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Abstract: In this paper, we introduce a non-local PDE-ODE traffic model devoted to the description of
a 1-to-1 junction with buffer. We present an existence result in the free flow case as well as a numerical
method to approximate weak solutions in the general case. In addition, we show a maximum principle,
which is uniform in the non-local interaction range. Further, we exploit the limit models as the support
of the kernel tends to zero and to infinity. We compare them with other already existing models for
traffic and production flow and presented numerical examples.
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1. Introduction

The aim of this paper is to study a non-local traffic flow model for 1-to-1 junctions. The term
‘non-local’ refers to the dependence of the flux function on a convolution term between a kernel
function and the velocity function depending on the conserved quantity. These types of conservation
laws are able to describe several phenomena arising in many fields of application, and for this reason
they have received growing attention in the recent years. The first macroscopic traffic flow model
based on fluid-dynamics equations has been introduced in the transport literature with the Lighthill,
Whitham and Richards (LWR) model [34, 35], which consists in one scalar equation expressing the
conservation of cars. Since then, several approaches have been developed during the last years,
addressing the need for more sophisticated models to better understand the nonlinear traffic dynamics.
‘Non-local’ versions of the LWR model have been recently proposed in [5, 11, 25]. In this type of
model, the flux is assumed to depend on a weighted mean of the downstream traffic density or
velocity. These kinds of non-local traffic models are intended to describe the behavior of drivers that
adapt their velocity with respect to what happens in front of them. For this reason, the flux function
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depends on a ‘downstream’ convolution term between the density of vehicles or the velocity, and a
kernel function supported on the negative axis, such that drivers only look forward, not backward.
There are general existence and uniqueness results for non-local equations in [3, 11, 25, 29] for scalar
equations in one-space dimension, in [18, 31] for multi-dimensional scalar equations, and in [2] for
the multi-dimensional system case. There are mainly two different approaches to prove the existence
of solutions for these non-local models. One is providing suitable compactness estimates on a
sequence of approximate solutions constructed through finite volume schemes, as in [2, 3]. Another
approach relies on the method of characteristics and fixed-point theorems, as proposed in [29, 31].
In [3], Kružkov-type entropy conditions are used to prove the L1−stability with respect to the initial
data through the doubling of the variable technique, while in [29, 31], the uniqueness of weak
solutions is obtained directly from the fixed-point theorem, without prescribing any kind of entropy
condition.

One key point that naturally arises in the non-local setting from a mathematical, but also modeling
point of view, is the model behavior for the two limits of the non-local interaction range. Considering an
infinite range, the non-local scalar traffic flow model tends to a linear transport equation [11]. Contrary,
if the range tends to zero, non-local scalar traffic flow models converge to the local LWR model under
specific assumptions, e.g., [6, 7, 14, 16, 22, 30] or [12] for the singular non-local-to-local limit for
weakly-coupled systems.

Some works about non-local traffic models deal with networks, for example, [8–10, 13, 24, 32, 36].
In [8], the authors consider measure valued solutions for non-local transport equations and [32] deals
with non-local conservation laws on bounded domains, while [9,10,13,36] include 1-to-1 junctions. In
particular in [9,10], the existence and well-posedness of solutions at a 1-to-1 junction is shown, where
the roads are allowed to differ in the speed limits and maximum road capacities. The limit of those
models for a non-local range tending to infinity is investigated in [24]. Here, the models still converge
to a linear transport equation, which includes a capacity constraint on the flux induced by the coupling
of the roads. In contrast, the limit to zero is only investigated numerically so far and the correct limit
model is still an open problem.

In this paper, we aim to model a 1-to-1 junction with a buffer, generalizing the ‘local’ model in [28]
to the non-local setting. Further, we want to exploit the limit models for the non-local range tending
to infinity and zero. The paper is organized as follows. In Section 2, we introduce a new non-local
model for 1-to-1 junctions with buffer. In Section 3, we investigate analytically the existence of weak
solutions in the free flow case, i.e., when the buffer is not active on the first road, by introducing the
characteristics of the modeling equations. In Section 4, we perform a numerical discretization of our
model using an upwind-type numerical scheme. In Section 5, the limit model as the length of the
support η of the kernel function goes to zero is exploited, and in Section 6 the opposite limit model as
the length of the support η of the kernel function goes to infinity is investigated. In Section 7, we give
a conclusion and mention open problems.

2. Modeling equations

As aforementioned, we consider a non-local traffic flow model for 1-to-1 junctions that includes a
buffer. Therefore, let us recall first the 1-to-1 junction model from [10]. This model does not consider
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a buffer so far, and the dynamics for the traffic density on each road are given by

∂tρ1(t, x) + ∂x

(
ρ1(t, x)V1(t, x) +min{ρ1V2(t, x), ρ2

maxV2(t, x)}
)
= 0,

∂tρ2(t, x) + ∂x(ρ2(t, x)V2(t, x)) = 0.
(2.1)

Here, V1 and V2 are the parts of the non-local velocity on each road segment defined by

V1(t, x) :=
∫ min{x+η, 0}

min{x, 0}
v1(ρ1(t, y))ωη(y − x) dy,

V2(t, x) :=
∫ max{x+η, 0}

max{x, 0}
v2(ρ2(t, y))ωη(y − x) dy.

In particular, the junction point is placed at x = 0, ρ1 and ρ2 are the traffic densities, η > 0 is the
non-local range and support of the kernel function ωη, which will be detailed below, and v1 and v2 are
suitable velocity functions. The most important feature is the coupling between the two road segments,
which is simply induced by the minimum operator and the maximum capacity of the second road. The
latter one expresses the supply of the second road. At the junction itself, the second road can receive a
flux up to ρ2

maxV2(t, 0). Due to non-locality, this capacity restriction must be considered already in the
interval [−η, 0). From a microscopic point of view, this means that as soon as a driver is aware of an
intersection, she/he takes the associated (possible) restrictions into account.

We now extend this model by placing a buffer between the two roads. These buffers could, for
example, model a simplified version (by neglecting the exact geometry) of highway on-ramps or
roundabouts. A buffer has a maximum capacity µ, i.e., the maximum rate at which cars can enter or
leave the buffer. Furthermore, the buffer is full at rmax. This creates a specific supply that the buffer
can provide for the flow of the first road. Similar to the situation without a buffer, the supply must be
taken into account as soon as a driver sees the buffer. As in the situation without buffer, the second
road at the junction can take a maximum flow of ρ2

maxV2(t, 0). This results in the following modeling
equations for the buffer r(t) and the traffic densities:

∂tρ1(t, x) + ∂x (ρ1(t, x)V1(t, x) +min{ρ1V2(t, x), sB(t, x)}) = 0,
∂tρ2(t, x) + ∂x(ρ2(t, x)V2(t, x)) = 0,
r′(t) = min{sB(t, 0−), ρ1(t, 0−)V2(t, 0)} −min{dB(t), ρ2

maxV2(t, 0)},
(2.2)

where

sB(t, x) =

µ
∫ max{x+η,0}

0
ωη(y − x) dy, r(t) ∈ [0, rmax),

min{ρ2
maxV2(t, x), µ

∫ max{x+η,0}

0
ωη(y − x) dy}, r(t) = rmax,

dB(t) =

µ, r(t) ∈ (0, rmax],
min{ρ1(t, 0−)V2(t, 0), µ}, r(t) = 0.

Note that the model (2.2) is inspired by its local counterpart introduced in [28]. For a better readability
we postpone the detailed discussion of the local variant to Section 5.

To close the equations (2.2), we couple them with the initial data

ρ1(0, x) = ρ1,0(x) ∈ BV((−∞, 0)), ρ2(0, x) = ρ2,0(x) ∈ BV((0,+∞)), r(0) = r0 ≥ 0, (2.3)
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where BV([a, b]) := { f ∈ L1([a, b])| TV( f ) < +∞}. For the well-posedness of the model, we assume
the following common assumptions, see e.g., [5, 10, 11, 24, 25]:

(H1) ωη ∈ C1([0, η];R+), η > 0, ω′η ≤ 0,
∫ η

0
ωη(x)dx = 1;

(H2) ve : R+ → R+ is a smooth non-increasing function such that ve(0) = Vmax
e > 0 and ve(ρ) = 0 for

ρ ≥ ρe
max for e ∈ {1, 2}.

Inspired by [21, Definition 2.1] and [20, Definition 4.1], solutions are intended in the following sense:

Definition 2.1. A couple of functions ρe ∈ C(R+,L1
loc((ae, be))) with e ∈ {1, 2}, and a1 = −∞, b1 = 0,

and a2 = 0, b2 = +∞ is called a weak solution of (2.2) and (2.3) if

1. for e = 1, ρe is a weak solution on (−∞, 0) to

∂tρe(t, x) + ∂x (ρe(t, x)V1(t, x) +min{ρeV2(t, x), sB(t, x)}) = 0;

2. for e = 2, ρe is a weak solution on (0,+∞) to

∂tρe(t, x) + ∂x(ρe(t, x)V2(t, x)) = 0;

3. for all t > 0, it holds
ρ2(t, 0+)V2(t, 0) = min{dB(t), ρ2

maxV2(t, 0)};

4. for e ∈ {1, 2} ρe ∈ L∞((0,T ) × (ae, be),
5. r(t) is a Carathèodory solution, i.e., for a.e. t ∈ R+,

r(t) = r0 +

∫ t

0

(
min{sB(s, 0−), ρ1(s, 0−)V2(s, 0)} −min{dB(s), ρ2

maxV2(s, 0)}
)

ds.

3. Existence of solutions for free flow

In this section, we exploit the existence of weak solutions in a particular case, i.e., the flow on the
first road is not influenced by the buffer and can pass onto the second road if the buffer is empty. In case
of a non-empty buffer, its size is decreasing over time. Even though this is a rather simple example, it
represents the case that in the past, the buffer filled due to congestion, but now the traffic jams on the
roads resolved to allow free flow such that the buffer gets empty.

We introduce the characteristic lines of our model; see [32, Definition 2.5 and Remark 2.6]. For a
given non-local term W1 ∈ L∞((0,T ); W1,∞(−∞, 0)), the characteristics ξ1

W1
for (t, x) ∈ (0,T ) × (−∞, 0)

are given by

ξ1
W1

[t, x](τ) = x +
∫ τ

t
W1(s, ξ1

W1
[t, x](s))ds, τ ∈ [0,T ]. (3.1)

Similar for a given non-local term W2 ∈ L∞((0,T ); W1,∞(0,∞)), the characteristics ξ2
W2

for (t, x) ∈
(0,T ) × (0,∞) on the second road are given by

ξ2
W2

[t, x](τ) = x +
∫ τ

t
W2(s, ξ2

W2
[t, x](s))ds, τ ∈ [0,T ]. (3.2)
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For (t0, x0) ∈ {(t, x) ∈ (0,T )× (0,∞) : x ≤ ξ2
W2

[0, 0](t)} and x1 ∈ [0, x0] the time inverted characteristics
on the second road are defined as

ξ2
W2

[t0, x0]−1
max(x1) = max{τ ∈ [0, t0] : ξ2

W2
[t0, x0](τ) = x1},

and the non-local terms are

W1[ρ1, ρ2](t, x) =

V1(t, x) + V2(t, x), if ρ1(t, x)V2(t, x) ≤ sB(t, x),
V1(t, x) else,

W2[ρ1, ρ2](t, x) = V2(t, x).

Note that V1 and V2 depend on ρ1 and ρ2, respectively. Moreover, the non-local term on the first road
differs from the non-local quantity in Eq (2.2). In case the supply sB is present on the first road, this
term is independent of the density and does not influence the characteristic equation. Nevertheless, it
plays a source term role when the solution is written in terms of the characteristics. This is similar
to [32, equation (3.1)].

We can prove the following existence result in the free flow case.

Theorem 3.1. Let ve(ρ) = ve
max(1 − ρ/ρe

max) for e ∈ {1, 2}, v2
max ≤ v1

max, and µ ≥ ρ1
maxv2

max.

1. Let ρ2
max ≥ ρ

1
max, then a weak solution in the sense of Definition 2.1 exists.

2. Let ρ2
max < ρ

1
max and r0 ∈ (0, rmax), then the existence of a weak solution in the sense of Definition

2.1 is guaranteed as long as r(t) ∈ (0, rmax), e.g., for t ∈ [0,T ) with T = min{r0/(ρ2
maxv2

max), (rmax −

r0)/(ρ1
maxv2

max)}.

Furthermore, the weak solutions satisfy the following maximum principle:

0 ≤ ρ1(t, x) ≤ ρ1
max for a.e. (t, x) ∈ R+ × (−∞, 0)

0 ≤ ρ2(t, x) ≤ ρ2
max for a.e. (t, x) ∈ R+ × (0,∞).

Proof. The proof is based on existence results from [32] and [10].
We start with the first case, i.e., empty buffer r0 = 0. The assumption µ ≥ ρ1

maxv2
max guarantees that

the buffer stays empty, since r′(t) = 0 holds for t ≥ 0. Furthermore, due to the same assumption, the
supply function is not present in the flux of the first road. Hence, the model is given by Eq (2.1) and
the existence of a weak solution satisfying the maximum principle is given by [10, Theorem 1].

Now, let r0 > 0. Here, the buffer size is decreasing until it is empty, since for r(t) > 0,

r′(t) = ρ1(t, 0−)V2(t, 0) −min{µ, ρ2
maxV2(t, 0)} < 0

holds. In particular, as long as the buffer is positive, the inflow on the second road is given by
min{µ, ρ2

maxV2(t, 0)}, independently of ρ1. Let T ∗ be the time at which the buffer becomes empty. One
can view the whole problem as two separate problems on semi-infinite intervals. One initial boundary
value problem reads as

∂tρ2(t, x) + ∂x(ρ2(t, x)V2(t, x)) = 0, (t, x) ∈ (0,T ∗) × (0,∞), (3.3)
ρ2(0, x) = ρ2,0(x), x ∈ (0,∞),

V2(t, 0)ρ2(t, 0) = min{µ, ρ2
maxV2(t, 0)}, t ∈ (0,T ∗).

Networks and Heterogeneous Media Volume 19, Issue 1, 405–429.



410

Due to the linear velocity, this model is a specific choice of the modeling framework in [32]. Note
that due to the choice of the inflow, the boundary datum remains well-posed in the case V2(t, 0) = 0;
see [32, Remark 2.2].

Hence, existence of weak solutions and the maximum principle are guaranteed by [32, Corollary
5.4, 5.9 and Remark 5.6] for the problem (3.3). We can proceed similarly for the first road by choosing
the boundary data appropriately. Due to the non-locality we need to choose a function which depends
on ρ2 and gives the same dynamics as model (2.2). We can choose the following surrogate model for
(t, x) ∈ (0,T ∗) × (−∞, 0):

∂tρ1(t, x) + ∂x

ρ1(t, x)v1

∫ x+η

x
ωη(y − x)


ρ1(t, y) y ∈ (−∞, 0)

v−1
1 (v2(ρ2(t, y)) else

 dy

 = 0.

Here, we need the assumption v2
max ≤ v1

max such that the inverse is well-defined and the boundary
data is nonnegative. Again, this fits into the framework of [32] such that the existence of solutions is
guaranteed for t ∈ (0,T ∗).

For t ≥ T ∗, the buffer is empty and we are back in the previous case (r0 = 0) such that existence is
given by [10].

The proof of the second case is similar to the case r0 > 0 and t ∈ (0,T ∗) discussed above with
the slight modification that for r(t) = rmax or r(t) = 0, the dynamics changes. Hence, the given
time T = min{r0/(ρ2

maxv2
max), (rmax − r0)/(ρ1

maxv2
max)} is a simple lower bound on T ∗ that guarantees

r(t) ∈ (0, rmax) for t ∈ [0,T ). □

Let us shortly discuss how the results can be extended.

Remark 3.1 (Uniqueness). In Theorem 3.1, we only discussed the existence of solutions for the free
flow case. As long as r(t) ∈ (0, rmax), we also obtain the uniqueness, thanks to [32]. In [10], only
the uniqueness of a weak entropy solution has been shown. Nevertheless, an extension of these results
to the uniqueness of weak solutions with similar techniques as in [22, 23, 32] can be expected, which
would provide uniqueness of weak solutions for the cases considered in Theorem 3.1.

Remark 3.2 (Nonlinear velocities). To obtain the above results for nonlinear velocity functions, the
uniqueness of weak solutions for the so-called non-local in velocity model [25] on a bounded domain
needs to be shown. This can be achieved by following the lines of [32] with similar modifications as
done in [22, 23].

Remark 3.3 (General model). The existence and uniqueness for the complete model (2.2) can be
proven by exploiting the characteristics as in [32]. In particular, the solution on each interval can be
written in terms of the characteristics, which can be plugged into the non-local terms. This gives a
fixed-point problem with respect to the two non-local terms. The difficulty here and the main difference
with [32] is that we have to deal with two non-local terms, which are coupled. The non-local term on
the first road depends on the solution of the second road, and the solution on the second road depends
on the first one through the outflow of the buffer. This makes the analysis of [32] more complicated.

4. Numerical discretisation

In the previous section, we have seen that in specific cases we can guarantee the existence of
solutions and a maximum principle. The latter will be now extended to the general case. Therefore,
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we will approximate the solutions by using a numerical scheme. This scheme is based on the
numerical schemes introduced in [10, 24–26].

For j ∈ Z, n ∈ N, and e ∈ E := {1, 2}, let xe, j−1/2 = j∆x be the cell interfaces, xe, j = ( j + 1/2)∆x the
cells centers, corresponding to a space step ∆x such that η = Nη∆x for some Nη ∈ N, and let tn = n∆t
be the time mesh. In particular, x = xe,−1/2 = 0 is a cell interface. Note that we have j ≥ 0 if e = 2, and
j < 0 if e = 1.We aim at constructing a finite volume approximate solution ρ∆x

e such that ρ∆x
e (t, x) = ρn

e, j
for (t, x) ∈ [tn, tn+1) × [xe, j−1/2, xe, j+1/2). To this end, we approximate the initial datum ρ0 with the cell
averages

ρ0
e, j =

1
∆x

∫ xe, j+1/2

xe, j−1/2

ρe,0(x) dx,

 j < 0, e = 1,
j ≥ 0, e = 2.

We consider the following numerical fluxes similar to [10, 24]

Fn
e, j :=

ρn
e, jV

n
e, j +min

{
ρn

e, jV
n
2, j, s

n
B, j

}
, e = 1,

ρn
e, jV

n
e, j, e = 2,

(4.1)

with

Vn
1, j =

min{− j−2,Nη−1}∑
k=0

γkv1(ρn
1, j+k+1), Vn

2, j =

Nη−1∑
k=max{− j−1, 0}

γkv2(ρn
2, j+k+1),

sn
B, j =


µ

Nη−1∑
k=− j−1

γk, rn ∈ [0, rmax),

min

ρ2
maxVn

2, j, µ

Nη−1∑
k=− j−1

γk

 , rn = rmax,

dn
B =

µ, rn ∈ (0, rmax],
min{ρn

1,−1Vn
2,−1, µ}, rn = 0.

where γk =
∫ (k+1)∆x

k∆x
ωη(x) dx, k = 0, ...,Nη − 1, and rn is the approximation of the buffer computed by

an explicit Euler scheme. In this way, we define the following finite volume scheme:

ρn+1
e, j = ρ

n
e, j −

∆t
∆x

(
Fn

e, j − Fn
e, j−1

)
,

rn+1 = rn + ∆t
(
min{sn

B,0, ρ
n
1,0Vn

2,0} −min{dn
B, ρ

2
maxVn

2,0}
)
,

n ∈ N. (4.2)

We now show that the numerical scheme satisfies a reasonable maximum principle on each road.

Proposition 4.1. Under hypothesis (2.3) and the Courant–Friedrichs–Lewy (CFL) condition

∆t
∆x
≤

1
γ0 ∥v′∥ ∥ρ∥ + 2 ∥v∥

, (4.3)

with ∥v∥ = max{∥v1∥ , ∥v2∥}, ∥v′∥ = max{
∥∥∥v′1

∥∥∥ , ∥∥∥v′2
∥∥∥}, and ∥ρ∥ = max{ρ1

max, ρ
2
max}, the sequence

generated by the numerical scheme (4.1) and (4.2) satisfies the following maximum principle:

0 ≤ ρn
e, j ≤ ρ

e
max.
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Proof. Let us start by showing the positivity. We directly obtain

ρn+1
e, j = ρ

n
e, j −

∆t
∆x

(
Fn

e, j − Fn
e, j−1

)
≥ ρn

e, j −
∆t
∆x
∥v∥ ρn

e, j ≥ 0,

with ∥v∥ = max{∥v1∥ , ∥v2∥}, using min
{
ρn

e, jV
n
2, j, s

n
B, j

}
≤ ρn

e, jV
n
2, j. For the upper bound, it is easy to see

that

Vn
1, j−1 − Vn

1, j ≤

γ0v1(ρn
1, j), j ≤ −1,

0, j ≥ 0,
Vn

2, j−1 − Vn
2, j ≤

0, j ≤ −1,
γ0v2(ρn

2, j), j ≥ 0.

Using v1(ρ1
max) = v2(ρ2

max) = 0 and the mean value theorem, we get

Vn
1, j−1 − Vn

1, j ≤

γ0

∥∥∥v′1
∥∥∥ (−ρn

1, j + ρ
1
max), j ≤ −1,

0, j ≥ 0,

Vn
2, j−1 − Vn

2, j ≤

0, j ≤ −1,
γ0

∥∥∥v′2
∥∥∥ (−ρn

2, j + ρ
2
max), j ≥ 0.

Considering the case j ≤ −1, multiplying the first inequality by ρ1
max, and subtracting Vn

1, jρ
n
1, j, we get

Vn
1, j−1ρ

1
max − Vn

1, jρ
n
1, j ≤

(
γ0

∥∥∥v′1
∥∥∥ ∥ρ1∥ + Vn

1, j

)
(−ρn

1, j + ρ
1
max). (4.4)

Similarly, writing

sn
B, j−1 − sn

B, j =

−µγ− j−1 rn ∈ [0, rmax),
min{ρ2

maxVn
2, j−1, µ

∑Nη−1
k=− j γk} −min{ρ2

maxVn
2, j, µ

∑Nη−1
k=− j−1 γk} rn = rmax,

≤ 0,

because

min

ρ2
maxVn

2, j−1, µ

Nη−1∑
k=− j

γk

 −min

ρ2
maxVn

2, j, µ

Nη−1∑
k=− j−1

γk


≤ min

ρ2
maxVn

2, j, µ

Nη−1∑
k=− j

γk

 −min

ρ2
maxVn

2, j, µ

Nη−1∑
k=− j−1

γk


=
µ
∑Nη−1

k=− j γk − µ
∑Nη−1

k=− j−1 γk −

∣∣∣∣ρ2
maxVn

2, j − µ
∑Nη−1

k=− j γk

∣∣∣∣ + ∣∣∣∣ρ2
maxVn

2, j − µ
∑Nη−1

k=− j−1 γk

∣∣∣∣
2

≤
µ
∑Nη−1

k=− j γk − µ
∑Nη−1

k=− j−1 γk +
∣∣∣∣µ∑Nη−1

k=− j γk − µ
∑Nη−1

k=− j−1 γk

∣∣∣∣
2

= 0.

We get
min{ρ1

maxVn
2, j−1, s

n
B, j−1} −min{ρn

1, jV
n
2, j, s

n
B, j}

≤ min{ρ1
maxVn

2, j, s
n
B, j} −min{ρn

1, jV
n
2, j, s

n
B, j}

≤
(
ρ1

max − ρ
n
1, j

)
Vn

2, j.

(4.5)
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Adding the two inequalities (4.4) and (4.5), due to the CFL condition (4.3), we have ρn+1
1, j ≤ ρ

1
max.

For j ≥ 0, we can write the following bound:

ρ2
maxVn

2, j−1 − ρ
n
2, jV

n
2, j ≤ (γ0 ∥v′∥ ∥ρ∥ + ∥v∥)(ρ2

max − ρ
n
j),

which follows analogously to what has been done above. In particular, the bound holds for j = 0.
Since for the inflow on road 2, we have

min{dn
B, ρ

2
maxVn

2,−1} ≤ ρ
2
maxVn

2,−1.

Then, we get

ρn+1
2, j ≤ ρ

n
2, j +

∆t
∆x

(
ρ2

maxVn
2, j−1 − ρ

n
2, jV

n
2, j

)
≤ ρ2

max.

This concludes the proof. □

Remark 4.1. We point out that the maximum principle in Proposition 4.1 is uniform with respect to
η, and this allows us to say that if they exist, the limit solutions as η → 0 and η → +∞ satisfy the
maximum principle, too.

In the following, we are particularly interested in the model hierarchies induced by the non-local
range η. Therefore, we will investigate the models for η→ 0 and η→ ∞ in the next sections.

5. Limit to zero

The singular local limit is a very interesting topic regarding non-local conservation laws. The
problem is defined as follows. In the scalar case, a parameter η > 0 related to the support of the kernel
is fixed and the rescaled kernel function is considered:

ωη(x) =
1
η
ω

(
x
η

)
.

Owing to the assumption
∫
R
ωη(x)dx = 1, when η→ 0+, the family ωη converges weakly∗ in the sense

of measures to the Dirac delta and we formally obtain the corresponding local conservation law:

Non-local:

∂tρη + ∂x(ρη(v(ρη) ∗ ωη)) = 0,
ρη(0, x) = ρ̄(x),

→ Local:

∂tρ + ∂x(ρv(ρ)) = 0,
ρ(0, x) = ρ̄(x),

with v : R → R being a Lipschitz continuous vector-valued function. The above derivation is just
formal and has to be rigorously justified. The question is whether the solution ρη of the non-local
Cauchy problem converges to the entropy admissible solution of the local Cauchy problem in some
suitable topology. The rigorous derivation of this limit with the convolution inside v, i.e., v(ρη ∗ ωη),
was initially posed in [3] motivated by numerical evidence, later corroborated in [5]. The answer is
positive if we consider an even kernel function and a smooth compactly supported initial datum, as
proved in [37]. The solution of one-dimensional scalar non-local conservation laws with an
anisotropic kernel converges to the entropy solution of the corresponding local conservation laws,
also in the case of monotone initial data; see [22, 30]. For an exponential-type kernel, see [7, 14, 22],
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or considering a positive initial datum and a convex kernel [16]. Nevertheless, in general, the solution
of the non-local Cauchy problem does not converge to the solution of the local one, and in [17], the
authors show three counterexamples in this sense, while in [15], the role of numerical viscosity in the
numerical investigation of such non-local-to-local limit is highlighted.

5.1. A local buffer model

A local buffer model, which strongly inspired the non-local model (2.2), is originally introduced
in [28]. For completeness, we recall the model of [28]. Note that this model is derived only for the
same flux function on each road, but an extension to different flux functions is straightforward. The
modeling equations are given by

∂tρ1(t, x) + ∂x (ρ1(t, x)v1(ρ1(t, x))) = 0,
∂tρ2(t, x) + ∂x(ρ2(t, x)v2(ρ2(t, x))) = 0.

(5.1)

Since we consider a local model, we only need to describe the fluxes at the intersection, which couples
the two equations. Following [28], this coupling is given by

q1(t) = min{sB(t),D1(ρ1(t, 0−))}, q2(t) = min{dB(t), S 2(ρ2(t, 0+)}

sB(t) =

µ, if r(t) ∈ [0, rmax),
min{S 2(ρ2(t, 0+), µ}, if r(t) = rmax,

dB(t) =

µ, if r(t) ∈ (0, rmax],
min{D1(ρ1(t, 0−)), µ}, if r(t) = 0.

Here, S i and Di with i ∈ {1, 2} are the usual supply and demand functions [33] defined for a flux fi with
a single maximum at σ by

Di(ρ) =

 fi(ρ), ρ ≤ σ,
fi(σ), ρ > σ,

S i(ρ) =

 fi(σ), ρ ≤ σ,
fi(ρ), ρ > σ.

Note that here, fi(ρ) := ρvi(ρ) holds. Finally, the development of the buffer is described by

r′(t) = q1(t) − q2(t).

For a more detailed discussion of the model and an extension to more general junctions, we refer the
reader to [28].

Comparing the local model with Eq (2.2), we see that the non-local version adapts the structure of
the local model. Besides the non-local velocity, one of the main differences between the two models is
the definition of the supply and demand functions. Since the non-local model allows for a higher flow,
as the local density at x and the non-local velocity are not directly coupled, the flow is not allowed to
exceed ρ2

maxV2(t, 0+) in contrast to S (ρ2(0+, t)) at the junction point. Moreover, extending this fact to
the whole interval [−η, 0) with similar ideas as in [10, 24], we end up with the model (2.2).

Even though the local model (5.1) strongly inspired the non-local one, it is not a priori clear which
local solution will be obtained as η → 0. For example, the 1-to-1 model (2.1) without a buffer seems
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to converge to the vanishing viscosity solution of a discontinuous conservation law in certain cases;
see [10].

For the non-local model (2.2), it becomes apparent that the solutions might be different to the
solution of the local model (5.1). This is induced by the different definition of the supply and demand
functions mentioned above. Hence, when supply or demand in the model (5.1) are active differences
that can occur, in general,

D1(ρ1(t, 0−)) , ρ1(t, 0−)v2(ρ2(t, 0+) = lim
η→0
ρ1(t, 0−)V2(t, 0+),

S 2(ρ2(t, 0+)) ≤ ρ2
maxv2(ρ2(t, 0+)) = lim

η→0
ρ2

maxV2(t, 0+).

The fact that the model (2.2), in general, does not converge to solutions of Eq (5.1) is also shown by
the following example:

Example 5.1. Let us consider constant initial data ρ1 and ρ2 on each road with the same flux function
on both roads. Further, let S (ρ2) < D(ρ1) and S (ρ2) < µ hold. In this case, we can exclude that the
solution of Eq (2.2) converges to the solution of the local model (5.1). Therefore, we show that the
buffer is different for the model (5.1) and (2.2). We start with the local case. Here, we have

q1(t) = min{µ,D(ρ1)}, q2(t) = min{S (ρ2), µ}.

Moreover, due to S (ρ2) < D(ρ1) < µ,

r′(t) = q1(t) − q2(t) > 0,

this means that the buffer is increasing. On the contrary, in the non-local case, we have

r′(t) = min{µ, ρ1(t, 0−)V2(t, 0)} −min{µ, ρ1(t, 0−)V2(t, 0), ρ2
maxV2(t, 0)}.

Due to the choice of the same flux function and thanks to the maximum principle, we get

ρ1(t, x) ≤ ρ1
max = ρ

2
max,

and, hence,
r′(t) = min{µ, ρ1(t, 0−)V2(t, 0−)} −min{µ, ρ1(t, 0−)V2(t, 0)} = 0.

Therefore, the buffer does not increase for every η > 0, and this also holds in the limit η → 0. For this
reason, the solution of the non-local problem does not, in general, converge to the solution of the local
one.

Even though convergence to the model (5.1) can be excluded for certain initial data, there are still
cases where we can observe (numerically) a convergence.

5.2. Limit model

Since the local model (5.1) seems not to be the correct limit model of (2.2), let us formally derive a
potential candidate for the limit model of (2.2). The limit ofωη to the Dirac delta needs to be considered
in the non-local velocities and the supply function. Hence, the model (2.2) formally converges to

∂tρ1(t, x) + ∂x (ρ1(t, x)v1(ρ1(t, x))) = 0,
∂tρ2(t, x) + ∂x(ρ2(t, x)v2(ρ2(t, x))) = 0,
r′(t) = min{sB(t, 0−), ρ1(t, 0−)v2(ρ2(t, 0+)} −min{dB(t), ρ2

maxv2(ρ2(t, 0+))},
(5.2)
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where

sB(t, x) =

µ, r(t) ∈ [0, rmax),
min{ρ2

maxv2(ρ2(t, x)), µ}, r(t) = rmax,

dB(t) =

µ, r(t) ∈ (0, rmax],
min{ρ1(t, 0−)v2(ρ2(t, 0+)), µ}, r(t) = 0.

Comparing the dynamics to (5.1), we see the outflow of the first road, the inflow to the second road,
and therefore the development of the buffer is different. The reason is similar as before that

D1(ρ1(t, 0−)) , ρ1(t, 0−)v2(ρ2(t, 0+) and S 2(ρ2(t, 0+)) ≤ ρ2
maxv2(ρ2(t, 0+))

holds.
Note that we will not prove the well-posedness of Eq (5.2) or the limit from Eq (2.2) to Eq (5.2)

rigorously. Nevertheless, we investigate the limit and model (5.2) numerically in the following. In
particular, a numerical convergence to model (5.2) can be obtained.

5.3. Numerical examples

During this section, the space step size for all examples is chosen as ∆x = 10−3, and the time step
is chosen according to the CFL condition (4.3). We deal with the following example: v1(ρ) = 1 − ρ,
v2(ρ) = 1−5ρ/3, and constant initial data of ρ1,0 ≡ 0.75 and ρ2,0 ≡ 0.5 with rmax = ∞ and r0 = 0. If not
stated otherwise, we use µ = 0.15. Both roads are in a congested state, but due to the lower maximum
density of the second road, the latter one is even more congested. This results in a backward moving
traffic jam on the first road and, depending on the capacity, in an increasing buffer.

Remark 5.1. We note that the obtained results are very similar in case of a limited buffer, i.e., rmax < ∞.
As soon as the buffer gets full, an additional wave is induced moving backward on the first road. To
simplify the discussion and concentrate on the effects induced by the capacity, we stick to an infinite
buffer.

Before considering the limit process, we start with a comparison of the dynamics given by Eq (2.2)
for different kernels in the situation described above and η = 0.5. Here, we consider a constant kernel
ωη(x) = 1/η, a linear decreasing kernel, i.e., ωη(x) = 2(η − x)/η2, and a quadratic decreasing kernel,
i.e., ωη(x) = 3(η2 − x2)/(2η3). The approximate solutions are shown in Figure 1. Since most of the
interactions take place on the first street, we have increased the visual representation of this road. Due
to the bottleneck situation between the two roads, the buffer and the congestion on the first road are
increasing. In particular, for all models, the flow on the first road is higher than the capacity µ of
the buffer. As can be seen, the linear and quadratic kernels behave very similar and provide a rather
continuous increase of the density until drivers are aware of the junction around x ≈ −0.5, which
results in a steeper increase. However, the constant kernel behaves differently. There are two effects
visible: First, there are additional increases depending on η = 0.5. This effect is also present without a
buffer model, i.e., in the model (2.1) and a constant kernel. The approximate solution without a buffer
can also be seen in Figure 1. The obtained behavior is a specific feature of the kernel, since drivers
become aware of the bottleneck at x = −0.5 and the traffic directly ahead, which results in a traffic
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jam. This traffic jam then resolves, but there is a point in front of the junction (x ≈ −0.25) where the
current flow rate is influenced by the capacity of the buffer, which increases the density. This is the
second effect that can be obtained. Due to the non-locality this effects propagate backward. The effect
of the capacity on the flow can also be observed for the other two kernels, even though it is smoothed
out slightly.
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Figure 1. Approximate solution of the non-local buffer model with non-local range of η =
0.5 with different kernels and the approximate solution of Eq (2.1) with a constant kernel at
T = 1: approximate solutions of road 1, left, of road 2, top right and the evolution of the
buffer, bottom right.

Even though the effect of the increasing density for the constant kernel is explainable, we want to
consider less effects on the dynamics to better understand the behavior. Further, as the dynamics for the
linear and quadratic kernel are rather similar, we restrict ourselves to the linear kernel for the remaining
part of this section.

Next, we turn our attention to the numerical limit η → 0. For the local models (5.1) and (5.2)
we use a Godunov scheme, where the fluxes at the junction point are defined by the coupling. In the
abovementioned example, the capacity is active. This holds for the local case, too, such that the two
local models produce the same solution. Further, this results in the same outflow of the first road in
all models given by µ. Hence, for a decreasing sequence of η, the convergence can be numerically
obtained, as can be seen in Figure 2. Small differences can still be seen on road 2, as the inflow
on this road is still different for the models. We note that this difference may disappear in the limit.
Nevertheless, choosing an even smaller capacity, e.g., µ = 0.05, gives the same dynamics for all
models.

In contrast, increasing µ demonstrates the possible convergence to Eq (5.2) instead of Eq (5.1). In
Figure 3, the same example as before, but with µ = 0.15, is considered. In the local model (5.1), the
outflow of the first road is higher than in the local model (5.2). This results in a lower density, but
fuller buffer. The decreasing sequence of η shows that Eq (5.2) might be the limit of the non-local
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buffer model (2.2).
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Figure 2. Approximate solutions of the non-local buffer model with different non-local
ranges and the approximate solutions of the local models (5.1) and (5.2) at T = 1 and a
capacity of µ = 0.1 at T = 1: approximate solutions of road 1, left, of road 2, top right and
the evolution of the buffer, bottom right.
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Figure 3. Approximate solutions of the non-local buffer model with different non-local
ranges and the approximate solutions of the local models (5.1) and (5.2) at T = 1 and a
capacity of µ = 0.15 at T = 1: approximate solutions of road 1, left, of road 2, top right and
the evolution of the buffer, bottom right.

Remark 5.2. We remark that even without a buffer, the non-local model does not necessarily converge
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to the solution which maximizes the flux through the junction. In particular, for a local 1-to-1 junction
without a buffer there a several possible Riemann solvers available at the interface; see, e.g., [1] and
the references therein. In [10], it has been already discovered that the non-local 1-to-1 model without
a buffer seems to converge to the vanishing viscosity solution and not to the solution given by supply
and demand, which maximizes the flux through the junction. Hence, we cannot expect a convergence
to the model (5.1), which also maximizes the flux through the junction for every case, in particular, if
the buffer is not active.

6. An infinite non-local reach

Besides the limit η → 0 the case η → ∞ is also of great interest. This limit represents the situation
in which drivers have perfect knowledge about the downstream traffic. In [11], it has been proven
that on a single road, a non-local traffic flow model tends to the solution of a linear transport equation
with transport velocity Vmax. The limit for non-local traffic networks without buffers has been already
investigated in [24]. Here, the limit equations share similarities to a model, which is usually applied
in the context of supply chains [4]. The key characteristic is that cars travel with a constant velocity
until a certain capacity is reached. This is very similar to what happens when goods pass through a
processor, cf. the supply chain models introduced in [4, 19]. Therefore, we start by discussing the
solution concept of this model.

6.1. A supply chain model

Following [4, 19], two processors with one buffer in between can be described by:

∂tρ1 + ∂x min{ρ1v, µ1} = 0
∂tρ2 + ∂x min{ρ1v, µ2} = 0
r′(t) = min{ρ1(t, 0−)v, µ1} − dB(t)

dB(t) =

min{ρ1(t, 0−)v, µ1, µ2}, if r(t) = 0,
µ2, if r(t) > 0.

(6.1)

Note that we consider an unlimited buffer for simplicity. Further, the buffer have different capacities,
but the same processing velocity. In the case µ1 = µ2 and r0 = 0, we can view the problem as a single
processor, as the buffer will never fill up. For the initial data,

ρ0(x) =

ρ1, x < 0,
ρ2, x > 0,

(6.2)

The solution is

• a linear transport with velocity v, if ρi < µi/v i ∈ {1, 2}, or
• a rarefaction wave with intermediate state µ2/v, if ρ1 > µ1/v and ρ2 < µ2/v.

In the latter case, the capacity of the buffer is not sufficient to handle the complete flux, such that the
flux decreases to the capacity. In [24], it is shown that this situation, i.e., Eq (6.1) with µ1 = µ2 and
r0 = 0, is the limit of the 1-to-1 model (2.1) without a buffer.
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Now, we consider the more general case, µ1 , µ2. For simplicity, the buffer is initially empty
and we consider only the case ρi < µi/v i ∈ {1, 2}, since this case is the most important one for our
upcoming limit cases. Explicit formulas for the solution in all cases can be found in [19, Eq (4.21)].
The solution now depends on the outgoing flux of the first processor. If it is small enough, all goods
can be transported, otherwise only up to the capacity µ2. In fact, we have

• for ρ1 ≤ µ2/v, a linear transport, and
• for ρ1 > µ2/v, a rarefaction wave with intermediate state µ2/v

as a solution. In the latter case, the buffer starts to fill.

6.2. Limit models

Now, we derive the limit models of (2.2). Therefore, we assume that the initial data ρ1,0 and ρ2,0 are
of compact support. Note that due to the finite speed of propagation, the solutions ρ1(t, ·) and ρ2(t, ·)
are also compactly supported. We can use the following result proven in [24, Lemma 4.1]: In the L1

loc
limit, the non-local velocities converge to

V1(t, x)→ 0 and V2(t, x)→ v2(0) for η→ ∞. (6.3)

Using similar arguments, we can deduce

sB(t, x)→

µ r(t) ∈ [0, rmax),
min{ρ2

maxv2(0), µ} r(t) = rmax,
and (6.4)

dB(t)→

µ r(t) ∈ (0, rmax],
min{ρ1(t, 0−)v2(0), µ} r(t) = 0,

for η→ ∞. (6.5)

To discuss the limit models in detail, we distinguish two cases depending on the maximum flux on
each road. In the limit, the maximum flux of the first road is given by the capacity µ and of the second
road by ρ2

maxv2(0).

Case 1: µ ≤ ρ2
maxv2(0) In this case, the limit equations are given by

∂tρ1(t, x) + ∂x min{ρ1(t, x)v2(0), µ} = 0
∂tρ2(t, x) + ∂xρ2(t, x)v2(0) = 0,

where the inflow on road 2 is given by Eq (6.5) and, hence, depends on the buffer size. If we assign
an artificial capacity to the second road, which is greater or equal to the maximum flow, i.e., µ2 ≥

ρ2
maxv2(0), the dynamics are described by

∂tρ2(t, x) + ∂x min{ρ2(t, x)v2(0), µ2} = 0.

Obviously, this does not change the dynamics on the second road, but now the similarities with the
model (6.1) become apparent. However, the inflow on road 2 and the capacity of the buffer given in
(6.5) do not match the ‘artificial’ capacity of the second road and are smaller, i.e., µ ≤ µ2. Thus, the
model can be seen as an extension of the production model (6.1), which allows a smaller capacity of
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the buffer. Such models have been studied in [27]. Note that once r(t∗) = 0 for some t∗ ≥ 0 holds, the
buffer stays empty for t ≥ t∗. In this case, the complete limit dynamics coincide with (6.1). In contrast,
if r(t) > 0, the buffer decreases.

Example 6.1. To get a better understanding of the dynamics of the limit model, we focus on a specific
initial condition with an empty initial buffer and infinite capacity of the buffer, i.e.,

ρ1,0(x) =

ρ1, if x ∈ [a, b],
0, else

ρ2,0(x) = 0, r(0) = 0, rmax = ∞. (6.6)

for a < b < 0. The buffer model has a capacity of µ on the first road. This capacity is less than the
capacity on the second road. Hence, the second road can take all the flux coming from the first road
and the buffer does not increase. Further, due to the empty initial buffer, the buffer remains empty. The
solution depends on the value of ρ1:

1. µ/v2(0) > ρ1: Here, we have a linear transport.
2. ρ1 > µ/v2(0): The solution of the buffer model is a rarefaction wave with constant state µ/v2(0)

at b and a shock at a, which moves onto the second road. Both the shock at a and the rarefaction
wave move at the speed µ/ρ1 < v2(0) on the first road. On the second road, the speed increases
to v2(0).

Case 2 µ > ρ2
maxv2(0) In this case, not only the inflow onto road 2 depends on the buffer size but the

flux on the first road, too. The model equations for the first road are given by∂tρ1 + ∂x min{ρ1v2(0), µ} = 0, if r(t) ∈ [0, rmax)
∂tρ1 + ∂x min{ρ1v2(0), ρ2

maxv2(0)} = 0, if r(t) = rmax.

and the second road is the same as the previous case:

∂tρ2 + ∂xρ2v2(0) = 0.

More importantly, the inflow onto road 2 is given byρ2
maxv2(0), if r(t) ∈ (0, rmax],

min{ρ1(t, 0−)v2(0), ρ2
maxv2(0)}, if r(t) = 0.

This results in the following development of the buffer in the limit:

r′(t) =


min{µ, ρ1(t, 0−)v2(0)} −min{ρ1(t, 0−)v2(0), ρ2

maxv2(0)}, if r(t) = 0,
min{µ, ρ1(t, 0−)v2(0)} − ρ2

maxv2(0), if r(t) ∈ (0, rmax),
min{ρ2

maxv2(0), ρ1(t, 0−)v2(0)} − ρ2
maxv2(0), if r(t) = rmax.

As can be seen, the dynamics are more involved and strongly dependent on the buffer size.
Nevertheless, for r(t) ∈ [0, rmax), the limit equations can be viewed as the supply chain model (6.1) by
assigning the artificial capacity µ2 = ρ

2
maxv2(0) to the second road. In particular, the capacity of the

buffer is given by ρ2
maxv2(0) and is equal to the capacity of the next processor as in (6.1). Note that the

dynamics change when r(t) = rmax. Models with finite buffers are not studied in [4, 19].
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Example 6.2. Let us return to the setting Eq (6.6) for the second case. Now, the capacity of the
first road is higher than that of the second one. This allows for an increasing buffer and interesting
dynamics:

1. µ/v2(0) > ρ2
max > ρ1: Here, the density is low enough not to affect the buffer, so the solution is

simply the linear transport.
2. µ/v2(0) > ρ1 > ρ

2
max: The solution is first given by a linear transport equation. When the density

reaches the buffer at t∗ = −b/v2(0), the buffer starts to fill at the rate:

r′(t) = v2(0)(ρ1 − ρ
2
max).

The inflow on the second road is then ρ2
maxv2(0). This results in a density of ρ2

max.
3. ρ1 > µ/v2(0) > ρ2

max: Instead of a linear transport, a rarefaction wave with intermediate state
µ/v2(0) and a shock is generated. Again, after some time (i.e., when the rarefaction wave reaches
x = 0), the buffer begins to fill with

r′(t) = µ − v2(0)ρ2
max.

On road 2, the density is ρ2
max as before.

6.3. Numerical examples

In this subsection, we consider some numerical results for the different cases discussed before. For
the numerical tests, we use ∆x = 0.01.

We start with an explicit example for the initial condition (6.6) and the parameters chosen such that
ρ1 > µ/v2(0) > ρ2

max holds. More precisely, we choose the initial conditions

ρ1,0(x) =

1, if x ∈ [−5,−1/3],
0, else

ρ2,0(x) = 0, r(0) = 0, rmax = ∞,

µ = 0.75, v1(ρ) = 1 − ρ, v2(ρ) = 1 − 2ρ, and, hence, ρ2
max = 0.5. The explicit solution for the limit

model for η→ ∞ is for t < 1/3, given by:

ρ1(t, x) =


0.75, if x ∈ [−1/3,−1/3 + t],
1, if x ∈ [−5 + 0.75t,−1/3],
0, else

ρ2,0(x) = 0, r(t) = 0,

and for t ∈ [1/3, 56/9) by

ρ1(t, x) =


0.75, if x ∈ [−1/3, 0],
1, if x ∈ [−5 + 0.75t,−1/3],
0, else

ρ2,0(x) =

0.5, if x ∈ [0, t − 1/3],
0, else

,

r(t) = 0.25(t − 1/3).

Note that the characteristics of the limit model, which emerge in the interval [−5,−1/3], have an infinite
slope, otherwise the slope is v2(0).
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We compare the exact limit solution with a numerical approximation of the non-local buffer model
computed with η = 2 for a constant and linear decreasing kernel. Figure 4 shows also the possible limit
model for η → 0, i.e., Eq (5.2). It can be seen that for the different models induced by η, more mass
seems to be transported on the first road, into the buffer, and through the junction with increasing η.
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Figure 4. Approximate solution of the non-local buffer model with a constant and linear
kernel for η = 2 with the limit models to zero and to infinity at T = 3: approximate solutions
of road 1, left, of road 2, top right and the evolution of the buffer, bottom right.
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Figure 5. Approximate solutions of the characteristics for the non-local model (2.2) with
η = 2: approximate solutions on road 1, left column, on road 2, right column with the
constant kernel, top row, and a linear decreasing kernel, bottom row.

The characteristics (3.1) and (3.2) for η = 2 are shown in Figure 5. They are approximated by an
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explicit Euler scheme and the numerical solutions of ρ1 and ρ2. As it can be seen, the characteristics
are not crossing such that existence and uniqueness of weak solutions might be provable as discussed
in Remark 3.3. Moreover, some properties of the solutions can be observed, such as the increase in the
density at x ≈ −5.
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Figure 6. Approximate solution of the non-local buffer model with increasing values of η
at T = 3: approximate solutions of road 1, left, of road 2, top right and the evolution of the
buffer, bottom right.

In the following, we again restrict ourselves to a linear decreasing kernel. The limit for η → ∞ is
shown in Figure 6. It can be seen that, in particular, the approximation of the shock and the rarefaction
wave of the exact solution for η→ ∞ requires rather large values of η. Further, with increasing η, more
mass is transported on the first and second road.

Interestingly, convergence can also be obtained for the characteristics (3.1) and (3.2). Using Eqs
(6.3)–(6.5), they converge at least formally to

ξ1[t, x](τ) =x +
∫ τ

t

v2(0) if ρ1(t, ξ1[t, x](s))v2(0) ≤ µ
0 else

ds, ξ2[t, x](τ) = x + (τ − t)v2(0).

This can be seen in Figure 7, too. In contrast to the local case, the characteristics do not seem to cross,
but they change their slope as soon as the shock reaches them. Note that this observation is different to
the limit η → 0 in which a convergence or even a similarity of the characteristics cannot be obtained
(as in the considered non-local model characteristics always have a positive slope in contrast to the
local models (5.1) abd (5.2)).
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Figure 7. Approximate solutions of the characteristics for the non-local model (2.2) with
η = 300.
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Figure 8. Approximate solution of the non-local buffer model at T = 2 with a finite and
infinite buffer: approximate solutions of road 1, left, of road 2, top right and the evolution of
the buffer, bottom right.

During the discussion of the limit models in Section 6.2, we also encountered specific cases of the
production model (6.1) that have not yet been studied in the literature. Therefore, we consider slight
modifications of the initial setup in Eq (6.6). In Figure 8, we consider the same situation as above, but
with an unlimited and a limited buffer of rmax = 0.15 for η = 200 at T = 2. In the latter case, the buffer
increases until about T = 1. Before T ≈ 1, the solution is the same as discussed above. Afterward the
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dynamics with a limited buffer change, which can be seen in the different speeds for the shock on the
first road. For a full buffer, the speed drops from 0.75 to 0.5. On the second road, the solutions for both
models coincide.

7. Conclusion

We presented a non-local buffer model for a 1-to-1 junction with a suitable numerical discretization.
We have proved that the numerical scheme preserves the maximum principle uniform in η. Further,
we investigated the model hierarchies induced by the non-local term. For η → 0, we can exclude
the convergence to the local model of [28], which originally inspired the non-local buffer model. We
proposed a different local model, which seems to be (numerically) the correct limit of the non-local
buffer model. Moreover, we investigated the limit of η → ∞. Here, drivers drive with constant speed
up to a certain capacity. This shares similarities to supply chain models with two processors and
one buffer. Nevertheless, the obtained limit dynamics are more general than the supply chain models
studied in the literature so far. Again, the convergence can be obtained numerically.

Future work could include proofing the existence and uniqueness of weak solutions, as hinted in
Remark 3.3 for the complete model (2.2), rigorously proofing the limits of the non-local buffer model
and extending the junction model to more complex junctions and network structures.
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