 0, it holds that |DPt f |w = lipPt f L -a.e. for all t > 0.

Proof. As was shown in [22][Theorem 3.6], Pt f e ∈ C∞
([
−
ℓe
2 ,

ℓe
2

])
for each edge e ∈ E and Pt f ∈ C(G)

for all t > 0. In particular, Pt f ∈ W1,∞(G), and by Theorem 3.1, we have that Pt f ∈ Lip(G) with
|DPt f |w ≤ lipPt f L -a.e. in G. Now, let x ∈

(
−
ℓe
2 ,

ℓe
2

)
be given with a sequence (yn)n∈N ⊂ e such that

yn → x on some edge e ∈ E. For any yn ∈ e, there exists zn ∈ [x, yn] with

|Pt f e(x) − Pt f e(yn)|
|x − yn|

=
∣∣∣∇Pt f e(zn)

∣∣∣
by the mean value theorem. In particular, zn → x as yn → x, and by the smoothness of Pt f , we obtain

lim
n→∞

|Pt f e(x) − Pt f e(yn)|
|x − yn|

=
∣∣∣∇Pt f e(x)

∣∣∣.
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Since yn → x was arbitrary and V ⊂ G is of Lebesgue measure zero, this implies

lipPt f (x) ≤ |∇Pt f (x)| = |DPt f |w(x) L -a.e.,

where the last equality follows from Theorem 3.5.

In order to formulate and prove our main result, we first establish an equivalence between the weak
gradient bound from Theorem 3.7 and a W2-contraction estimate. It is also called Kuwada duality and
has been shown initially in [9] and stated for our setting in [10] with a detailed proof given in [19].
Thanks to Lemma 4.1, the result applies to metric graphs as well.

Theorem 4.3. On a metric graph G = (V,E, ℓ), let c(t) = Ce−Kt be as in Theorem 3.7. Then, Eq (3.4)
is equivalent to the existence of a dense subset S ⊂ Pac(G) such that for all f L , gL ∈ S and t ≥ 0, it
holds that

W2((Pt f )L , (Ptg)L ) ≤ c(t)W2( f L , gL ).

Moreover, for all t ≥ 0, the dual heat semigroup Ht uniquely extends to a map Ht : P(G) → P(G)
such that for all µ, ν ∈ P(G), we have

W2(Htµ,Htν) ≤ c(t)W2(µ, ν). (Kw)

Proof. The result follows as a special case of [19][Theorem 3.16], which is applicable because of
Lemma 4.1 and Theorem 3.7.

Now, we are in a position to state our main result.

Theorem 4.4. Let G = (V,E, ℓ) be a metric graph and let

R(t0, t1) =
∫ 1

0
c−2((1 − s)t0 + st1) ds

for c(t) = Ce−Kt be as in Theorem 3.7. Then, the following are equivalent.

i) The weak Bakry–Émery estimate holds, that is, for all f ∈ W1,2(G) and t ≥ 0, we have that

Γ(Pt f ) ≤ c2(t)PtΓ( f ). (BEw)

ii) The weak Evolutionary Variational Inequality, EVIw(c) for short, is satisfied, that is, if µ0 ∈

Dom(Ent) and µ1 ∈ P(G), then for all 0 ≤ t0 ≤ t1 with µ1 ∈ Dom(Ent) if t0 = 0 = t1, it holds that

1
2

W2
2 (Ht1µ1,Ht0µ0) −

1
2R(t0, t1)

W2
2 (µ1, µ0) ≤ (t1 − t0)

(
Ent(Ht0µ0) − Ent(Ht1µ1)

)
. (EVIw)

iii) The metric graph satisfies the weak Riemannian Curvature-Dimension Condition, denoted by
RCDw(c,∞), meaning that Eq (Kw) is satisfied, and that for an arbitrary Wasserstein geodesic
s 7→ µs that connects µ0, µ1 ∈ Dom(Ent), we have

Ent(Ht+hµs) ≤(1 − s)Ent(Htµ0) + sEnt(Htµ1) (RCDw)

+
s(1 − s)

2h

(
1

R(t, t + h)
W2

2 (µ0, µ1) −W2
2 (Htµ0,Htµ1)

)
for all s ∈ [0, 1], t ≥ 0 and h > 0.
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Remark 4.5. Using the identity

R(t0, t1) =

 1
2C2K(t1−t0)

(
e2Kt1 − e2Kt0

)
: t0 , t1

C−2e2Kt : t0 = t = t1
,

Eq (EVIw) coincides with Eq (Kw) when choosing t0 = t = t1.

The remainder of this section is devoted to the proof of Theorem 4.4, which closely follows the
arguments presented in [19][Section 5] and the proof of the equivalence result therein, adapted to the
new regularization on metric graphs.

4.1. Strongly regular curves

The main difficulty in the proof of Theorem 4.4 is showing that Eq (BEw) implies Eq (EVIw). In
general, the curves we consider will lack the regularity necessary to directly show the estimate. For
this reason, we establish an inequality close to Eq (EVIw) for a regularized version of the curve s 7→ µs

first using the notion of strongly regular curves introduced in [19][Definition 5.1].

Definition 4.6. A curve s 7→ µs ∈ AC([0, 1];P(G)) is said to be strongly regular if dµs
dL
= fs for all

s ∈ [0, 1] with

s 7→ fs ∈ C1
(
[0, 1]; L2(G)

)
.

As a consequence of Hölder’s and Jensen’s inequalities, the entropy along strongly regular curves on
metric graphs is finite and bounded. Moreover, we can characterize the change in the action functional
for such curves.

Lemma 4.7. Let s 7→ µs ∈ AC2([0, 1];P(G)) be a strongly regular curve with fs =
dµs
dL

and fix h ∈
C1([0, 1]; [0, 1]), ϑ ∈ C2([0, 1]; [0,∞)) such that h(0) = 0, h(1) = 1 and ϑ̇ ≥ 0, ϑ(s) > 0 for all s > 0.
We define

s 7→ µ̃s = Hϑ(s)µh(s) ∈ C([0, 1];P(G))

with density f̃s =
dµ̃s
dL

. Let φ ∈ Lip+(G) be given and set

φs = Qsφ(x) B inf
y∈G

φ(y) +
1
2s

d(x, y)

for s ∈ [0, 1] and Q0φ = φ. Then, for a.e. s ∈ (0, 1), it holds that

s 7→
∫

G
φs dµ̃s ∈ Lip([0, 1])

and for the derivative, we have that

d
ds

∫
G
φs dµ̃s = −

1
2

∫
G

lip2
φs

dµ̃s − ϑ̇(s)
∫

G
∇ f · ∇g dL + ḣ(s)

∫
G

ḟh(s)Pϑ(s)φs dL .

Proof. This is the content of [19][Lemma 5.3], which is applicable because of Lemma 4.1.
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Remark 4.8. The definition φs = Qsφ for s ≥ 0 induces a semigroup, namely the Hopf–Lax semigroup.
It is closely related to the dual formulation of optimal transport and has already been studied in the
context of gradient flows on metric graphs in [15][Section 3.4].

Similar to the action estimate from the previous lemma, we want to characterize the change of
the entropy next. However, the entropy may not be differentiable if the curve vanishes on a set of
positive Lebesgue measure. For this reason, we also regularize the integrand. For δ > 0 and µ ∈ P(G),
we define

ηδ(r) B log(r + δ) and Entδ(µ) =


∫

G
ηδ( f ) dµ : f = dµ

dL

∞ : else
,

which implies Entδ(µ) ≥ Ent(µ) for all δ > 0. Moreover, if µ ∈ Pac(G) with density f ∈ L2(G), then it
holds that

Entδ(µ) =
∫

G
ηδ( f ) dµ =

∫
G
ηδ( f ) − log(δ) dµ + log(δ)

=

∫
G

log
(

f + δ
δ

)
dµ + log(δ) ≤

1
δ

∫
G

f 2 dL + log(δ) < ∞.

In addition to this inequality, if µ ∈ Pac(G) with density f ∈ L2(G), then we have

Ent(µ) = lim
δ→0

Entδ(µ). (4.1)

Indeed, for such µ ∈ Pac(G) and δ ∈ (0, 1], we can estimate

[log( f + δ)]− ≤ [log(δ)]− ,
∫

G
[log( f + δ)]− dµ ≤

∫
G

[log( f )]− dµ < ∞,

since an application of Hölder’s inequality together with −r log(r) ≤
√

r for r ∈ [0, 1] gives∫
G

[log( f )]− dµ ≤
∫

G

√
f dL ≤ C

√
∥ f ∥L2(G)

for a constant C > 0, which only depends on L (G). To see that −r log(r) ≤
√

r for r ∈ [0, 1], note that
we can equivalently write

√
r
(
1 +
√

r log(r)
)
≥ 0, and the left-hand side is a product of non-negative

terms for r ∈ [0, 1]. For the positive part of the integrand, it holds that

[log( f + δ)]+ ≤ [log( f + 1)]+ ≤ f and
∫

G
[log( f + δ)]+ dµ ≤

∫
G

f 2 dL < ∞.

This implies the existence of an integrable majorant, which allows us to apply the dominated
convergence theorem and conclude Eq (4.1). To shorten the notation, we introduce the functions

η̂δ(r) B ηδ(r) − log(δ), pδ(r) B η̂δ(r) + rη̂′δ(r)

for r ≥ 0. With this notation, we have the following characterization of the time derivative of the
regularized entropy along curves as in Lemma 4.7.
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Lemma 4.9. Let s 7→ µ̃s ∈ C([0, 1];P(G)) be as in Lemma 4.7, and let δ > 0. It holds that s 7→
Entδ(µ̃s) ∈ C1((0, 1]) with

d
ds

Entδ(µ̃s) ≤ −ϑ̇(s)
∫

G
Γ(gδs) dµ̃s + ḣ(s)

∫
G

ḟh(s)Pϑ(s)gδs dL

for s ∈ (0, 1] and gδs = pδ( f̃s).

Proof. The statement has been shown in [19][Lemma 5.5] in an abstract setting. We can apply the
result because of Lemma 4.1.

Now, combining Lemmas 4.7 and 4.9 results in an inequality that relates action and entropy along
strongly regular curves.

Theorem 4.10. Let s 7→ µ̃s ∈ C([0, 1];P(G)) be as in Lemma 4.7. For all δ > 0, it holds that

1
2

W2
2 (µ̃1, µ̃0) −

∫ 1

0
ϑ̈(s)Entδ(µ̃s) ds + ϑ̇(1)Entδ(µ̃1) ≤ ϑ̇(0)Entδ(µ̃0) +

1
2Iϑ(1)

∫ 1

0
|µ̇s|

2 ds,

where

Iϑ(s) =
∫ s

0
c−2(ϑ(r)) dr and h(s) =

Iϑ(s)
Iϑ(1)

, s ∈ [0, 1],

with c(t) = Ce−Kt for t ≥ 0 from Theorem 3.7.

Proof. This is the content of [19][Lemma 5.6]. Note that the result is applicable because of Lemmas 4.1
and 4.2.

The choice ϑ(s) = (1 − s)t0 + st1 in Theorem 4.10 recovers Eq (EVIw); thus, Eq (BEw) already
implies Eq (EVIw) for strongly regular curves.

4.2. Regularization of absolutely continuous curves

In view of Theorem 4.10, a crucial step in the proof of the equivalences is to show the existence
of a sequence of strongly regular curves that approximate any AC2([0, 1];P(G)) curve. Our strategy
is to regularize in two ways. First, we ensure the existence of densities with respect to the Lebesgue
measure. To this end, we make use of the regularization procedure introduced in Definition 3.2. Next,
we smooth in the time variable by mollification as in [19][Theorem 5.15], which allows us to obtain
continuous differentiability.

Theorem 4.11. For any s 7→ µs ∈ AC2([0, 1];P(G)), there exists a family of strongly regular curves
s 7→ µn

s ∈ AC2
(
[0, 1];P(G2/n)

)
for n ∈ N such that

i) µn
s ⇀ µs in G for all s ∈ [0, 1] as n→ ∞,

ii) the action can be estimated by lim supn→∞

∫ 1

0

∣∣∣µ̇n
s

∣∣∣ ds ≤
∫ 1

0
|µ̇s| ds, and

iii) for all s ∈ [0, 1], t ≥ 0, we have convergence of the entropies lim
n→∞

Ent1/n(Htµ
n
s) = Ent(Htµs),

where Ent1/n : G2/n → [0,∞] is the logarithmic entropy on the extended metric graph G2/n.
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Proof. The proof is divided into four steps: first, we extend the curve in time; next, we smooth
with respect to the space-dependence using the regularization from Definition 3.2; then, we
regularize in time by standard mollification; and lastly, we restrict the time-dependence to the initial
domain [0, 1] again.

Step 1: Time-extension. By slight abuse of notation, we define the curve µs : R → P(G) as the
constant extension

µs =


µ0 : s ≤ 0
µs : 0 ≤ s ≤ 1
µ1 : 1 ≤ s

,

keeping the absolute continuity, and we can write s 7→ µs ∈ AC2(R;P(G)).
Step 2: Regularization in space. For s ∈ R and ε ∈ (0, 1] we define µεs ∈ P(G2ε) by duality

as in Definition 3.2. From Proposition 3.3, we know that µεs ⇀ µs for all s ∈ R as ε → 0 and
s 7→ µεs ∈ AC2

(
R;P(G2ε)

)
with lim supε→0

∣∣∣µ̇εs ∣∣∣ ≤ |µ̇s| for a.e. s ∈ R. Additionally, the same proposition
gives µεs ≪ L with density denoted by f εs ∈ L1(G2ε). We extend all measures and their respective
densities by zero to measures (densities) on the extended graph G2, noting that G ⊂ G2ε ⊂ G2 for all
ε ∈ (0, 1]. Let us denote the entropy defined on G2ε by Entε : P(G2ε)→ [0,∞], which also depends on
ε ∈ (0, 1]. Since η(0) = 0 · log 0 = 0, by continuous extension, we obtain

Ent(µs) = Ent1(µs) and Entε(µεs) = Ent1(µεs).

Together with the weak lower semicontinuity of the logarithmic entropy, we infer that

Ent(µs) = Ent1(µs) ≤ lim inf
ε→0

Ent1(µεs) = lim inf
ε→0

Entε(µεs) (4.2)

for all s ∈ R. Moreover, the equality Ent(µs) = limε→0 Entε(µεs) holds true. If Ent(µs) = ∞, then
Ent(µs) ≥ lim supε→0 Entε(µεs), thus proving the claim. On the other hand, if Ent(µs) < ∞, then µs ≪ L
with dµs

dL
= fs for s ∈ R and, using Proposition 3.3, we can write

Entε(µεs) =
∫

G
η( f εs ) dL +

∫
G2ε\G

η( f εs ) dL

=

∫
G
η

(
1
2ε

∫
e∩Iεe(x)

fs(y) dy
)

dx +
∫

G2ε\G
η

 1
2ε

∑
e∈E(v)

∫
e∩Iεe(x)

fs(y) dy

 dx (4.3)

for all ε ∈ (0, 1] and arbitrary s ∈ R. In the above equation and in the following, we choose v ∈ V in
such a way that x ∈ e2ε

v for x ∈ G2ε \ G. By construction, this choice is unique. We separately treat
both terms in Eq (4.3). First, recall that η : R→ [0,∞) is convex. In particular, the inequality

η(λr) ≤ λη(r) + (1 − λ)η(0) = λη(r) (4.4)

holds true for all λ ∈ [0, 1] and r ∈ R. Since L (e ∩ Iεe(x)) ≤ 2ε for all x ∈ G and e ∈ E such that
x ∈ e, we can choose λ = L (e∩Iεe(x))

2ε in this estimate. Applying Jensen’s inequality in the second line
and Eq (4.4) in the third, we conclude for the first term in Eq (4.3) that
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∫
G
η

(
1
2ε

∫
e∩Iεe(x)

fs(y) dy
)

dx =
∫

G
η

(
1

L (e ∩ Iεe(x))

∫
e∩Iεe(x)

L (e ∩ Iεe(x))
2ε

fs(y) dy
)

dx

≤

∫
G

1
L (e ∩ Iεe(x))

∫
e∩Iεe(x)

η

(
L (e ∩ Iεe(x))

2ε
fs(y)

)
dy dx

≤

∫
G

1
2ε

∫
e∩Iεe(x)

η( fs(y)) dy dx

C

∫
G

(η ◦ f )ε dx.

In a similar way, by applying Jensen’s inequality twice, the second summand can be bounded by∫
G2ε\G

η

 1
2ε

∑
e∈E(v)

∫
e∩Iεe(x)

fs(y) dy

 dx

=

∫
G2ε\G

η

 1
|E(v)|

∑
e∈E(v)

1
L (e ∩ Iεe(x))

∫
e∩Iεe(x)

L (e ∩ Iεe(x))
2ε

|E(v)| fs(y) dy

 dx

≤

∫
G2ε\G

1
|E(v)|

∑
e∈E(v)

1
L (e ∩ Iεe(x))

∫
e∩Iεe(x)

η

(
L (e ∩ Iεe(x))

2ε
|E(v)| fs(y)

)
dy dx

≤

∫
G2ε\G

1
|E(v)|

∑
e∈E(v)

1
2ε

∫
e∩Iεe(x)

η(|E(v)| fs(y)) dy dx.

Additionally, for arbitrary C > 0 and r ∈ R, it holds that

η(Cr) = Cr log(Cr) = rC log C +Cr log r = Cη(r) + rη(C).

Then, applying the above inequality with the choice C = |E(v)| yields∫
G2ε\G

1
|E(v)|

∑
e∈E(v)

1
2ε

∫
e∩Iεe(x)

η(|E(v)| fs(y)) dy dx

=

∫
G2ε\G

∑
e∈E(v)

1
2ε

∫
e∩Iεe(x)

η( fs(y)) dy dx +
∫

G2ε\G

∑
e∈E(v)

log(|E(v)|)
1
2ε

∫
e∩Iεe(x)

fs(y) dy dx

≤

∫
G2ε\G

(η ◦ fs)ε(x) dx + log
(
degmax

) ∫
G2ε\G

f εs (x) dx,

where we use the notation

(η ◦ fs)ε(x) B
∑

e∈E(v)

1
2ε

∫
e∩Iεe(x)

η( fs(y)) dy,

for x ∈ G2ε \ G. From these two estimates, we obtain

lim sup
ε→0

Entε(µεs) ≤ lim sup
ε→0

∫
G2ε

(η ◦ fs)ε(x) dx + log
(
degmax

)
lim sup
ε→0

µε
(
G2ε \ G

)
. (4.5)
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Since Ent(µs) < ∞, by assumption, we have η ◦ fs ∈ L1(G), and we can define a measure µ̃s ∈

M(G2ε) from this density by dµ̃s
dL
= η ◦ fs. Then, by constructing µ̃εs as in Definition 3.2, we obtain

that (η ◦ f )ε coincides with f̃ εs =
dµ̃εs
dL

from Proposition 3.3 iii). Now, the weak convergence gives

lim sup
ε→0

∫
G2ε

(η ◦ fs)ε(x) dx = lim sup
ε→0

∫
G2ε

dµ̃εs =
∫

G
dµ̃s =

∫
G

(η ◦ fs)(x) dx = Ent(µs).

For the second term in Eq (4.5), we extend µεs and µs by zero to measures on G2, and because of
µs ≪ L , it holds that µεs(V) = 0 = µs(G2 \ G ∪ V). Again, from the weak convergence established in
Proposition 3.3, we infer that∫

G2
φ(x) dµεs(x) =

∫
G2ε
φ|G2ε(x) dµs(x) −→

∫
G
φ|G(x) dµs(x) =

∫
G2
φ(x) dµs(x),

holds for all φ ∈ C(G2), which gives µεs ⇀ µs on G2. Then, applying the generalized version of Fatou’s
lemma [10][Lemma 3.3] to the constant sequence 11(G2\G)∪V yields

lim sup
ε→0

µεs(G
2ε \ G) = lim sup

ε→0
µεs

(
(G2 \ G) ∪ V

)
≤ µ

(
(G2 \ G) ∪ V

)
= 0.

By combining these estimates, Eq (4.5) can be bounded from above by

lim sup
ε→0

Entε(µεs) ≤ Ent(µs) + 0 = Ent(µs);

thus, together with Eq (4.2), we obtain the desired convergence

lim
ε→0

Entε(µεs) = Ent(µs)

for arbitrary s ∈ R.
Step 3: Regularization in time. Fix ε ∈ (0, 1] and let ζ : R → R be a standard mollifier, meaning

that ζ ∈ C∞c (R) with support contained in [−1, 1], 0 ≤ ζ ≤ 1, and
∫
R
ζ(τ) dτ = 1. Recall that µεs = f εs L

with f εs ∈ L2(G) as in Proposition 3.3. For k ∈ N, we define ζk(τ) = kζ(kτ), and for arbitrary s ∈ R, let

f ε,ks B
(
ζk ∗ f ε·

)
(s) =

∫
R

ζk(s − τ) f ετ dτ =
∫
R

ζk(τ) f εs−τ dτ,

which induces the measure µε,ks ∈ P(G2ε) by

µε,ks (A) =
∫

A
f ε,ks (x) dL (x),

or equivalently f ε,ks =
dµε,ks
dL

. Note that this regularization procedure can be applied to the curve s 7→ µs

as well with density dµs
dL
= fs, which leads to the regularized measure µk

s instead. In particular, s 7→
µk

s ∈ AC2(R;P(G)), which allows us to conclude from the previous step that

lim
ε→0

Entε(µε,ks ) = Ent(µk
s). (4.6)
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It remains to characterize the limit as k → ∞. First, we show weak convergence of the regularized
measure. Let s, s′ ∈ R be given, and let πεs,s′ ∈ Π(µεs, µ

ε
s′) be an admissible transport plan as in Eq (1.3).

We define πε,ks ∈ P(G2ε × G2ε) by duality as the measure on G2ε × G2ε such that for all continuous
functions φ : G2ε × G2ε → R, it holds that∫

G2ε×G2ε
φ(x, y) dπε,ks (x, y) =

∫
R

ζk(s − τ)
∫

G2ε×G2ε
φ(x, y) dπεs,τ(x, y) dτ.

Note that the right-hand side indeed defines a continuous linear functional on C(G2ε × G2ε) since∫
R

ζk(s − τ)
∫

G2ε×G2ε
φ(x, y) dπεs,τ(x, y) dτ

≤ ∥φ∥C(G2ε×G2ε)

∫
R

ζk(s − τ)πεs,τ(G
2ε × G2ε) dτ = ∥φ∥C(G2ε×G2ε)

∫
R

ζk(s − τ) dτ = ∥φ∥C(G2ε×G2ε).

Moreover, it holds that∫
G2ε×G2ε

φ(x) dπε,ks (x, y) =
∫
R

ζk(s − τ)
∫

G2ε
φ(x) dµεs(x) dτ =

∫
G2ε
φ(x) dµεs(x)

for all φ ∈ C(G2ε) and∫
G2ε×G2ε

φ(y) dπε,ks (x, y) =
∫
R

ζk(s − τ)
∫

G2ε
φ(y) dµετ(y) dτ =

∫
G2ε
φ(y) dµε,ks (y),

so that πε,ks ∈ Π(µεs, µ
ε,k
s ). By choosing an optimal πεs,τ ∈ Π(µεs, µ

ε
τ), thus minimizing Eq (1.2), we obtain

W2
2 (µε,ks , µ

ε
s) ≤

∫
G2ε×G2ε

d2(x, y) dπε,ks (x, y) =
∫
R

ζk(s − τ)
∫

G2ε×G2ε
d2(x, y) dπεs,τ(x, y) dτ

=

∫
R

ζk(s − τ)W2
2 (µεs, µ

ε
τ) dτ = (ζk ∗W2

2 (µεs, µ
ε
· ))(s),

where we used that d2(·, ·) ∈ C(G2ε × G2ε). The limit as k → ∞ reads

0 ≤ lim
k→∞

W2
2 (µε,ks , µ

ε
s) ≤ lim

k→∞
(ζk ∗W2

2 (µεs, µ
ε
· ))(s) = 0,

which implies µε,ks ⇀ µεs as k → ∞ for all s ∈ R. Again, the weak lower semicontinuity of the
logarithmic entropy gives

Entε(µεs) ≤ lim inf
k→∞

Entε(µε,ks ),

and we can show equality as well. For any s, s′ ∈ R, let πεs,s′ ∈ Π(µεs, µ
ε
s′) be optimal. We define

π̄ε,ks,s′ ∈ P(G2ε × G2ε) for n ∈ N by duality such that for all φ ∈ C(G2ε × G2ε), we have∫
G2ε×G2ε

φ(x, y) dπ̄ε,ks,s′(x, y) =
∫
R

ζk(τ)
∫

G2ε×G2ε
φ(x, y) dπεs−τ,s′−τ(x, y) dτ.
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Following similar arguments as before, π̄ε,ks,s′ ∈ Π(µε,ks , µ
ε,k
s′ ), and we obtain

W2
2 (µε,ks , µ

ε,k
s′ ) ≤

∫
G2ε×G2ε

d2(x, y) dπ̄ε,ks,s′(x, y) =
∫
R

ζk(τ)W2
2 (µεs−τ, µ

ε
s′−τ) dτ

≤

∫
R

ζk(τ)
∫ s′−τ

s−τ
|µ̇εr |

2 dr dτ =
∫ s′

s

(
ζk ∗ |µ̇

ε
· |

2
)
(r) dr.

Therefore, s 7→ µε,ks ∈ AC2(R;P(G2ε) with

|µ̇ε,ks |
2 ≤

(
ζk ∗ |µ̇

ε
· |

2
)
(s),

for a.e. s ∈ R. Additionally, Jensen’s inequality gives

Entε(µε,ks ) =
∫

G2ε
η
(

f ε,ks (x)
)

dx ≤
∫

G2ε

∫
R

ζk(s − τ)η
(
f ετ (x)

)
dτdx =

(
ζk ∗ Entε(µε· )

)
(s).

Then, taking the limit as k → ∞ yields

lim
k→∞

Entε(µε,ks ) ≤ Entε(µεs),

for all s ∈ R, thus equality.
Step 4: Conclusion. We restrict the curve to the time-interval [0, 1], on which it is absolutely

continuous by construction, and we keep the notation s 7→ µε,ks ∈ AC2
(
[0, 1];P(G2ε)

)
. From the

previous steps, it follows that

lim
ε,k

Entε(µε,ks ) = lim
k→∞

lim
ε→0

Entε(µε,ks ) = lim
ε→0

lim
k→∞

Entε(µε,ks ),

for all s ∈ [0, 1]. Let Rε,k : AC2([0, 1];P(G)) → AC2
(
[0, 1];P(G2ε)

)
, defined by (s 7→ µs) 7→ (s 7→

µε,ks ), which denotes the regularization map. This map is linear by construction and therefore commutes
with the dual heat flow

HtR
ε,k = Rε,kHt,

for all t ≥ 0. This gives

lim
ε,k

Entε(Htµ
ε,k
s ) = lim

ε,k
Entε

(
Ht(Rε,kµs)

)
= lim

ε,k
Entε

(
Rε,kHtµs

)
= Ent(Htµs).

The choice k = n, ε = 1
n and a diagonalization argument conclude the proof.

With these preparations, we are now in a position to show the equivalences.

Proof of Theorem 4.4. First, we show the relation between the weak Bakry–Émery estimate (BEw) and
the weak Evolutionary Variational Inequality (EVIw). Next, we establish the equivalence between
Eq (BEw) and the weak curvature condition (RCDw).

(BEw)⇒(EVIw): By Theorem 4.3, the heat semigroup (Pt)t≥0 extends to a dual semigroup (Ht)t≥0,
for which the contraction estimate (Kw) holds. Let 0 ≤ t0 ≤ t1 ≤ 1, µ0 ∈ Dom(Ent), and µ1 ∈ P(G) be
given such that t1 , 0, and let s 7→ µs ∈ AC2([0, 1];P(G)) be a curve joining µ0 to µ1. Since (P(G),W2)
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is a geodesic space, such curves exist and can be chosen as geodesics. Using Theorem 4.11, we find a
family of strongly regular curves s 7→ µn

s ∈ AC
(
[0, 1];P(G2/n)

)
for n ∈ N with µn

s ⇀ µs as n → ∞. To
each of these curves, we apply Theorem 4.10 for ϑ(s) = (1− s)t0 + st1. This choice is admissible since
ϑ ∈ C2([0, 1]) with ϑ̇ = t1 − t0 ≥ 0 and ϑ̈ ≡ 0. This gives

1
2

W2
2 (Ht1µ

n
1,Ht0µ

n
0) + (t1 − t0)Ent1/n

δ (Ht1µ
n
1) ≤ (t1 − t0)Ent1/n

δ (Ht0µ
n
0) +

1
2Iϑ(1)

∫ 1

0
|µ̇n

s |
2 ds,

for δ > 0. Since Ent1/n
δ (Ht1µ

n
1) ≥ Ent1/n(Ht1µ

n
1) and limδ→0 Ent1/n

δ (Ht0µ
n
0) = Ent1/n(Ht0µ

n
0) by Eq (4.1), it

follows that

1
2

W2
2 (Ht1µ

n
1,Ht0µ

n
0) + (t1 − t0)Ent1/n(Ht1µ

n
1) ≤ (t1 − t0)Ent1/n(Ht0µ

n
0) +

1
2Iϑ(1)

∫ 1

0
|µ̇n

s |
2 ds. (4.7)

Moreover, the contraction estimate implies that

W2
2 (Htiµ

n
i ,Htiµi) ≤ Ce−KtiW2(µn

i , µi)

holds on the extended graph G2 for i = 0, 1, so that Htiµ
n
i ⇀ Htiµi as n → ∞. Every function

φ ∈ C(G2/n) admits a continuous extension to a function on G2, and we also have that∫
G2/n

φ(x) dHtiµ
n
i →

∫
G
φ|G(x) dHtiµi

as n→ ∞. Arguing as in the proof of Theorem 4.11, we obtain

Ent(Ht1µ1) ≤ lim inf
n→∞

Ent1/n(Ht1µ
n
1) and Ent(Ht0µ0) = lim

n→∞
Ent1/n(Ht0µ

n
0).

Additionally, the triangle inequality gives∣∣∣W2(Ht1µ
n
1,Ht0µ

n
0) −W2(Ht1µ1,Ht0µ0)

∣∣∣
≤
∣∣∣W2(Ht1µ

n
1,Ht0µ

n
0) −W2(Ht1µ

n
1,Ht0µ0)

∣∣∣ + ∣∣∣W2(Ht1µ
n
1,Ht0µ0) −W2(Ht1µ1,Ht0µ0)

∣∣∣
≤W2(Ht0µ

n
0,Ht0µ0) +W2(Ht1µ

n
1,Ht1µ1).

Therefore, W2(Ht1µ
n
1,Ht0µ

n
0) → W2(Ht1µ1,Ht0µ0) as n → ∞, again using the contraction estimate

and the weak convergence µn
s ⇀ µs. Then, taking the limit as n→ ∞ in Eq (4.7) yields

1
2

W2
2 (Ht1µ1,Ht0µ0) + (t1 − t0)Ent(Ht1µ1) ≤ (t1 − t0)Ent(Ht0µ0) +

1
2Iϑ(1)

∫ 1

0
|µ̇s|

2 ds,

which is precisely Eq (EVIw) because of s 7→ µs being a geodesic. In the case where t1 = t0 = 0,
the same arguments can be applied under the additional assumption µt1 ∈ Dom(Ent), thus ensuring
that (t1 − t0)Ent(Ht1µ1) is well-defined and equal to zero.

(EVIw)⇒(BEw): This implication follows from Remark 4.5 together with Theorem 4.3.
(BEw)⇒(RCDw): Again, by Theorem 4.3, the contraction estimate is satisfied and we already

showed the equivalence of Eq (BEw) to Eq (EVIw). Let t ≥ 0 and h > 0 be given and let
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s 7→ µs ∈ AC2([0, 1];P(G)) be a geodesic joining µ0 and µ1. Since µ0, µ1 ∈ Dom(Ent), applying
Eq (EVIw) to the pair µ0 ∈ Dom(Ent), µs ∈ P(G) with t0 = t and t1 = t + h for arbitrary s ∈ [0, 1] gives

1
2

W2
2 (Ht+hµs,Htµ0) −

1
R(t, t + h)

W2
2 (µs, µ0) ≤ h(Ent(Htµ0) − Ent(Ht+hµs)). (4.8)

On the other hand, choosing µ1 ∈ Dom(Ent), µs ∈ P(G) with t0 = t and t1 = t + h yields

1
2

W2
2 (Ht + hµs,Htµ1) −

1
R(t, t + h)

W2
2 (µs, µ1) ≤ h(Ent(Htµ1) − Ent(Ht+hµs)). (4.9)

Multiplying Eq (4.8) by (1 − s), Eq (4.9) by s, and adding both inequalities results in

1 − s
2

W2
2 (Ht+hµs,Htµ0) −

1
2R(t, t + h)

(
(1 − s)W2

2 (µs, µ0) + sW2
2 (µs, µ1)

)
+

s
2

W2
2 (Ht+hµs,Htµ1)

≤h((1 − s)Ent(Htµ0) + sEnt(Htµ1) − Ent(Ht+hµs)). (4.10)

Since s 7→ µs is a geodesic, we have that

(1 − s)W2
2 (µs, µ0) + sW2

2 (µs, µ1) = (1 − s)s2W2
2 (µ0, µ1) + s(1 − s)2W2(µ0, µ1)

= s(1 − s)W2
2 (µ0, µ1). (4.11)

Furthermore, for all s ∈ [0, 1] and a, b ∈ R, it holds that (1 − s)a2 + sb2 ≥ s(1 − s)(a + b)2,
and therefore,

(1 − s)W2
2 (Ht+hµs,Htµ0) + sW2

2 (Ht+hµs, µ1) ≥ s(1 − s)(W2(Ht+hµs,Htµ0) +W2(Ht+hµs, µ1))2

≥ s(1 − s)W2
2 (Htµ0,Htµ1)2, (4.12)

where we used the triangle inequality in the second line. Then, combining Eqs (4.10) with (4.11)
and (4.12) gives

s(1 − s)
2

W2
2 (Htµ0,Htµ1) −

s(1 − s)
2R(t, t + h)

W2
2 (µ0, µ1) ≤ h((1 − s)Ent(Htµ0) + sEnt(Htµ1) − Ent(Ht+hµs)).

Dividing by h > 0 and rearranging the inequality above recovers Eq (RCDw).
(RCDw)⇒(BEw): The contraction estimate (Kw) holds true by assumption. This implies Eq (BEw)

due to Theorem 4.3.

Let µ ≪ L with dµ
dL
= f ∈ W1,1(G) be given and recall the definition of the Fisher Information (3.5).

As a consequence of the chain-rule established in [15][Proposition 5.6], we can reformulate iii)
as follows.

Corollary 4.12. Let s 7→ µs ∈ AC2([0, 1];P(G)) be a W2-geodesic that connects µ0, µ1 ∈ Dom(Ent)
with µs ∈ Dom(Ent) for some s ∈ (0, 1). Then, for all t ≥ 0 and h > 0, it holds that

Ent(µs) ≤ (1 − s)Ent(Htµ0) + sEnt(Htµ1)

+
s(1 − s)

2h

(
1

R(t, t + h)
W2

2 (µ0, µ1) −W2
2 (Htµ0,Htµ1)

)
+

∫ t+h

0
I(Hτµs) dτ.
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Proof. From [15][Proposition 5.6], we know that

Ent(Ht+hµs) − Ent(µs) = −
∫ t+h

0
I(Pτµs) dτ,

and the right-hand side is finite by [19][Lemma 4.1]. Substituting this equality into iii) and rearranging
the terms proves the claim.

Let h > 0 and define

ω(s) B
s(1 − s)

2h

[
1

R(0, h)
− 1

]
W2

2 (µ0, µ1) +
∫ h

0
I(Hτµs) dτ.

Choosing t = 0 in the corollary above gives the estimate

Ent(µs) ≤ (1 − s)Ent(µ0) + sEnt(µ1) + ω(s),

which we can think of as a distorted version of geodesic convexity. The term ω(s) quantifies how
far the entropy is from being K-convex along geodesics. It depends on the curvature function c(t) =
Ce−Kt through R(0, h) as well as the entropy dissipation given by the Fisher Information, thus encoding
information about the geometric structure of the underlying graph.

5. Conclusions and outlook

We showed that metric graphs satisfy weak notions of lower curvature bounds with the focus on
their dimensionless formulations. At present, it is not known whether the more precise conditions,
including the dimensional parameter N ∈ (0,∞), admit a similar extension. The equivalence result
gives rise to a new notion of gradient flow on these spaces, namely by EVIw(c). We hope that in the
future, this concept can be applied to extend known results from RCD(K,∞) settings to the weaker
RCDw(c,∞)-spaces. One possible application is the generalization of the results from [14] to metric
graphs. Let (X, d) be an RCD(K,∞)-space for K ≥ 0. The dynamic Schrödinger problem is given by

inf
(µ,v)∈CE

1
2

∫ 1

0

∫
X
|v(t, x)|2 dµ(t, x) dt +

β2

2

∫ 1

0

∫
X

∣∣∣∇ log( f (t, x))
∣∣∣2 dµ(t, x) dt,

for f = dµ
dL

, where the infimum runs over weak solutions of the continuity equation∂tµ + ∇ · (vµ) = 0
µ(0, ·) = µ0(·), µ(1, ·) = µ1(·)

,

denoted by CE. In [14], it was shown that the dynamic Schrödinger problem Γ-converges to the
dynamic optimal transport problem

inf
(µ,v)∈CE

1
2

∫ 1

0

∫
X
|v(t, x)|2 dµ(t, x) dt.

In particular, the construction of their recovery sequence is based on Eq (EVIK) and the contraction
estimate in Eq (1.5). On metric graphs, only the weak properties (EVIw) and (Kw) hold true, and so far,
it is not known whether these conditions suffice to conclude Γ-convergence.

Networks and Heterogeneous Media Volume 21, Issue 3, 725–754.



752

On the other hand, the present work exclusively deals with compact metric graphs having a finite
number of edges with finite length each. However, reference [16] proved the gradient bound√

Γ(Pt f ) ≤ CeKtPt

√
Γ( f )

with K ≥ 0 on non-compact graphs, which would lead to negative curvature. Despite this result at
hand, showing the equivalences in this setting remains open, the reason being the identification of the
heat equation as a Wasserstein gradient flow. In [15], the result was only shown for compact graphs.
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