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Abstract: In this work, the analytical pricing of maximum and minimum options under the integrated
scenario of interdependent stochastic volatility and jump, and the stochastic interest rate, were inves-
tigated by means of the composite Mellin transform approach. The analytic expressions of Mellin
transform functions of the price of the maximum put option, minimum call option, and the exchange
option were derived by different partial differential-integral equations (PDIEs). Meanwhile, the explicit
price of other maximum and minimum options were obtained by means of the payoftf decomposition
technique and the parity relation of max-min and exchange options. In addition, the convergence
of solutions of PDIEs was further demonstrated by transform techniques and decomposition skills.
The simulation of the price process of two underlying assets was given to present the effectiveness
and uniqueness of the proposed model. Finally, numerical analysis was implemented to examine the
accuracy of the PDIE method and the validity of key parameters.
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1. Introduction

With the rapid development of the global financial market, new types of financial derivatives are
constantly emerging. As an important and flexible bivariate option, the maximum or minimum options
have always attracted the attention of scholars and practitioners. Compared with standard European
options, the payoff functions of maximum or minimum options are affected by the two underlying assets
that drive different stochastic processes. Therefore, the payoff structure of the option is richer, and it can
satisfy the requirement of financial investment and risk hedging for more traders. However, the pricing of
the maximum or minimum options is much more complex than the standard European option, especially
in the integrated scenarios of stochastic volatility, stochastic interest rate, and interdependent jumps.
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Because bivariate options are considered an excellent product for hedging risk in practice, their
pricing method plays a crucial role in academic circles. Following the great structure of Black and
Scholes (B-S) [1], Stulz [2] first discussed the pricing of options on the minimum or maximum of two
risky assets. Johnson [3] further studied the valuation of maximum or minimum options of several
assets. Kim [4] studied the pricing problem of exchange options under geometric Brownian motion and
provided an exact analytical solution with credit risk. However, it is ideal to assume that the underlying
assets are subject to geometric Brownian motion. On the one hand, by embedding the compound
Poisson process to the B-S model, Menton [5] pioneered the jump diffusion process to simulate asset
prices. It described the effect of rare events on asset prices through a stochastic jump. Wenhan [6]
further investigated the pricing of bivariate exchange options under jump-diffusion processes. On the
other hand, by replacing the constant volatility with the mean-revert stochastic volatility, Heston [7]
established the square-root stochastic volatility model to illustrate the leptokurtic, fat-tail, and smile
properties of the volatility rate. Based on Merton and Heston’s work, a great deal of literature has shown
that the extended and improved form of jump diffusion and stochastic volatility can effectively explain
various characteristics of option data in real financial markets [8].

However, it is very difficult to obtain the analytical solution of the improved model through the
traditional probabilistic technique [9]. A reliable alternative is the characteristic function approach or
Fourier transform. Carr and Madan [10] deduced the characteristic function of the log-price of the
underlying asset, and the asymptotic solution of the European option was obtained by the FFT for the
first time. Zhang and Wang [11] applied a similar method to derive an approximated pricing expression
of European options in cases with stochastic interest rates. Further, under the assumption of the regime-
swithing stochastic volatility model, Lin [12] and Xie [13] solved the pricing of forward options and
vulnerable options separately by establishing discounted characteristic functions and implementing the
algorithm of the FFT. A better choice is to obtain the solution to the partial differential equation (PDIE)
or partial integro-differential equation (PDIE) that the option price satisfies. Fortunately, the Mellin
transform approach has excellent performance with simplifying PDE and PDIE. Brychkov [14] provided
the general introduction on several transformations including the Mellin transform. Frontczak [15]
first applied the Mellin transform to the option pricing problem driven by the jump diffusion process.
Through single and double Mellin transform approaches, Yoon [16, 17] investigated European options
and vulnerable options under the stochastic interest rate and verified the feasibility of this method.
Further, Jeon [18] derived the analytic closed-form solution for lookback options, and expanded the
application domain of the Mellin transform. Li [19] applied the Mellin transform to the jump-diffusion
model, and presented the analytical price of vulnerable options under two jump structures.

Empirical studies have consistently confirmed that the volatility and instantaneous jump of the
two interacting underlying assets are interdependent, and the market interest rate has certain random
variability. Inspired by the above thinking, we intend to apply the Mellin transform to further explore the
analytical pricing problem of maximum and minimum options in complex cases (stochastic volatility,
stochastic interest rate, interdependent jump). It is difficult to price directly through expectation
computation with partial differential equation theory. An analytical expression of the joint transform
function for the price of two underlying assets is derived by utilizing the Mellin transform. Further,
the decomposition technique is applied to verify the property of convergence for the pricing formula
(inverse Mellin transform). On account of its availability and efficiency, this method draws special
attention of many scholars and practitioners.
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In this paper, we concentrate on the valuation of maximum and minimum options with stochastic
volatility, stochastic interest, and an interdependent jump. Since their design and proposal, maximum
and minimum options have been favored by financial practitioners and market investors. On the one
hand, they can meet the personalized needs of investors with different risk preferences in the market. For
example, high-risk-preference investors can choose maximum call options or minimum put options for
investment and trading; low-risk-preference investors can choose minimum call options or maximum put
options for investment and trading. On the other hand, for market risk hedgers, extreme value options
are powerful and reliable risk hedging tools, and they can also hedge nonlinear risks in the financial
market to a certain extent. Therefore, it is of profound significance to study the pricing problem of
extreme value options in a relatively complex financial market environment. The remainder of this work
is presented in the following order. First, the evolution mechanism of all stochastic factors involved
in option pricing is given, including the price process of the underlying asset, interest rate process,
and volatility process in Section 2. Second, the single and double Mellin transforms and the option
parity relations are used jointly to generate the analytic pricing formula for the above options and the
absolute integrability of solutions is demonstrated by a decomposition technique in Section 3. Third,
numerical experiments are designed to examine the uniqueness of price model and the stability of the
Mellin transform in Section 4. Finally, a summary of this study is given in Section 5.

2. Model formulation

In this section, we use the framework of the interdependent stochastic volatility jump-diffusion model
for maximum and minimum options but replace the constant interest rate by the stochastic interest
rate, and replace independent with interdependent jumps. Meanwhile, the partial differential equation
satisfied by the option price is derived below.

2.1. A brief description of the price dynamics

Let §;(i = 1,2) be the values of the underlying assets at time #. Under the no-arbitrage condition
and risk-neutral measure P, the price of assets S, consists of three components: the drift term r,dt of
the risk-free interest rate, the It6 integral term o-; \/v:dW;, of stochastic volatility, and the compensatory
compound Poisson process term (e’ — 1)d(Ny; + Ny,) — (Ao + A;)m;dt of stochastic jumps, satisfying the
following stochastic differential equations:

das

3 U = (= (Ao + A)my)dr + o VidWy, + (e’ = Dd(No; + Nyy), (2.1)
It

das

3 2= (1= (Ao + A)my)dt + o) VidWy, + (e” = D)d(Ny, + Ny), (2.2)
2
dv, = k,(0,—-v)dt+ o, \/V_,dWV,, 2.3)
d}"t = kr(gr - }"t)dt + O-rdWrt~ (2.4)

where r, is the riskless expected return rate of the two assets and v, is the stochastic volatility rate of the
two assets. r, and v, are the processes driving the mean-reverting rate. Here, we have o-; (the coefficient
of volatility of §;,’s return ), k, (the coefficient of mean-reversion speed of the interest process r; ), k,
(the coefficient of the mean-reversion speed of the variance process v,), 6, (the coefficient of the mean
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level of the interest process r; ), 0, (the coefficient of the mean level of the variance process v;), and
k,6, > . The correlation structure of the Brownian motions involved in the above model is given by
d{Wy,, W) pr2dt,
AWy, W) pndt,
d{Wa, Wyr) = paudt,
AWy, Wy) = d{Way, Wy) = d{W,, W,;) =0,

A;(j = 0, 1,2) is the intensity of the Poisson process N, m; = E[¢’ — 1](i = 1,2) is the average jump
amplitude of the underlying asset price process S ;. The joint jump vector (Ji, J») is independent of all
Brownian motions (Wy,, W, W,,, W,,), Poisson processes (N, Ni;, Ny;), and vy, r,. To characterize the
interdependence of jumps, we assume that the jump vector (J;, J,) follows two possible distributions.
Situation 1 is that the jump size (J, J») is subject to joint log-normal distribution N(u1, ;075 , 07 3 p);
Situation 2 is that it is subject to joint asymmetric double-exponential distribution [20] with the following
marginal density and distribution functions:

1.(x) = pi&ie®™ 1) + qimie " sy pi + qi = 1,mi > 1,& > 0,

Fu(x) = pie 1peoy + (1 = qie ") punop pi + i = 1.

Since the analytical density and analytical expectation of the double-exponential jump distribution do
not exist under general correlation, in the following chapters of this paper, we derived the analytical
expectation formulas for the double-exponential jump distribution in three special cases (perfect
positive correlation, independence, and perfect negative correlation), providing the upper and lower
bounds for pricing the extremum options under the double-exponential distribution. Notice that the
interdependence of the double-exponential distributions will be further clarified in the next section of
this paper. Meanwhile, in this paper, the two types of jump distribution functions are used separately
and not in combination.

2.2. PDIE of maximum and minimum options

In this work, the payoff function of maximum or minimum options is given by 4;(S 17, S>r). The
payoff function of the maximum (call and put) option is given by

h(Si17,Sar) (max{Sr,Sr} —K)+,
ho(Sir,S2r) = (K- maX{SlTaSZT})+-

Similarly, the payoff function of the minimum (call and put) option is given by

h3(Si7,S2r) = (min{SlT’SZT}_K)+,
ha(S17,S2r) = (K —min{S7,Sr})".

The payoff function of the max-min option is given by
hs(S17,S2r) = max{Sr,Sor} — min{S 7, Sor}.

Without loss of generality, let P(z, T'; r) denote the value of a zero coupon bond at time 7 paying one unit
at the maturity 7', and then define P(z,T;r) as

P, T:r) := E9e } |, = 1. (2.5)
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Lemma 2.1. Suppose that the dynamics of process r, is a mean-reverting process given by Eq (2.4), and
then P(t,T;r) is given by

P(t,T;r) = 5OHFOr, (2.6)

where v =T — 1, Ex) = —0,(F(1) + 1) — Z2F2(1) + Z5(F(1) + 1), F(x) = (™" = 1). Meanwhile, the

conditions for the boundedness of the expression P(t,T,r) are k, > 0 and 6, > 0.

Proof. If the interest process r, is a mean-reverting process driven by Eq (2.4), then from the Feynman-
Kac formula, the zero coupon bond price P(¢, T; r) satisfies a partial differential equation given by

(t=T-1

~rP =L 4 (6, - N + 15228 = 0

with the boundary condition P(7,T;r) = 1.
Assume that P(¢, T; r) is of the form P(¢, T; r) = eF@*F " Then, we obtain

OE _ 1
a—f = k6. F(7)+ EO'EFZ(T),

% = —kF(r)-1

or

with the boundary condition £(0) = F(0) = 0. Their solutions are given by the above Lemma 2.1.
From the pricing formula of zero coupon bonds P(t, T'; r), the condition for the boundedness of

P(t, T; r) can be obtained as the boundedness of E(7) and F(7). k., > 0 ensures the boundedness of F(7),

and 6, > 0 ensures the boundedness of E(7). O

According to the principle of risk-neutral pricing, the option price P(t, sy, 52, v, r) is defined by
T
P(t7 81,82, V, r) = E[e_j; rSdSh(S]Ta’SZT)lSlt = S1’S2[ =8,V =V, It = r]'

Theorem 2.1. If the prices S 1;, S 2, of the two assets follow Eqs (2.1)—(2.4), P(t, sy, s2, v, ) satisfies a
partial differential-integral equation given by (1 =T —t)

Lr(r—(o+ /11)m1)S1 -+ (r= (Ao + ﬂz)mz)sz -+ k(6 —

20°P 2P |1 il 2(’)2P
+k,. (0, — r) + 0' VSios > + O'ZVSZ(a 2 + z(rvv‘a—z + 30,55
P 9P P
PO 102V S2 557 + PLO IO,V 5rge + Pu 020 VS2 e (2.7)

+LE[P(t, 1", 52,v, )] + LE[P(1, 51, s2¢", v, )] + A E[P(t, s1€”', s2¢”,v,1)]
—(r+/lo+/ll +/12)P:O
with the initial condition P(T, sy, s,v,r) = hi(s1, 82), i = 1,2,3,4,5.

Proof. As is well known, the discounted price of financial derivatives is a martingale. According to the
Ito formula,

de b P, 51, 5, v, 7))
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= P(t,s1, 82, v,r)de” Jyreds +e” b rstdP(t, S1,82,V,T)
' oP oP 0
= e h B P, 51, 50,0, 7) = = + (r = (Ag + A)my)s1— + (r = (Ao + Ax)my) sy —
or 05 0s;

0P 1, S0P 1, LGP 1, P 1 0P

+k, (6, — V)E + k. (6, — )— + 20'1VS1 PE: + 20-2\;sZW + 20-V 57 + 301
N O*P N O*P N O*P dr
O107VS1S VO 1O, VS VOO, VS) ———
P120102VS] 2651&?2 P10 laslﬁv P2,02 28s28v

: dP P 9P P
e~ h (0 N T—d W, + 0y VWi —dWa, + 0y N —d Wy + 0, N d W)
dsy s, ov or

't
+e b (Pt s1e”, 526", v, 1) = P(t, 51, 52, v, 1)d N,
+e b (Pt 517, 52,v, 1) = P(t, 51, 52, v, ))dN),

f
+e~h (P, 51, 526", v, 1) = P(t, 81, 52, v, P))dNy,

. oP oP oP
= e_fo rsds (}’ + /10 + /11 + /lz)P - a— + (I" - (/10 + /l])ml)Sl— + (I" - (/10 + /lz)mz)SQ
§2

P 1 , PP 1 , ,8P 1 , PP 1 ,0°P
+"v(9v‘”a+"r(9r‘”5+5“1”15z*2“2”252 ML L
o*pP . o*pP . P

yO10,VS yO 20, VS
05105, | POIIVSIG gy T PRI e

+LELP(t, s1€”,5,v, )] + LELP(, 51, 526", v, )] + WELP(t, s1¢”, s2¢,v, )] di

+0120102VS1 82

: JP JP P P
+e™ b (o) AW d Wi, + 03 Vi m—dWa, + 0, AV d Wy + 0 AT d W)
ds s, ov or

+e b nds(P(t, s1e’t, s2e”, v, F)ANy, — AWE[P(t, s1e”, s2e”, v, r)]dt)

+e b rsds(P(t, s1€’!, 55, v, ANy, — LE[P(t, s1€”', 5, v, r)]dt)

+e b $AS(P(t, 51, s, v, )Ny — LE[P(t, 51, $2¢”2, v, r)]dt)

—e b ndSP(t, 51, 82, v, 1)) [(dNo; — dodt) + (dNy, — A1dt) + (dNo, — Ard1)] .

Finally, since the Ito integral, the compensating Poisson process, and the compensating compound
Poisson process are all martingales, the core content of the theorem can be derived. O

Unfortunately, the direct Mellin transform of /(S 17, S 27), h4(S 17, S 27), and hs(S 17, S »7) does not
exist. In order to price these options, it is required to price the exchange option with the option parity
relation. Considering that he(S 17, S27) = (S17 — Sor)" and h7(S 17, S2r) = (Sor — S17)" have the linear
property, i.e., he(S17,S2r) = Sarhe($L, 1) and hy(S 17, S2r) = Sorha(1, L), let

Z, = S 1z o S1 5
Sy’ 2
and then, according to pricing unit conversion technology, we define and derive the exchange option
price P(t, sy, s, v, r) given by

T
P(t,51,50,v,7) = Ele b (S0 = Sar) ISt = 51,82 = s3,v, = v, 1y = 1]
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S2EP((Zr = DYNZ = v = w1 = 7]

sap(t,z,v, 1),

where the measure transformation is

Sor/Sor
efOT )'Sds/efot rsds

= exploy [ VIdWa, — 102 [T vids + [ LdNog + Nay) = (Ao + )mo(T — 1))
T T Nor 1y 2 ()
= explon || VWidWa — 303 [ vids) - exp{(do — dg(my + D)(T — 1)} ] Atz

@| _
ap 171 —

i=No+1
Nr A (mp+1) %ﬂh)
-exp{(dz — d2(my + DT - )} }/—[ R )
=N+

Under the new measure P,, Wzi = Wy — fot 02 \/Vsds is a standard Brownian motion, the intensity of
the compound Poisson process Ny, is Ag(m, + 1), the intensity of the compound Poisson process Ny, is
Ay(my + 1), and the jumping amplitude follows the probability density eil f(x).

my

Theorem 2.2. If the prices S 1;, S »; of the two assets follow Eqs (2.1)~(2.4), p(t, z, v, r) satisfies a partial
differential-integral equation given by (t =T —t)

9 9 5
—a—i + ((/10 + /12)1”)’12 — (A + /ll)ml)za—’; + %(O’% - 2p120'10'2 + O'%)\/‘Zza—zé7
i 1 i i 1 _2&
+(k,0, — (ky = P22 )W) E + 30005 E + k(0 — NG + 30755

(2.8)
+(pno — p2v0-2)0-vVZ% + M E[p(t, ze”t, v, 1)] + LE[e”p(t, ze™", v, 1)]

+/10E[€J2p(t, Z€J1_J2, v, }")] — (/7.0 + 4 +A+ (/10 + ﬂz)mz)p =0
with the initial condition p(T,z,v,r) = he(z, 1) or hy(1, 2).

Proof. First, under the risk-neutral measure P, by applying It6’s formula to derive the stochastic
differential equation that Z; satisfies, we obtain

dZ, = $-dS, - g—gdsﬁ + g—é’dSz,dSZt = 5z dSydS
= Z[(r, = (Ao + A)m)dt + o AWdWy, — (r, — (Ao + A)mp)dt — 05 AV, dWo, + 05 v,dt

—p1o10ovdt] + Z[(e” 2 = 1)dNy, + (e’ — 1)dNy, + (72 = 1)dNy/]
= ZA[((Ag + A2)my — (Ag + A)my)dt + 02(02 — proo)vidt + o AWV AWy, — 03 A\VidWo]

+[(e”t™2 = 1)dNy, + (¢’' — 1)dNy, + (e™2 — 1)dNy]}.

Based on the relevant equations of Brownian motion, that is, d{Wy;, W,,) = p.dt, d{Wy;, W,;) = p1,dt,
d{W,,, W,;) = pa,dt, we can quickly obtain the following decomposition:

_ _ _ \/1 ~ Pl = PL, = P35, + 20102010 _
War, Wiy = praWart J1 = o3, Wi, Wy, = szW2z+plv papi Wi+ Wi

\/1 - Ph \/1 = Ph
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Immediately afterward, under the new measurement P,, it can be concluded that
dw,, = dWZl + 0> \/\Zdl‘,
AWy, = p12dWy + p1aos Widt + 1 - P%gdﬁ/n,
dw,, = vdﬁ/ + 02,0 AVt + PLv=P2v012 dW + ‘/1 Pl =PL, P2, 2P 1P2P1 dW
t P2 2t T 020072 \/_I m m

By substituting it into the stochastic differential equation satisfied by Z, and v,, we obtain

dZ, = ZA{[((Ag + A2)my — (Ag + A )my)dt
+01207 \/V_tdW% + \/1 _P%szl \/V_zdﬁ}lz — 0 \/V_tdWZt]
+[(e"™2 = 1)dNy, + (¢ = 1)dNy, + (72 = 1)d N1},

dvi = k(6 = v))dt + pa, oo, vidt + po, oy VAW, + Vel VdWi,
12

1-p1, =01, =3, 2010020012 =
P LI g,
P12

Finally, according to Ito’s lemma, the differential form p(, z, v, r) satisfies is

d(p(t,z, v, 7))

dp op 1 ,0°p
= _E +((/10+/12)m2—(/10+/11)m1)za—z + E(O'l 2p120'10'1 +0'2)Z a >
0 1 O°P 0 1 82
+ky((6, = V) + P2, 0207,Vy) a]j + chfvﬁ + k.0, — r)a—]; + 50’, 52

2
P

vO'1 — P2y02)0,VZ dr
(P1vO1 — P2,072) 8z6v]

0 —
+(oy \/\Tza—id(pldeZzﬁL\/l P2, dW,) — (mF dwsz,x/ﬁ dWr»

\/1 _pIZ —plv —pZV + 2P1vP2v,012d~

O PP 4, + W)

\/1 - P \/1 - ph
+(p(t, ze" 2y, r) — p(t,z,v,r)dNy + (p(t, ze’ v, r)— p(t,z,v,r))dNy;
+(p(t, ze v, r) — p(t,z,v,r))dNy,

0 —
+0, Vv, _6p d(02,dW>, +
\%

0 0 82
_ _a_’T’ + (o + Do)ma — (A + Al)ml)z—lz’ + 500} = 2000107 + NP5
o*pP 0 1 ,0?
+k,((6, = V) + p2,020, V) — » Py 20'va + k. (6, — )6_1; + za’fa—}f
2
(P11 = PrO2) O VI + L EP [ p(t, 26", v, 1)] + Aa(ms + DE [ p(t, 27, v, 1)]

0z0v
+Ao(my + DEP[p(t,ze" ™, v, )] = (Ao + A1 + Lo + (1o + @mz)p] dr

g _ _
+(oy \/v‘,a—’z’dmzdwz,+ 1 = p%dWy,) - crz\/_ dW2,+<r,x/r‘, dWr»
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_ _ \/1 - pf2 —p%v - pgv +2p102012 _
Py szP12dW1t + dw,,)

\/1 - Ph \/1 ~ P
+(p(t,ze" 72, v, r)dNy, — Ag(my + DEP[p(t, ze” 72, v, r)]df)
+(p(t,ze", v, r)dN,, — L, EP[p(t, ze”", v, r)]dt)
+(p(t,ze ™2, v, 1)dNy, — L(my + DEP[p(t,z¢72, v, r)]d?)
—p(t, s1, 82,v, 1) [(dNo, — Ag(my + 1)dt) + (AN, — A1dt) + (AN, — (my + 1)db)] .

0 —
+0, \/V_ta—id(pzvdWZt +

Based on the relationship between the risk-neutral measure P and the new measure P,, the following
equation can be derived:

MEP[p(t,ze" v, 1]

/12(m2 + 1)EP2 [p(ta Ze_Jz’ v, 7")]

Ao(my + DE™[p(t,z¢"~2,v,1)]

/llE[p(t’ Zejl 5V, r)]a
/lQE[ehp(l’ Ze—sz v, r)]a
do(my + DE[e” p(t,ze" ", v, 7).

Finally, since the Ito integral, the compensating Poisson process, and the compensating compound
Poisson process are all martingales, the core content of the theorem can be derived. m|

3. Option price formulas

In this section, we solve the above PDIE by using the Mellin transform method. Let f’(t, Ui, Uz, vV, 1)
and p(t, u, v, r) be Mellin transform functions of P(t, sy, 52, v, r) and p(t, z, v, r), respectively, so that

+00 +00

Pt uy, up,v,r) = f f P(t, 51, 52, v, 1)s% " 5527 ds s, (3.1
0 0
+00

Pt u,v,r) f p(t,z,v, 17" dz, (3.2)
0

where uy, u,, u are complex variables.

The reason why the Mellin transform is indispensable in the pricing of maximum and minimum
options is that the Mellin transform does not exist for the prices of many other exotic options, while
the compound Mellin transform of maximum and minimum options maintains continuous existence,
which is a concentrated characteristic not possessed by other options. Additionally, compared with
traditional characteristic functions or Fourier methods, the operation of the Mellin transformation is
easier. This is mainly reflected in the following two aspects. The first aspect, when applied to complex
options like maximum and minimum options, is that the characteristic function or Fourier transform
methods require the construction of multiple different and complicated new measures, and also need
to utilize the transformation relationship between the characteristic function and probability, making
the representation of option prices relatively complex. However, the result of the Mellin transform is
relatively simple. The second aspect is that the Fourier method generally requires the construction of
an appropriate fast Fourier transform algorithm, but due to the fact that the Fourier transform of some
functions does not exist and a damping coefficient needs to be added, the algorithm needs to consider
more issues. The Mellin transform does not require too many operations. It only needs to consider
the specific integral truncation interval. Therefore, from the implementation perspective, the Mellin
transform has simplicity and an ease of use.
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3.1. Some key theoretical preparation

First, we have the Mellin transforms of expectation terms.
According to the interchange property of integration, we have

+00 +00
J u—1 _wup—1
J(‘) N E[P(t, s1€", 55, v,r)]s]" s,> dsids,

+00 —+00 -1 —1
E[f0 , P sie’l, s, v, r)sy' T sy dsids,]

+00

—uyJ eroo
Ele b b

E[e™P(t, uy, u, v, 7).

P(t, s1e”t, 53,v, r)(s1€")1 7 5% d(s1€”)d 5]

Similarly, the other equations are given by
[ [ ELPG % wlsoTlds ds, = E[e 1P
b o s S1, 827, v,0)]s) sy dsidsy = E[e” PPt uy, ua, v, 1),
f0+°° Om E[P(t, s1e”t, s2e”,v, )]st s~ ds\dsy = E[e™ 17221 P(t, uy, un, v, 1),
f+OOE[ t. el u=14, — Ele~*11H
b Elp(t,ze™,v,n]z" dz = E[e™]p(t, 2, v, 1),
I Ele”p(t,ze, v, e 'dz = E[e“ D2 ]1p(t, z,v, 7),
J(;+oo E[erp(f, Z€J1_Jz, v, r)]Zu—le — E[e_ujl+(u+l)12]ﬁ(t, v, r)_

Second, we have the Mellin transform of different payoff functions.
When P(T, sy, 55, v, 1) = hy(s1, $2), then there is

" Ku1+u2+l
P(T,uy,up,v,r) =

R R .
uiuo(uy + us + 1) e(uy) € (0, +00), Re(uz) € (0, +00);

When P(T, si, s2,v, 1) = hs(s1, $2), then there is

uy+uy+1
K

P(T’ Uy, Uz, v, r) = - Re(ul) € (—OO, _1), Re(l/lz) € (_007 _1)’

M]Mz(bl] + U + 1),

When p(T, z,v,r) = he(z, 1), then there is

1
ﬁ(T’ u,v, r) = M(I/l + l)aRe(u) € (_OO’ _1)’
When p(T, z,v,r) = h;(1, z), then there is
(T 1t,v.7) = —— Re(u) € (0, +o0)
r) = u o
p ,u7 V’ I/t(l/t + 1)7 e R D)

where Re(-) represents the real part of a complex variable.
Notice that the above four payoff functions can be directly solved by single and double Mellin
transforms. However, when P(T, s, 52, v,r) = hi(s1, $2), ha(sy, $2), or hs(s, s3), then the Mellin
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transform functions of P(T, sy, s», v, r) do not exist. It is required to combine the Mellin transform with
the price of exchange option. The parity relation of the max-min and exchange options is given by

hi(s1,82) = hao(sy, 82) + he(sy, 82) + 52 — K;
ha(s1,82) = hs(sy, 82) + he(s1, 82) + K = s1;
hs(s1,82) = he(si, s2) + hi(s1, $2).

(3.3)
(3.4)
(3.5

Third, we have the expectation Expectation computation under two different jump dependence

distributions.
If (Jy, J) is subject to joint log-normal distribution, we have

1.2 2
—u J —Hiu1+505 U
E[e™'] =e 200
1.2 2
—un J —MpuUp+ 507 U
E[e™2] =e 20,
E[e_uljl _uzjz] e—(y1u1+yzu2)+%(a'3] u%+2pj(r]l 0']2u1u2+a'32u§).

If (Jy, J) is subject to asymmetric double-exponential distribution, we have

Ele™/1] = £5- 4 (M, —py < Re() < &,

Ele™] = 225 + 2%, < < Re(o) < &

Case 1. (Jy, J,) is an independent structure, and then

—uyJi—uzJy] — (_Piél qim P2&2 12
Elem 2] = (é’l—ul ni—uy )(fz —up 772 Ltz)

Case 2. (J1, J») is a completely positive dependent structure, and then
when p; > p,,

ul Ml u2 ul u2
—urJi—up 21 — (PLNE P2é1&2 _ z
Ele 1= gt P 4 f (1 —x) dxmdx
uz
2N\, qunm Re(uy) , Re(up) Re) | Retwy) o _ 7.
+( ) 27717]2+u1772+u27]1 & + & <L n m > =1

when p; < p,,

—urJi—uz o] — &Z“ Pi&1& & 171 _ —;*2 ,L;I
Ele ] ( )zflfz —uiér— uzc‘fl f (1 X) 2 dx
ul
QN7 g2 Re(uy) | Re(up) Re(u;) | Re(up) 1.
( ) IT]lTIz+M1772+142771’ & + & <1 ull + m > =1
when p; = p,,
—upJi—uzJa] — Pi1&1& q2m11m2
Ele | &1&r—mbr—uré) + mmtuinatuzn’
Re(uy) + Re(uz) <1, Re(uy) + Re(uz) -1
& & m m :

Case 3. (Ji, J») is a completely negative dependent structure, and then
when p; > ¢,
Ltl Ll2

i —wada] — (DN F i
Ele™ "] = (L) & o bl 4+ pl pp [P(1 =) xR

ul
LN"F 92611 Re(u1) _ Re(u) Re(u1) _ Re(w)  _ 1.
+G) l§|772—Lt1772+u2§’1’ ¢ m <l m & > -1

(3.6)

(3.7

(3.8)

3.9

(3.10)

(3.11)

(3.12)
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when p; < ¢,

o _n uj uy

Ml 2
—ut/imip ] — (LT Pamé "g," fqz — X)) xm
Ele ] (172) mé&x+uréo—urm T4, 9 P (I =x)mxmdx

(3.13)
Ll2
2N\ P& Re(ui) _ Re(up) Re(u;) _ Re(ur) . _ 1.
+(P1) " Sim—uimtuéd)’ & m <L i & > =L
when p; = ¢,
—upJi—uaJa] _ P2mé Pi&1m
Ele 1= mé&+ui&r—uzn &im—umm+tuxéy’

(3.14)

Re(uy) _ Re(up) <1, Re(u1) _ Re(up) > —1.
& m n &

Notice that the above Eqgs (3.9)—(3.14) are proved in the Appendix. Due to the complexity of the
double-exponential distribution, it is difficult to give specific analytical expressions for other types of
dependence structures.

3.2. The solution of Mellin transform functions

Lemma 3.1. Let A, B,C, E be constants, and A # 0,B> — 4AC # 0. Then the following ordinary
differential equations

dy 2

— =Ay"+By+C,

ax TR (3.15)
y|x:0 =K

have the solution that
E-y dx
y= VTV (E =y = (- yyae®
e E—y)—(E —ye

where

-B+d -B-d
d = VB? —4AC, = , = .
Y1 A 2 A

Proof. Because of the condition B> — 4AC # 0, obviously, the inequality y; # y, holds. Furthermore, at
least one of y; and y, is not equal to E. Let us assume that y, # E. Since

Ay + By + C = A(y — y)(y — ),

then, when y # yq, v,

1
dy = Adx,
O =yDQ@-y2) Y *

and when y # 0, integrating both sides of the equation gives

1 1 Yy—W
n
Yi—=Y2 Y=

=Ax+ D.
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Here, D is a constant. From the above equation, we can obtain

YTV oDO1=y2)gAx(i-32)
Y=

Let ¢ = P12 Considering that A(y; — y,) = d, then

Y=Y ux
= ce
y—>y2
Therefore, we can obtain
_ Y1 = yce®

Since y, # E, it follows that y = y; is not a solution to Eq (3.16). If ¢ = 0 is allowed, then when
¢ =0, y = yy, this equation is the general solution of differential equations. Using the initial condition
Vl=0 = E, we can solve for the constant ¢ = % Substituting this into the equation gives the solution
to differential equations as

E-y dx
R = e VB o 1)
1- %e‘b‘ E—y,—(E—y)e¥
The lemma has been proved. O

According to the above three steps, full preparation has been made for the subsequent work. Next, in
the following Theorems 3.1 and 3.2, we will obtain the solution P(l, uy, Uy, v, r), p(t,u,v,r) by variable
substitution and differential equation techniques, respectively.

Theorem 3.1. A solution ofls(t, up, U, v, r) is given by
P(t Ui, iy, v r) — ﬁ(T Uy, iy, v r)eF(ul,uz)T+A(T,u1,u2)+B(T,u1,uz)r+C(‘r,u1,u2)v (317)

where T =T —t, F(uy, u), A(T, uy, up), B(t, uy, uy), and C(t,u,, u,) are given by
F(uy,uz) = —(1 = myuy — mouy — E[e™ 7222y — (1 — myuy — E[e™7'])A,

— (1 = myuy — E[e™"]),,

A(t,up, up) = Ay(T, uy, up) + Ax(T, uy, up) + As(T, uy, up),

A u,up) = F(1 = e — o)1+ uy + up),

2
(=3 = e+ 46T 1+ 2k )(1 + uy + wp),

k6, 1= g1y up)e® 14207
ATy, ) = S5 [(blur, ) + 8(ur, u2))T = 2 In(FEEEBE )],

e

Ax(t,up, up) =

B(t,uy,up) =

L1+ uy + wo),

_ b(uy,up)+6(uy,uz) 1—efluyup)T
C(T7 ul ) u2) - 0_2 ]_g(ul’uz)eﬁ(ul,uz)r )}

b(uy,uy) =k, + p1,o 10Uy + P2, 020Uy,

c(ur, ) = our(uy + 1) + 2p1po10auguy + 05ur(uy + 1),

by ) +6(ur,
S(ur, uz) = b (ur, up) — 07 2c(uy, uz), g(uy, up) = %
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Proof. From the property of the double Mellin transform, we can obtain

~L 4k (6, - L

+{=(1 —mu,

o2 &P 1.2 8P
0,57 + (ko, = (k, + pryo10u +p2v020'vu2)v) 4 20V

— Mty — E[e_”'J'_”zh])/lo — (1 = muy = E[e™" DAy = (1 = myuy — E[e™*"])4,

—(1+u +u)r+ %(oﬁul(ul + 1) + 2p 0 100uy s + 05ux(up + DIP =0,
with the boundary condition f’(T, Ui, Uy, v, 1) = il(ul, u).
We use the following change of variable,

P(t,uy, up, v, 1) = P(T, uy, up, v, ) exp{F (uy, u2)}O(t, uy, a, v, 1),

and substitute it into the above PDIE. Then, the PDIE problem becomes a problem for Q(t, u;, u», v, r)

as follows:

il 80
—% 4 k(0, - DL +

A

+{=(1 + us + w)r + (3 (uy + 1) + 2p1o0ouiuy + 03w (ur + VIO =
with the boundary condition Q(T, up, Uy, v,r) = 1.
Next, we assume that Q is of the form

Then, A(t, uy, us), B(t,uy,u,), and C(t, u, uy) become solutions of Riccati differential equations

9A
ot

9B
ar

ac
ar

Ot uy, 1z, v, ) = explA(T, uy, ur) + B(t, uy, uy)r + C(T, uy, u)v).

= k0,B(t, uy, ) + 307 B*(1, 11, 1p) + k0, C(T, 1, u2), A(T, 4y, 1) = 0
= —k,B(t, iuy, uz) — (1 + uy + up), B(t,uy,u2) = 0

= 102C% (1, w1, u2) — buy, u)C(x, uy, 1) + Sc(uy, up), C(t,uy, 1) = 0

respectively, whose solutions are given by the above.

Theorem 3.2. A solution of p(t,u,v,r) is given by

ﬁ(l u. v I’) — ﬁ(T u. v r)eF(u)T+A(T,M)+é(T,Lt)V+C(T,M)V

where T = T —t, F(u), A(t, u), B(t, u), and C(t, u) are given by
F(u) = —(1 + my + (my — m)u — E[e™/* D220 — (1 — myu — E[e™/']) A,

— (1 +my + myu —

E[e"*D2]),,

A(t,u) = A\ (1, u) + Ay(t, u) + A5(1, u),
Ai(t,u) = Ay(t,u) = B(r,u) = 0

Su)r

Ax(z,u) = B2 1(b(w) + ST - 2 In(FEE)],
b(u)+5(u) St

C(T l/t) - (] g(u)ez)(u)‘r)

b(u) = (P2v0'2 = (o101 — puo)U)T,

c(u) = (0'1 — 20120103 + Gz)u(u + 1),

8l = \JBw) — o2é(w), gu) = Kb,

Proof. The proof of this theorem is similar to Theorem 3.1.

Electronic Research Archive
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30,52 T (k0, — (k, + pruo10 UL + 2,020 W)V) 55 + 30,V 55

(3.18)
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From inverse transform of the Mellin transform, we obtain

1 Cp+i00 C1+ico .
P(t, 51, 82,v,7) = Wf . . P(t,uy, uz, v, r)s," s, durdus, (3.19)
1 C+izoo I
pt,z,v,r) = | pt,u,v, )z "du. (3.20)

3.3. The convergence of the inverse Mellin transform

In the following Theorems 3.3 and 3.4, we will check that the right-hand sides in the above Eqs (3.17)
and (3.18) have the rigorous solutions of the proposed PDIES (Eqgs (2.5) and (2.6)) and prove their
convergence to the left-hand side by term-by-term decomposition and an equivalent infinite-small technique.

Theorem 3.3. Let ¢; and ¢, be real numbers such that
E[e—clJl] < 400, E[e—czh] < +00, E[e—ClJI—CZJZ] < +00,

and then the rigorous solution to the above PDIE for maximum or minimum options at any time t < T is
given by

oy +i00 C1+ico

P(t, 51, 82,v,1) = ﬁ L_m . P(t,uy,us, v, r)s; " sy duydus. (3.21)
Proof. According to the inverse of the Mellin transform, it is easy to see that the boundary condition
P(T, sy, s2,v,1) = hy(s1, 52) or h3(sy, s2) holds. Next, we will finish the proof in two sections.

On the one hand, we prove the absolute integrability of P(¢, uy, uy, v, r).

First, the following change of variables is used to P(t, uy, u, v, r), thatis, u; = c; +idy, u, = ¢ + id,.
Then, we obtain

1 C+i00 Cl1+i00 A —uy —in
g fcz_m fq_l,w P(t,uy, up, v, r)s "' s, 2 duyduy

= o [ [0 P(T.c +idy, ¢y + idy, v, 1) exp{F(c) +idy, c3 + idy)T + A(t, ¢y + ichy, ¢ + icly)

+ B(1,¢1 +idy, cr + idy)r + C(t,¢; + idy, ¢y + ida)v)s; " ™ 5,7 dd,dd.

Second, we prove the boundedness of terms P(T,u;,u,,v,r), e @)t gAimunin) phrmuu) = and
eB(T,ul Ju2)r

(1) The boundedness of P(T, uy, uy, v, r).
According to the absolute value inequality for the integral, the following inequality holds:

\P(T, ¢, + idy, ¢y + idy, v, 1)

+oo rtoo 1+id =1 _c1+idy -1
Ly o s s)si T s s d s

IA

+ + id— id, —
© 0 h S1, 52 sC]+ld1 lsc‘1+td1 1ds1ds2
0 0 1 2

= P(T,cr,c2,v,7).

So P(T, c1, a2, v, r) is the boundary of ﬁ(T, Up, U, V, 1).
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(2) The boundedness of ef@1:#2)7 A1TuLw) and eBTu M |

It is easy to see
Re(B(t,cy +idy, cr + idy)) = B(t,cy,c2),
Re(A(t,c) +idy,cr +idy)) = Ai(1,c1,¢2),
Re(F(cy +idy,c; +idy)) < F(cy, ).

So it is clear that /147 A1) “apd eBTuiu2r haye a limit boundary.
(3) The boundedness of eA2(T#12)
Notice that

Re(Az(T, c| + idl, c) + ldz))

= Z [T -t OPdw (1 + e+ e =~ (d +d))

< A2(T’ cl9C2)'

So e2(m¢1:2) ig the boundary of eA2(m#1:42),

Third, we prove the boundedness and absolute integrability of e€(™1:42)” and eA3(Tui-u2),

1) The absolute integrability of ¢C@1:42),

According to the above equation and the conjugate property of complex numbers, the following
equation is given by

ac 1, .1 i,
o Eaﬁcz = b, 1)C + S (i, i), C(0) = 0.
Denote Re(C) = % the imaginary part € = Im(C) = % and arrange the above equation to yield
ORe(C 1 1 1
;( ) _ EafRez(C) — b(cy, c2)Re(C) + EC(CI’CZ) - 51(8),R€(C)(0) =0,
-

with
l(e) = 0'582 - 2(p1,010,dy + pr,000,dr)E + O'fdf + 2p1,00,d\ds + o’%d%.

i) Analyze the change law of function /(g).
By calculating

Adi,dy) = 4p1,010d) + pr0a0,da) — 4o (0d; + 20120 102d1dy + o1d5)
4((p7, — Dotdy + 2(p1p2 — p12)o10adids + (05, — Dosds),

gTAl _ g2 1, — Dot (PP — P10y || di
" (ewpy — p12)o102 (03, — Do d,

PA 9A
od? 0d\dd,
PA A

ddiddy  ddy
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%v - 1)0-% (plvav _p12)0-10-2
(1P — P12)T 1072 (3, — Vo3

Then we have det(A) = 80"vL det(p) > 0, A(d,,d,) < 0,Vd;,Vd,, and the following conclusion
V(d,,dy) = minl(e) = (1 — p},)ord; — 2(01,02 — p12)0102d1ds + (1 — p3 )o3ds > 0.

ii) Analyze the structure of function Re(C(t, uy, us)).
It is clear that Re(C(t, u;, uy)) also is solution of Riccati differential equations. So we have the
following result:
b(Cl, 62) + 6R 1- €6RT

Re(C(t,c) +id,, ¢y +idy)) = ;
e(C(t, ¢ + idy, c3 + idy)) p= T gt

where

b+ 6p

r = \JBer.en) = oieler,e) ~ ) = JBerer) —le(eren) + o(e).gr = ;s

Obviously, 6 > \/6(cl,cz)2 +02V(d,dy). So when d; — +oo or d; — =oo, then V(d,,d,) —
+00,0g — +00. Notice that Re(C) is a continuous function with respect to g , and og — +00, Re(C) —
—o0. So it is clear that eR(C(m142) j5 a bounded continuous function with respect to d;, d,, and when
dy, — %o or d, — +oo, then eReCTmm1)Y

iii) Prove the absolute integrability of ™12,

By applying the equivalent infinitesimal theory in calculus, the following equations are given by

— 0.

5 2b(cq,c9)=0R v
Re(C) ~ 2, k@ o o= A ",
v

dy — +o00, dy — *o0.

2b(c1,c2)=6R
So the absolute integrability of eR“C)" is the same as e =&
Further, in light of the three following equations:

ey )0k 2b(ey.cp)- Vo3 V(| dy) v

e 7 <e o ,
oo oo 2b(cy ,(?2)—(7'; VV(dy.da) v
[ [ e ddydd, < +oo,

2b(cy,cp)-0y \V(d].dyp)
+00  r+00 — > Vv
d'd"e 5 dd,dd, < 40,
—00 1 2

—00

then the absolute integrability of e“™*#2) is verified.
2) The boundedness of ¢4,

In consideration of the continuity and convergence of ef¢“s(@uu2) and
T
Re(As(t,u, u)) = k6, f Re(C(w, uy, uz)))dw,
0
it is clear that eR¢3(u-u2) hag a limit boundary.
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To sum up the above results, we obtain
1 Ccp+ico  pept+ico A —u; —up
w7 L b P w2, v, )" s, duydus|

1
< (2m)?

717 explRe(As(t, ¢ +idy, ¢ + idy)) + Re(C(x, ¢, + id), 3 + idy))v)dd,dd»

P(T, c1,c2,v,7)57" 5, exp{F(c1, 02)T + Ai(T, 1, ¢2) + Ax(t, €1, ¢2) + B(x, ¢1, 02)1}

< +o00.

On the other hand, we prove that P(t, u, u,, v, r) satisfies the PDIE.
In the light of the differentiation theorem of a parametric integral and substituting P(t, u;, us, v, 1)

into the PDIE, the equation can be verified and written:
Cyp+i00  pCptico A _ _
o Lo [l P ur, g, v, r)s sy [=(Fuy, ug) + 8 + 8+ 58v) — (r = (Ao + A)m)uy

2—i00 1—ico T o7

+ 10t (ur + 1) = (r = (Ao + )mo)uy + 10%vur(us + 1) + ky(6, = v)C + 30vC? + k(6 — 1)B + 302 B

+ PO 10V Uy — P00Vt C — 0,020,V C + 4, E[e7 1] + L E[e™2"2] + AyE[e™ /172 2]

- (I" + /10 + A4+ ﬂz)]dulduz =0,
by Eq (2.5).
The proof is finished. O

Theorem 3.4. Let ¢ be a real number such that
Ele™"] < +00, E[¢“"V"] < o0, E[e™/1 D] < 400

and then the rigorous solution to the above PDIE for some binary options at any time t < T is given by
1 Cc+ico
p(t,z,v,r) = — f pt,z,v,r)z " du. (3.22)
2 c—ioo

Proof. The proof of this theorem is similar to Theorem 3.3. O
4. Numerical analysis

In the following section, numerical experiments are applied to examine the performance of the Mellin
transform method. The values of the remaining parameters for numerical examples are presented in
Table 1. Without loss of generality, the following numerical experiments are implemented in MATLAB
R2022a. In addition, it should be pointed out that the values of key parameters in this paper come from
Ruijter and Oosterlee [21].

First, to depict the price mechanism of two underlying assets under the proposed model, we utilize
the following scheme to discretize stochastic differential equations:

Slt,‘ = Sl[,'_] + Slt,‘_1[(rli_1 - (/10 + /ll)ml)At + 0-1 Vvti—l \/A_t . 61 + (ejl - 1)(N0A[ + NlAl)]’
Son = San, + S, (1, — (Ao + M)At + 03 AV, VAL (pro€r + V1 -phe)
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+ (e’ = D)(Noar + Naar)l,

1-p2,—p? —p2 +2, )
— P2y—P1vP12 V P12=P1, P2, T4P1vP2vP12
Vi = Vi, H k(0, — v )AL+ 0y VAN pE + B = &),

VI-pis Vi-pi,
r, = k6, —r, At + 0, VAL - &,

where ¢ ~ N(0,1),i = 1,2,3,4; N, ~ P(1;),j=0,1,2; At = 25L0' If Ny, > 0, then generate the jump
vector (Jy, J,) randomly using pseudo-random numbers. If Ny,, > 0, then we generate the jump variable
Ji randomly using pseudo-random numbers. If N,,, > 0, then we generate the jump variable J,. It
should be noted that in the entire generation process of the compound Poisson process, specific jump
times do not directly appear; instead, attention is focused on the possible number of jumps and the scale

of the jumps.

Table 1. Parameter values for the numerical experiments.

Parameter r v S1 S, O] 02 k, 6, o,
Value 0.05 02 10 10 0.1 0.15 0.3 02 0.01
Parameter &, 6. o, K 7 Ao A A pr
value 1.2 03 001 10 1 2 3 3 0.6
Parameter &m0 py & . m pa 05 O3
Value 12 4 064 18 21 O 0 0.1 0.1

To verify the reliability of the Mellin transform, we introduced the Monte Carlo simulation pricing
algorithm. Through experiments, it was found that in cases with fewer paths, the convergence of the
algorithm was poor. To ensure the accuracy of the Monte Carlo reference algorithm, in the following
comparative experiments, we adopted a higher path count N = 2000. From the perspective of the initial
price, as the price increases, the leverage of the corresponding option also increases, the stability of the
price decreases, and the requirements of the algorithm also increase. From the efficiency perspective,
the Monte Carlo algorithm often spends more computing time under high-precision requirements, while
the Mellin transformation method compared next gives the analytical expression of the option, so the
cost of computing time is very small, which is also the main advantage of this paper for conducting
corresponding theoretical arguments. It should be noted that this paper uses the command integral2 in
MATLAB to implement the inversion of the Mellin transform formulas (3.19) and (3.20).

Before conducting the numerical analysis for pricing the extremum options using the Mellin trans-
form, the last point that needs to be further explained is the selection of ¢; and ¢,. Since not all types of
extremum options have corresponding Mellin transformations, the selection ranges of ¢; and ¢, vary for
different option types. However, they all need to satisfy the conditions of boundary integrability and the
existence of jump expectations. Otherwise, it will result in an unfeasible Mellin transformation. For
more details, please refer to the preparatory work described in the beginning of Chapter 3 of this article.
Additionally, it is best to choose ¢; and ¢, away from the boundaries of the existing range, that is, away
from the singular points of the integral.
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Figure 1. The sample path of underlying assets s;, and s,, under different correlations.

Figure 1 illustrates the sample path of the underlying assets s, and s, under p;; = -1, p1, = 0, and
p12 = 1. On the one hand, from the analysis of a single path, the large volatility of each path comes
from the stochastic volatility and Poisson jump. Due to the rapid reverting of the Heston model, the
large volatility is gradually transformed into small volatility in each path. On the other hand, from the
analysis of two paths, it is clear that s, and s,, show high positive (negative) correlation under pj, = 1
(p12 = —1), but not completely because of the log-normal jump.

Further, we construct the maximum likelihood estimator and solve for the estimators of the relevant
parameters. The likelihood function of the parameter group is as follows:
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Finally, by narrowing down the time interval for discretization, more optimal parameter estimators can
be obtained. At the same time, other parameters of the two-asset prices are set, and using nonlinear
regression techniques, specific parameter estimates of the asset common volatility can be obtained. It
should be noted that other parameters in the two asset price model, such as stochastic scale (o, 0),
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jump intensity (Ao, 41, 42), and jump vector (Jy, J,), can all obtain consistent parameter estimators
through the maximum likelihood estimation method, and this will not be elaborated further here.

Next, we consider that in the financial market, traders and practitioners often use the implied
volatility [22, 23] to assess the value of options. Therefore, under the method of the Mellin transforma-
tion provided in this paper, a calculation method for implied volatility v is established, which offers a
practical tool for traders who rely on the volatility surface for hedging.

Based on the Mellin transform inversion formula for maximum and minimum option prices and the
exchange option price, the volatility is expanded using a Taylor series. The specific formula is as follows:

1 Co+i00  ~C +I00 A —u —u
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where Py(t, s1, 52, 7) and p(t, z, r) are option prices under constant volatility, and n!P,(t, sy, 52, r) and
n!p,(t, z, r) are the nth derivative g—f, % of the option, respectively.

Depending on the precision requirements for different estimates of implied volatility, the following
specific estimation methods can be employed.

First-order approximate estimator:

P(t,51,82,v,r)=Po(t,51,52,1)
Py(t,51,82,1) ’

VX

P(t,z,v,r)=p1(t,z,1) .
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Second-order approximate estimator:
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where the optimal problem here can be calculated using the multi-part method that extends the binary
method.

Table 2. Option values under the Heston model with different volatility v using MC and
Mellin (ML).

P®) Exchange Max-Call Max-Put Min-Call Min-Put Max-Min
P (0.05) (ML) 0.9467 0.9816 0.0349 0.5535 1.5002  1.8934
P (0.05) (MC) 0.9489 0.9795 0.0350 0.5557 1.4883 1.8784
APE (%) 0.23 0.22 0.33 0.41 0.79 0.80

P (0.1) (ML) 1.0463 1.0848 0.0386 0.6117 1.6579  2.0925
P (0.1) (MC) 1.0417 1.0871 0.0386 0.6138 1.6516  2.0781
APE (%) 0.44 0.21 0.02 0.35 0.38 0.69

P (0.15) (ML) 1.1563 1.1989 0.0426 0.6760 1.8323  2.3126
P (0.15) MC) 1.1549 1.1959 0.0426 0.6771 1.8391  2.3026
APE (%) 0.12 0.25 0.00 0.16 0.37 0.43
P(0.2) ML) 1.2779 1.3250 0.0471 0.7471 2.0250  2.5558
P (0.2) MC) 1.2751 1.3191 0.0470 0.7454 2.0321  2.5659
APE (%) 0.22 0.45 0.23 0.23 0.35 0.39

P (0.25) (ML) 1.4123 1.4644 0.0521 0.8257 2.2380  2.8246
P (0.25) (ML) 1.4180 1.4619 0.0519 0.8274 2.2309  2.8301
APE (%) 0.40 0.17 0.23 0.21 0.31 0.19

P (0.3) (ML) 1.5608 1.6184 0.0575 0.9125 24733  3.1217
P (0.3) (MC) 1.5587 1.6226 0.0577 0.9112 2.4700  3.1254
APE (%) 0.14 0.26 0.34 0.14 0.13 0.12

P (0.35) (ML) 1.7250 1.7886 0.0636 1.0085 2.7335  3.4500
P (0.35) (MC) 1.7293 1.7835 0.0633 1.0059 2.7352  3.4389
APE (%) 0.25 0.28 0.45 0.26 0.06 0.32
P(0.4) (ML) 1.9064 1.9767 0.0703 1.1145 3.0209  3.8128
P (0.4) MC) 1.9093 1.9712 0.0705 1.1127 3.0237 3.8114
APE (%) 0.15 0.28 0.39 0.16 0.09 0.04

Table 2 presents the results of the compound Mellin transform pricing and Monte Carlo simulation
pricing for six options under the Heston model with different volatility levels. Overall, it can be
observed that as the initial volatility changes, the prices of all options show an upward trend, and the
difference between the two pricing methods is small, which to some extent verifies the effectiveness
of the composite Mellin transform method proposed in this paper. From an individual perspective,
the influence of the initial volatility on the pricing behavior of options varies. Specifically, the price
of the maximum option increases at a faster rate as the volatility increases. The swap option and the
minimum option have the same trend of change, that is, as the volatility increases, the price of the option
steadily increases. The minimum option has a characteristic phenomenon; when the volatility increases
to an extreme level, it shows an S-shaped form of change. These facts indicate that volatility plays
an important role in the pricing of extreme value options and is a highly sensitive parameter. Finally,
although the Mellin transform does not exist for some options and their prices are obtained indirectly
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through the parity relationship with the swap option, from the comparison of Table 2 with the Monte
Carlo simulation algorithm, it can be seen that this does not significantly affect the stability of the Mellin
transform pricing, which further verifies the reliability and stability of the composite Mellin transform.

Table 3. Option values under the Heston model with different s; and s, using MC and
Mellin (ML).

P(sq, 52) Exchange Max-Call Max-Put Min-Call Min-Put Max-Min
P (6,6) (ML) 0.2636 0.2608 0.0981 0.1506 4.1568  0.5218
P (6,6) (MC) 0.2659 0.2600 0.0964 0.1495 41282 0.5184
APE (%) 0.90 0.31 0.82 0.76 0.69 0.66

P (7,7) (ML) 0.5107 0.5196 0.0904 0.3014 3.5821 1.0071
P (7,79 (MC) 0.5115 0.5130 0.0890 0.3041 3.4965 1.0012
APE (%) 0.17 0.29 0.62 0.88 2.45 0.59

P (8,8) (ML) 0.7977 0.8218 0.0799 0.4667 3.0911 1.5779
P (8,8) (MC) 0.8060 0.8178 0.0780 0.4639 3.0896 1.5579
APE (%) 0.03 0.50 0.32 0.59 0.70 0.29

P (9,9) (ML) 1.0458 1.1011 0.0682 0.5701 2.8745  2.0799
P (9,9) (MC) 1.0413 1.0835 0.0681 0.5782 2.8352  2.0910
APE (%) 0.45 0.63 0.08 0.40 0.39 0.53

P (10,10) (ML) 1.2836 1.3051 0.0581 0.7007 24579  2.5071
P (10,10) MC) 1.2992 1.2959 0.0572 0.7125 2.4453  2.4984
APE (%) 0.77 0.27 0.55 0.66 0.76 0.55
P(11,11) ML) 1.4975 1.6525 0.0470 0.9018 1.9876  3.2055
P(11,11) MC) 1.5040 1.6440 0.0461 0.8939 1.9848  3.2580
APE (%) 0.39 0.75 0.65 0.03 0.14 0.61
P(12,12) ML) 1.8148 1.7679 0.0396 1.0549 1.6069  3.5961
P (12,12) MC) 1.8117 1.7676 0.0393 1.0522 1.5977  3.6032
APE (%) 0.38 0.11 0.73 0.19 0.34 0.30

P (13,13) (ML) 1.9635 2.1456 0.0294 1.1708 1.2840  3.9935
P (13,13) MC) 1.9830 2.1397 0.0292 1.1735 1.2708  3.9947
APE (%) 0.98 0.28 0.85 0.08 1.84 0.03

P (14,14) ML) 2.2955 2.3323 0.0198 1.3459 0.8282  4.6390
P (14,14) MC) 2.3009 2.3454 0.0197 1.3271 0.8188  4.6560
APE (%) 0.39 -0.41 0.41 0.42 0.40 0.82

P (15,15) (ML) 2.5563 2.7037 0.0100 1.5379 0.4214  4.9955
P (15,15) (MC) 2.5170 2.6967 0.0098 1.5676 0.4167 5.0074
APE (%) 0.41 0.39 0.60 0.90 0.12 0.24

Table 3 presents the comparison results of compound Mellin transform pricing and Monte Carlo
simulation under the Heston model, with the price of the underlying asset as the variable. In terms of the
pricing error, the difference between the two pricing methods is relatively small, indicating the stability
of the compound Mellin transformation pricing method. Considering the computing time of the Monte
Carlo simulation, it can be seen that, under the premise of a small pricing distance, the Monte Carlo
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simulation requires a much greater multiple of computing time consumption. The reason is that the
compound Mellin transformation pricing obtains the analytical formula price of the option, while each
path simulation in the Monte Carlo method requires process iteration (without counting the countless
generation of normal random numbers). In other words, to achieve the same convergence, the Monte
Carlo simulation must pay more simulation times and longer computing time. From the content of
Table 3, except for the maximum put option and the minimum call option, the prices of other options
increase with the increase of the asset price, and overall present different forms of return structures, which
is also the intrinsic reason why the extreme value options have become active financial derivatives.

Second, we investigate the influence of some core parameters on the prices of maximum or minimum
options, such as p,, k,, 6,, k., 6,. In the next numerical experiments, the values of maximum or
minimum options will be changed to test the effect of one or two parameters taking different values. In
the meantime, the values of other parameters are constant in Table 1.

Table 4. Option values under different p;,.

p12  Exchange Max-Call Max-Put Min-Call Min-Put Max-Min
-1 1.2968 1.3387 0.0419 0.7149 2.0117  2.5936
-0.8 1.2930 1.3359 0.0429 0.7213 2.0143  2.5861
-0.6 1.2893 1.3332 0.0439 0.7277 2.0169  2.5785
-0.4 1.2855 1.3304 0.0450 0.7341 2.0196  2.5710
-0.2 1.2817 1.3277 0.0460 0.7406 2.0223  2.5634
0 1.2779 1.3250 0.0471 0.7471 2.0250  2.5558
02 12741 1.3223 0.0482 0.7537 2.0277  2.5481
04 1.2702 1.3195 0.0493 0.7603 2.0305  2.5405
0.6 1.2664 1.3168 0.0504 0.7669 2.0333  2.5328
0.8 1.2625 1.3141 0.0516 0.7736 2.0362  2.5250
1 1.2586 1.3114 0.0527 0.7804 2.0390 2.5173

Table 4 shows the variation of maximum or minimum option prices with respect to p;,. Notice that
the valuation of the exchange option, maximum-put option, and minimum-call option are calculated
by the the Mellin transformation, and the valuation of the maximum-call option, minimum-put option,
and maximum-minimum option are calculated by Equation . The data in Table 1 show that the price of
the Maximum-Put and Minimum-Call options change in the same direction, while the other options
change in the opposite direction as the correlation coefficient changes. In addition, the maximum option
price has the lowest order of magnitude, because the driving mechanism of the two underlying asset
prices is asymmetric, and the probability of upward breakthrough is much greater than the probability
of downward breakthrough.

Table 5 and Figure 2 illustrate the comprehensive influence of &, and 6, with respect to option prices.
As is present in Table 3, the price of every maximum or minimum option is increasing with respect to the
parameter of long-term volatility 6,, whereas according to Figure 2, only the price of the minimum-call
option is decreasing with respect to the parameter of reverting speed k,. Notice that when 6, = v = 0.2,
the price of every option is constant with respect to different k,. The reason is that initial volatility has
entered the equilibrium of the Heston volatility, so k, does not affect the price of the option. This is the
peculiar phenomenon of the Heston model.
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Table 5. Option values under different k,, 6,.

k, 6, Exchange Max-Call Max-Put Min-Call Min-Put Max-Min
03 0.2 1.2779 1.3250 0.0471 0.7471 2.0250  2.5558
03 04 1.2835 1.3313 0.0478 0.7464 2.0299  2.5670
0.3 0.6 1.2891 1.3375 0.0484 0.7457 2.0348  2.5781
0.3 0.8 1.2946 1.3437 0.0491 0.7450 2.0396  2.5892
0.6 0.2 1.2779 1.3250 0.0471 0.7471 2.0250  2.5558
0.6 04 1.2881 1.3364 0.0483 0.7458 2.0339  2.5762
0.6 0.6 1.2982 1.3477 0.0495 0.7446 2.0428  2.5964
0.6 0.8 1.3082 1.3589 0.0508 0.7434 2.0516 2.6164
09 0.2 1.2779 1.3250 0.0471 0.7471 2.0250  2.5558
09 04 1.2919 1.3406 0.0488 0.7453 2.0372  2.5837
09 0.6 1.3057 1.3561 0.0505 0.7437 2.0494  2.6113
09 0.8 1.3193 1.3714 0.0521 0.7421 2.0614  2.6386

(a) Exchange (b) Max-Call (c) Max-Put

P

(d) Min-Call (e) Min-Put (f) Max-Min

Figure 2. Option value surfaces under difterent k,, 6, (x—k,, y—9,, z—P).

Table 6 and Figure 3 depict the price of maximum or minimum options under different &, and 6,.
Since the exchange option and maximum-minmum option can be converted through the unit of account,
the prices of both are not affected by the interest rate r;. As is shown in Table 4, the prices of every
minimum-call or minimum-put option are increasing with respect to the parameter of long-term interest
rate ¢,, whereas according to Figure 3, the prices of maximum-call and maximum-put options are
decreasing; with respect to the parameter of reverting speed k,, the prices of options have a similar
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conclusion. Moreover, when 6, = r = 0.05, it does not have the same phenomenon as the above Heston
model. The reason is that the mechanism by which stochastic interest rates affect option prices is not
the same or even more complex than that of stochastic volatility. This is a point worthy of further
research and attention in this paper. The invariance of swap option prices with respect to short-term
interest rate parameters is an interesting phenomenon in the pricing of financial derivatives. From a
formal perspective, this invariance stems from the linearity of the swap option payoff function. Similar
linear option types also exhibit this phenomenon, such as floating Asian options, etc. From an economic
perspective, the cause of this invariance is the use of an internal valuation unit conversion technique,
which ensures that the price of the option is not directly influenced by short-term interest rates. From a
probabilistic perspective, this invariance arises from the strong Markov property of the underlying asset
price, meaning that the future price changes of the underlying asset are only related to the current price.

Table 6. Option values under different k,, 6,.

k. 0, Max-Call Max-Put Min-Call Min-Put
0.6 0.05 1.4890 0.2111 0.2963 1.5742
06 02 14175 0.1396 0.4033 1.6812
0.6 0.35 1.3677 0.0898 0.5335 1.8114
06 0.5 1.3342 0.0563 0.6860 1.9639
1.2 0.05 1.4458 0.1679 0.3534 1.6313
1.2 02 1.3582 0.0803 0.5688 1.8467
1.2 035 1.3136 0.0357 0.8456 2.1235
1.2 05 1.2927 0.0148 1.1716 2.4495
1.8 0.05 1.4233 0.1454 0.3918 1.6697
1.8 02 1.3324 0.0545 0.6965 1.9744
1.8 0.35 1.2961 0.0182 1.0935 2.3714
1.8 05 1.2834 0.0055 1.5502 2.8281
24 0.05 1.4106 0.1327 0.4172 1.6951
24 0.2 1.3194 0.0415 0.7909 2.0688
24 035 1.2891 0.0112 1.2781 2.5560
24 05 1.2805 0.0026 1.8256 3.1035

Third, we will research the influence of dependent jumps on the prices of maximum or minimum
options. In the next numerical experiments, the values of maximum or minimum options will be changed
to test the effect of a log-normal jump in Table 5 and asymmetric double-exponential distribution in
Table 6.

Table 7 illustrates the prices of maximum or minimum options with a log-normal jump under different
py. It is worth noting that the correlation of Poisson jumps has important implications for option pricing.
To be more specific, the prices of maximum-put or minimum-call options increase with respect to
different p;, whereas the prices of other options decrease. It has the same phenomenon as the above p;,
because normal distribution is symmetric.
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~r s

(a) Max-Call

(b) Max-Put

(c) Min-Call

(d) Min-Put

Figure 3. Option value surfaces under difterent &, 6, (x—%,, y—6,, z—P).

Table 7. Option values under different p,.

p;  Exchange Max-Call Max-Put Min-Call Min-Put Max-Min
-1 1.4853 1.5033 0.0179  0.5689 2.0542  2.9707
-0.8  1.4469 1.4692 0.0224  0.6029 2.0497  2.8937
-0.6 1.4070 1.4346 0.0276  0.6375 2.0446  2.8141
-04 1.3657 1.3991 0.0334  0.6730 2.0387  2.7315
-0.2 1.3228 1.3627 0.0399  0.7094 2.0322  2.6455
0 1.2779 1.3250 0.0471 0.7471 2.0250  2.5558
0.2 1.2308 1.2858 0.0550  0.7863 2.0171  2.4616
04 1.1811 1.2447 0.0636  0.8274 2.0085  2.3623
0.6 1.1283 1.2014 0.0730  0.8708 1.9991  2.2567
0.8 1.0716 1.1551 0.0834 09171 1.9887  2.1432

1 1.0095 1.1047 0.0951 0.9675 1.9770  2.0191

Table 8. Option values under different p;.

p; Exchange Max-Call Max-Put Min-Call Min-Put Max-Min

-1 1.7217 1.7489 0.0272  0.4442 2.1659  4.6924

0 2.5665 2.6559 0.0894  0.8179 3.3844  5.4602

1 21743 2.2913 0.1170  0.9210 3.0953 4.9884
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Table 8 depicts the variation of maximum or minimum option prices with an asymmetric double-
exponential jump under different p;. Considering the complexity and diversity of the correlation structure
of the double-exponential normal distribution, three case of complete negative dependence, mutual
independence, and complete positive dependence are derived in this paper. As is shown in Table 6, the
prices of minimum-call or minimum-put options are increasing with respect to p;, whereas the prices
of other options achieve maximum values under the case of mutual independence. It indicates that the
performance of double-exponential jumps is more sensitive and less predictable than log-normal jumps.
The correlation of Poisson jumps has important implications for option pricing. To be more specific, the
prices of maximum-put or minimum-call options increase with respect to different p,;, whereas the prices
of other options decrease. It has the same phenomenon as the above p;, because normal distribution is
symmetric. Without doubt, the main source of all this is the asymmetric nature of the double-exponential
distribution. In Table 6, the different behaviors under the asymmetric double-exponential jump are
related to the asymmetry of the double-exponential distribution. What it reflects is the complex changes
in investors’ psychology in the financial market. When the price of the underlying asset rises, investors
generally show an optimistic attitude; when the price of the underlying asset falls, investors generally
show a pessimistic attitude. However, the downward panic effect is more prominent and obvious. That is,
the degree of panic that investors feel about the price decline is far greater than the degree of excitement
they feel about the price increase. Therefore, the double-exponential reflects this asymmetric effect
of the financial market. However, since the joint normal distribution is linear, it does not have the
construction ability to describe nonlinear risks, especially asymmetric risks.

5. Conclusions

This paper solves the pricing problem of a class of complex options, namely maximum and minimum
options, in complex scenarios based on the composite Mellin transform method, and provides a method
reference for the pricing of other complex financial derivatives. In the future, under the condition
that the Mellin transform does not exist, various decomposition techniques can be utilized to convert
complex payoff functions into cases where the Mellin transform is applicable, to complete the pricing of
complex financial derivatives, and further expand the pricing space and pricing capacity of the Mellin
transform. Under the combined assumptions of stochastic volatility, the stochastic interest rate, and
interdependent jumps, analytical pricing formulas for maximum and minimum options and exchange
options are derived. The single and double Mellin transforms are jointly utilized to simplify the option
price equation, and the affine structures with variable substitution are applied to deduce the solution
of the joint Mellin transform function. An analytical formula of maximum or minimum option prices
is obtained by the inverse Mellin transform method and a decomposition technique. Simulation and
numerical examples indicate that the price dynamics and pricing method constructed in this paper are
unique and effective.

Use of AI tools declaration

The authors declare they have not used Artificial Intelligence (Al) tools in the creation of this article.

Electronic Research Archive Volume 33, Issue 12, 7810-7840.



7838

Acknowledgments

The authors would like to thank the referee who gave many valuable suggestions. This work is

funded by Science Research Project of Hebei Education Department (Grant No. QN2026050).

Conflict of interest

No potential conflict of interest was reported by the authors.

References

10.

1.

12.

F. Black, M. S. Scholes, The pricing of options and corporate liablities, J. Polit. Econ., 81 (1973),
637-654. https://doi.org/10.1086/260062

R. Stulz, Options on the Minimum or the Maximum of two risky Assets, J. Financ. Econ., 10
(1982), 161-185. https://doi.org/10.1016/0304-405X(82)90011-3

H. Johnson, Options on the Minimum or the Maximum of several Assets, J. Financ. Quant. Anal.,
22 (1987), 277-283. https://doi.org/10.2307/2330963

G. Kim, E. Koo, Closed-form pricing formula for exchange option with credit risk, Chaos, Solitons
Fractals, 91 (2016), 221-227. https://doi.org/10.1016/j.chaos.2016.06.005

R. C Merton, Option pricing when underlying stock returns are discontinuous, J. Financ. Econ., 3
(1976), 125-144. https://doi.org/10.1016/0304-405X(76)90022-2

W. Li, L. Liu, G. Lv, C. Li, Exchange option pricing in jump-diffusion models
based on esscher transform, Commun. Stat.- Theory Methods, 47 (2018), 4661-4672.
https://doi.org/10.1080/03610926.2018.1444180

S. Heston, A closed-form solutions for options with stochastic volatility with applications to bond
and currency options, Rev. Financ. Stud., 6 (1993), 327-343. https://doi.org/10.1093/rfs/6.2.327

D. Duffie, J. Pan, K. Singleton, Transform analysis and asset pricing for affine jump-diffusions,
Econometrica, 68 (1987), 1343-1376.

Q. Zhou, J. J. Yang, W. X. Wu, Pricing vulnerable options with correlated credit risk under jump-
diffusion processes when corpoate liabilities are random, Acta Math. Appl. Sin. Engl. Ser., 35
(2019), 305-318. https://doi.org/10.1007/s10255-019-0821-y

P. Carr, D. B. Madan, Option valuation using the fast Fourier transform, J. Comput. Finance, 2
(1999), 61-73. https://doi.org/10.21314/JCF.1999.043

S. Zhang, L. Wang, Fast Fourier transform option pricing with stochastic interest rate,
stochastic volatility and double jumps, Appl. Math. Comput., 219 (2013), 10928-10933.
https://doi.org/10.1016/j.amc.2013.05.008

S. A. Lin, X. He, A close-form pricing formula for foward start options under a Markov
regime-switching stochastic volatility model, Chaos, Solutions Fractals, 144 (2021), 110644.
https://doi.org/10.1016/j.chaos.2020.110644

Electronic Research Archive Volume 33, Issue 12, 7810-7840.


https://dx.doi.org/https://doi.org/10.1086/260062
https://dx.doi.org/https://doi.org/10.1016/0304-405X(82)90011-3
https://dx.doi.org/https://doi.org/10.2307/2330963
https://dx.doi.org/https://doi.org/10.1016/j.chaos.2016.06.005
https://dx.doi.org/https://doi.org/10.1016/0304-405X(76)90022-2
https://dx.doi.org/https://doi.org/10.1080/03610926.2018.1444180
https://dx.doi.org/https://doi.org/10.1093/rfs/6.2.327
https://dx.doi.org/
https://dx.doi.org/https://doi.org/10.1007/s10255-019-0821-y
https://dx.doi.org/https://doi.org/10.21314/JCF.1999.043
https://dx.doi.org/https://doi.org/10.1016/j.amc.2013.05.008
https://dx.doi.org/https://doi.org/10.1016/j.chaos.2020.110644

7839

13. Y. S. Xie, G. Deng, Vulnerable European option Pricing in a Markov regime-switching stochastic
volatility model with stochastic interest rate, Chaos, Solutions Fractals, 156 (2022), 111896.
https://doi.org/10.1016/j.chaos.2022.111896

14. Y. A. Brychkow, H. J. Glaeske, A. P. Prudnikov, V. K. Tuan, Multidimensional Integral Transforma-
tions, 2"? edition, Gordon and Breach Science Publishers, Philadelphia, 1992.

15. R. Frontczak, Pricing options in jump diffusion models using Mellin transforms, Math. Finance, 3
(2013), 366-373. https://doi.org/10.4236/jmf.2013.33037

16. J. H. Yoon, Mellin transform method for European option with Hull-White stochastic interest rate,
J. Appl. Math., 2014 (2014), 759562. https://doi.org/10.1155/2014/759562

17. J. H. Yoon, J. H. Kim, The pricing of vulnerable options with double Mellin transforms, J. Math.
Anal. Appl, 422 (2015), 838—857. https://doi.org/10.1016/j.jmaa.2014.09.015

18. J.Jeon, J. H. Yoon, A closed-form solution for lookback options using Mellin transform approach,
East Asian Math. J., 32 (2016), 301-310. https://doi.org/10.7858/eam;j.2016.022

19. C. Li, H. Liu, L. Liu, Q. Yao, Pricing vulnerable options under jump diffusion pro-
cesses using double Mellin transform, Commun. Stat.- Simul. Comput., 52 (2023), 703-716.
https://doi.org/10.1080/03610918.2020.1864645

20. S. Kou, A jump-diffusion model for option pricing, Manage. Sci., 48 (2002), 1086-1101.
https://doi.org/10.1287/mnsc.48.8.1086.166

21. M. Ruijter, C. W. Oosterlee, Two dimensional fourier cosine series expansion method for pricing
financial options, SIAM J. Sci. Comput., 34 (2012), 642—671. https://doi.org/10.1137/12086205

22. M. Mininni, G. Orlando, G. Taglialatela, Challenges in approximating the Black and Sc-
holes call formula with hyperbolic tangents, Decisions Econ. Finance, 44 (2021), 73-100.
https://doi.org/10.1007/s10203-020-00305-8

23. G. Orlando, G. Taglialatela, A review on implied volatility calculation, J. Comput. Appl. Math.,
320 (2017), 202-220. https://doi.org/10.1016/j.cam.2017.02.002

Appendix: The proofs of Egs (3.9)-(3.14)

Given the similarity of the proofs for Eqs (3.9)—(3.14), here we just prove Eq (3.9).
According to J; having complete positive correlation with J,, then there must be a strictly monotoni-
cally increasing function g that satisfies P{J; = g(J;)} = 1. At the same time, we obtain

fr (g’ ®») = fr,(,
Fj(x) = P{J; < x} = Plg()y) < x} = P{J, < g7' (%)} = Fr(g7' (%)),

Fj,(y) = PiJ2 <y} = Plg(2) < g} = PUL < g0} = Fy, (D).

When y € (=00, 0], due to F,(0) = F,,(g(0)) = P, < p;, then g(0) = fi]ln Z—f. Therefore, we obtain
the ordinary differential equation ‘

181

p1&1€58Y g (y) = prére™®,
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with the boundary condition g(0) = fi. In i—f. The solution of the above equation is

e =242y
1 1 &
When y € [0, g7!(0)], due to F;,(0) = F;,(g7'(0)) = p; > p,, then g71(0) = qz > (. Therefore,

we obtain the ordinary differential equation

P11V (y) = qampe ™,

with the boundary conditions g~'(0) = 1 ln , g(O) = 1 ln ” 2. The solution of the above equation is
I 1—gpe™
g0) = I —2
&1 P

When y € [g7'(0), +o0), due to F;,(0) = Fj,(g'(0)) = p; > p,, then g71(0) = nl—zln Z—f > 0. Therefore,
we obtain the ordinary differential equation

qime MV (y) = gampe™™,

with the boundary condition g~'(0) = niz In Z—f. The solution of the above equation is

1 '72
gy = —mnZ +—=y.
m g 1

Based on the above results, it can be obtained that
511 In 22 y ify <0,
g0 =11 —1 e i In g << gl

1 q
mlnl y 1fy>n21 o
Finally, the technique of piecewise integration is applied to the following equation:

E[e—ulfl—uzfz] — E[e—ulg(fz)—uzfz]

and it is easy to obtain Eq (3.9).
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