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Abstract: This research paper aims to demonstrate that relationships play a pivotal role in fostering 

inter-organizational cooperation, both at the corporate and individual levels, within the fast-moving 

consumer goods (FMCG) distribution industry. Despite the extensive body of literature on relationship 

management, its impact on such a unique and important channel as FMCG remains undetermined. To 

achieve this objective, we designed a questionnaire for a survey targeting Spanish FMCG distributors, 

from which we collected 204 responses. We analyzed this data using partial least squares structural 

equation modeling (PLS-SEM), an emerging methodology in business research that enables us to 

assess the model's explanatory power and predictive capacity in understanding the relationships 

between various constructs. Our findings indicate the efficacy of governing inter-organizational 

relationships to facilitate cooperation. Additionally, we uncover links between corporate and individual 

relationships that contribute significantly to cooperation. In terms of practical implications for 

businesses, our results emphasize the importance for managers to prioritize relationships as an integral 

aspect of efficient channel management. This pertains to relationships within the distribution channel 

among partners and also individual relationships among business managers. Notably, the existing 

academic literature has not yet established the effectiveness of relationships in governing channels 

within the FMCG marketing channel, nor has it established a direct connection between inter-

organizational and individual relationships among business managers. 
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1. Introduction 

In the study of cooperation and exchange within the business field, marketing relationships have 

been a recurrent and widely discussed topic in recent decades, often referred to as the “relational 

paradigm” [1,2]. Under this paradigm, several influential theories have emerged, including relational 

norms theory, commitment-trust theory and network [3–7]. However, scholars should not assume that 

their work in this field is complete. Some aspects of exchange relationships, such as their functioning 

in specific industries or the connection between inter-organizational and individual relationships, offer 

room for further exploration [7,8]. 

While empirical research in this area is abundant, there is a notable limitation. Research with 

empirical evidence has often overlooked crucial economic sectors, including the marketing channels 

of FMCG. This distribution channel is a key industry in developed economies, as shown by the fact 

that some of the most important companies in the world have based their success in this sector, such 

as Wal-Mart, Amazon, and Costco. In Spain FMCG industry represents 20% of the gross domestic 

product. However, the FMCG distribution channel has not received attention from the point of view 

of the importance of its business relationships that favor efficiency [9]. This oversight may be due to 

some authors who have argued that, in this context, relationships take a backseat to transactional 

considerations such as, economic efficiency, transaction costs, integration, pricing, multi-channel 

strategies and omni-channel approaches [7,10,11]. The distribution of FMCG has not received 

attention through empirical studies of the relationships in the channel [5,12,21–24,13–20]. 

On the other hand, the study of marketing relationships has primarily concentrated on the inter-

organizational aspect [5,6,8,25], often disregarding the significance of individual relationships within 

the business environment. Individual relationships have typically been limited to the context of the 

final consumer (B2C: business-to-consumer) [26,27]. However, few studies have accorded individual 

relationships a prominent role in industrial business management (B2B: business-to-business) [28–31]. 

In this regard, we consider that the examination of the relationship between inter-organizational and 

individual relationships remains an unexplored field. 

Given this backdrop, we have identified certain gaps in the literature, namely the absence of 

empirical investigations into inter-organizational relationships within the FMCG distribution channel 

and the role played by individual relationships managed by business partner relationship managers. 

Our research makes two significant contributions: 1) We present an empirical study of inter-

organizational relationships in the Spanish FMCG distribution channel, exploring the role of these 

relationships in effective channel management and their impact on cooperation among channel 

business partners. 2) We establish connections between inter-organizational and individual 

relationships, elucidating how the management of marketing channel relationships leads to the 

emergence of individual relationships that foster cooperation among business partners. Notably, 

higher-quality individual relationships promote increased levels of cooperation and long-term 

collaboration [26,29]. 

These gaps in the literature prompt us to formulate the following research questions: 1) Can 

efficiency in the FMCG distribution channel be achieved through the management of inter-

organizational relationships? 2) Can distribution channel organizations translate their corporate 
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commitment into individual engagement among business managers? 3) What impact do inter-

organizational and individual relationships within the FMCG sector have on cooperation? Through the 

answers to these questions, we address an important issue that remains unanswered to date: the role of 

relationships in the FMCG marketing channel. Relationships have been shown to be effective in 

distribution channels, but the FMCG channel has not been explored. To address these questions, we 

collected data from a sample of 204 Spanish FMCG distribution companies. The primary respondent 

in the selected sample is the purchasing manager, given their comprehensive perspective on both inter-

organizational relationships (through their involvement in agreements) and their perception of 

individual relationships with other channel agents. 

Data analysis was conducted using a structural equation model based on PLS-SEM for 

confirmatory and predictive purposes. PLS-SEM, in contrast to ordinary least squares (OLS) 

regression, canonical correlation, or covariance-based structural equation modeling (SEM), is an 

emerging tool in business research that instills a high level of confidence in research outcomes [32]. 

The robustness of software tools like SmartPls facilitates complex model estimation with minimal 

prerequisites and has demonstrated its effectiveness in scientific domains such as business, economics, 

and other social sciences [33]. This technique encompasses a structural model (depicting dependency 

relationships between independent and dependent variables) and a measurement model (representing 

relationships between constructs and their indicators) [34]. As a variance-based technique, it offers 

greater modeling flexibility and does not necessitate stringent parametric assumptions [35]. 

The subsequent sections of this research work are organized as follows. First, we provide a review 

of the relevant literature to develop the proposed hypotheses. We then describe the research design, 

data collection methods, scales used in the research, data analysis procedures, and present the results. 

Finally, we conclude with a discussion of the findings and their implications at both the academic and 

managerial levels and outline some limitations of the study and offer recommendations for future 

research. 

2. Literature review and hypothesis development 

2.1. Trust-dependence-cooperation 

The relational paradigm has been a foundational area of focus for marketing scholars for decades 

and is essential for comprehending business-to-business exchanges [5,14,16,21,25,36–43]. Cooperation 

stands out as a crucial element within the relationships among organizations in the distribution channel. 

Cooperation does not merely imply the absence of conflict; it also entails organizational interdependence, 

prompting parties to collaborate towards shared objectives [5,12,25,44–47]. 

Cooperation, derived from the Latin “co” (together) and “operari” (to work), denotes situations 

in which parties collaborate to achieve mutual goals [39]. In the context of inter-organizational 

relationships, we define cooperation as the “inclination of a party to engage in concerted/joint action 

with another party to achieve individual or joint goals” [12]. Cooperation thus serves as a linchpin for 

the long-term success of relationships between business partners [8,11,47,48]. Given the pivotal role 

of cooperation in fruitful business relationships, we must ask which factors within the relationship 

foster cooperation among distribution channel stakeholders? In response to this research question, the 

existing literature consistently highlights trust and dependence as the antecedents of cooperation 

among business partners [5,7,8,12,16,22,45]. 
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Trust represents the relationship state with the highest affective component due to its nature as a 

psychosocial construct [15]. Trust is conceptualized as “existing when one party has confidence in an 

exchange partner's reliability and integrity” [5]. The literature reveals that trust is associated with 

observable qualities in the relationship, such as consistency, competence, honesty, fairness, 

responsibility, service, and benevolence [22,49]. Consequently, trust instills the belief that the parties 

involved will take actions conducive to positive outcomes while refraining from engaging in 

unexpected actions that could yield negative consequences for the relationship [50]. Building trust in 

inter-organizational relationships is a time-consuming process that may be challenging in the presence 

of an unsatisfactory business relationship [19]. Therefore, satisfaction with the business partner is 

implicit in the concept of trust. Nevertheless, once trust is established, it contributes to relationship 

durability by reducing uncertainty between parties and facilitating collaborative efforts. In this context, 

“once trust is established, firms learn that coordinated, joint efforts will lead to outcomes that exceed 

what the firm would achieve if it acted solely in its own best interests” [39]. 

These considerations lead us to postulate a positive causal pathway from trust to cooperation [14,39,51]. 

This implies that greater trust in the business partner will lead to greater cooperation between them so 

that both will perform better together in the channel. We formulate this relationship in the following 

hypothesis: 

H1: Trust has a positive impact on cooperation in inter-organizational relationships. 

On the other hand, dependence is another element of the interfirm relationship that fosters 

cooperation between organizations [5,7,12,16,45]. Business relationships also encompass a dimension 

of necessity, exemplified by dependence. Its significance lies in situations where one party brings 

something unique and irreplaceable, or extremely challenging to replace, to the relationship [5]. This 

need leads to a “lock-in” situation in the event of a hypothetical change of relationship partner on the 

part of the dependent party [52]. Mutual dependence or interdependence between parties can also result 

in such a situation [13]. 

Dependence within a relationship is a concept widely explored in academic literature, often 

converging on the idea of irreplaceability [5,7,13,45]. Cai et al. define dependence as the extent to 

which the results obtained from the partnership are rare, important, or highly valued. Two key aspects 

are emphasized here: the significance of the business partner and the availability of alternatives. In 

essence, dependence underscores that a business partner provides valuable resources for which few 

alternative sources exist [49]. 

The concept of dependence is rooted in the relationship between necessary resources and reliance, 

imbuing it with a strong economic component. This stands in contrast to the affective aspects of 

relationships, which create less dependence [14]. The economic dimension is further enriched by one 

of the fundamental antecedents of dependence—the “cost of termination of the relationship.” This cost 

encompasses the expected losses resulting from the termination of the relationship, including the 

scarcity of comparable alternative partners, expenses related to dissolving the relationship, and the 

“costs of change” [5]. The notion of costs of change is a common assumption in relationship marketing 

literature, defined as the costs arising from the search for and initiation of an alternative relationship. 

Depending on whether these costs are manageable or not, they may lead to varying levels of 

dependence on the existing relationship [53]. 

The need for certain agents in the supply or distribution of others frequently leads to dependence 

within the relationship. This dependence typically revolves around three essential aspects: 1) the 

consideration of the number of viable alternatives available, 2) the extent to which distribution relies 
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exclusively on the supply or intermediation of a particular agent, and 3) the potential for substitution 

without compromising competitive positioning in the market [53]. A lack of flexibility can reinforce 

the relationship by preserving the participation of the dependent agent and intensifying their interest 

in it. Consequently, “the buyer’s anticipation of high switching costs gives rise to the buyer’s interest 

in maintaining a quality relationship” [14]. 

In light of these considerations, it is apparent that a high-quality relationship necessitates 

cooperation among its constituents, leading us to posit the following hypothesis: 

H2: Dependence has a positive effect on cooperation in inter-organizational relationships. 

2.2. Trust-dependence-commitment 

In the field of inter-organizational relationships, particularly within marketing channels, 

commitment has been a subject of extensive academic study [5,8,17,20,36]. This is primarily due to 

its role as the most advanced stage of a relationship, fostering stronger and deeper connections between 

organizations [14]. Its conceptualization originated in social psychology, where it initially focused on 

understanding the causes and maintenance of various types of relationships, including personal, 

employer-employee, and individual-community relationships. It was subsequently expanded to the 

business context to examine the reasons for continued engagement in business activities and the 

process of building cooperative marketing relationships [21]. 

Achieving a state of commitment in a business relationship involves progressing through various 

phases that gradually establish and solidify this commitment within the relationship [5]. This implies 

that both parties have invested efforts and made sacrifices to provide the relationship with stability and a 

long-term orientation, prioritizing actions that align with a longer-term vision over short-term gains [3,54]. 

This sustained effort over time establishes commitment as a barrier or deterrent to decisions that could 

jeopardize the relationship [14,19]. 

The significance of commitment extends across diverse areas, including service marketing, 

relationships among marketing channel members, industrial markets, and strategic alliances [3]. This 

diversity has led to its treatment in the literature from multiple perspectives, encompassing elements 

such as the desire to maintain the relationship [5], willingness to make short-term sacrifices [25], 

readiness to invest in the relationship [14], a sense of identification and affection [54] and 

internalization of the norms and values of the relationship partner [55]. 

Within marketing channels and the relationships among channel members, the presence of 

commitment plays a pivotal role in the channel’s sustainability [3,25]. It yields outcomes that enhance 

effectiveness, productivity and efficiency in the distribution of goods and services [5,54]. Commitment 

among channel members fosters solidarity and cohesion [14,16], motivating them to resist the allure 

of short-term alternatives. Empirical evidence, as demonstrated by Weitz & Jap, supports the 

perception that commitment in a relationship generates associated benefits, including improved 

communication between business partners, achievement of objectives, and reduced opportunistic 

behavior. 

In this context, commitment in business relationships is defined as “an exchange partner believing 

that an ongoing relationship with another is so important as to warrant maximum efforts at maintaining 

it; that is, the committed party believes the relationship is worth working on to ensure that it endures 

indefinitely” [5]. This definition encompasses not only a “belief” but also an “intention” between 

organizations to sustain their relationship [14]. Furthermore, these beliefs and intentions create an 
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environment conducive to the parties perceiving their relationship as contributing to the achievement 

of their goals, free from concerns about unexpected behaviors [19]. 

Commitment, as a concept, is characterized by its dual dimension: affective or loyalty 

commitment and calculative commitment [15,17,19,44]. The former is also commonly referred to as 

emotional commitment, while the latter is sometimes termed functional or economic commitment, as 

noted by Morgan and Hunt (1994). Affective commitment is the dimension most frequently discussed 

in the literature (e.g., Anderson & Weitz, 1992; Dwyer et al.,), and it pertains to the “desire” to maintain 

a relationship because of the satisfaction derived from conducting business with a specific partner. 

This form of commitment is rooted in emotions such as affection, emotional attachment, and social 

bonding [13,54]. It encompasses the desire to nurture and strengthen a relationship with another party 

due to the familiarity, friendship, and personal trust cultivated through interpersonal interactions over 

time [21]. 

Conversely, calculative commitment views commitment as a “need” to maintain a relationship, 

arising from the costs associated with its termination or a lack of viable alternatives for conducting 

business [13]. This dimension of commitment involves a weighing of incentives against costs when 

considering the continuation of a relationship [21]. While some research suggests that affective 

commitment plays a more significant role in fostering and sustaining enduring relationships compared 

to financially motivated commitment [54], evidence also indicates that affective commitment alone may 

not compensate for a failure to meet the performance objectives of the organizations involved [21]. 

The fundamental distinction between affective and calculative commitment lies in their 

motivations. Affective commitment arises from emotional connections and serves as a motivation to 

collaboratively resolve issues or conflicts. In contrast, commitment driven by economic considerations 

may wane if a more advantageous alternative emerges, leading parties to question the relinquishment 

of individual benefits [17]. Consequently, commitment rooted in loyalty (affective) entails a 

subordination of individual interests to those of the relationship [5,8,15], whereas commitment based on 

economic motives may raise doubts regarding the parties' willingness to forgo personal gains [13,17,21]. 

In light of this framework, we establish trust as an antecedent of emotional commitment and 

dependence as an antecedent of calculative commitment. These connections have been extensively 

explored in academic literature [5,8,13–15,17,19,21]. Therefore, we propose the following hypotheses: 

H3: Trust positively influences affective commitment in inter-organizational relationships. 

H4: Dependence positively influences calculative commitment in inter-organizational 

relationships. 

2.3. Commitment-B2B engagement 

Once the establishment of commitment within organizations has been elucidated [5,25,36,56], it 

becomes imperative to determine whether the commitment of the organizations comprising the 

distribution channel exerts an influence on the individual engagement of the employees responsible 

for the company's operations [28,29]. The marketing literature has predominantly examined the 

concept of engagement within the context of "customer engagement in B2C settings, “customer 

engagement in B2C settings, while B2B settings have largely been neglected” [26]. Nevertheless, the 

purchasing processes in B2B environments share similar motivational drivers with B2C scenarios [30]. 

Consequently, it is essential to recognize that “engagement is both an individual- and a collective-level 

phenomenon” [31]. In the context of our analysis, “B2B Engagement involves a complex network of 
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heterogeneous members who interact at organizational and individual levels” [29]. 

Unlike consumers, B2B buyers procure products to fulfill the requirements of their respective 

customers [57]. Moreover, B2B purchasing processes entail the participation of multiple functions and 

individuals in decision-making. Consequently, the analysis of engagement in business markets 

necessitates a multi-level perspective [26,27] because it encompasses cognitive, affective, and behavioral 

investments in firm interactions [58]. It manifests as a more rational form of engagement compared to 

that found in consumer markets [30]. Several factors contributing to the likelihood of engagement 

occurrence are rooted in fundamental concepts from the inter-organizational relationship marketing 

literature, including trust, dependence, affective commitment, and calculative commitment [26,28,59]. 

Consequently, the engagement within a B2B context is a psychological state emerging under specific 

conditions, such as organizational commitment [27,29,60,61]. However, it also has individual 

elements [62–64]. This leads to the formulation of the following hypotheses: 

H5: Affective commitment positively influences B2B engagement. 

H6: Calculative commitment positively influences B2B engagement. 

Furthermore, the sequence of hypotheses H3 and H5, on one hand, and hypotheses H4 and H6, 

on the other, reveals mediating effects between trust and B2B engagement, as well as between 

dependence and B2B engagement. These mediating relationships are captured in the following 

hypotheses: 

H7: Trust indirectly exerts a positive effect on B2B engagement through its influence on affective 

commitment. 

H8: Dependence indirectly exerts a positive effect on B2B engagement through its influence on 

calculative commitment. 

2.4. B2B engagement-cooperation 

A substantial body of literature has effectively established the connection between classical inter-

organizational relationships and inter-firm cooperation [5,7,12–16,45,49]. However, the relationship 

between individual engagement in a B2B environment and cooperation has received comparatively 

less attention. Nonetheless, research has revealed that it is feasible to foster inter-organizational 

cooperation through the individual engagement of employees engaged in firm relations, as B2B 

engagement “affects long-term business collaboration” [29], “impacts customer satisfaction, 

purchase/usage intentions, and loyalty” [28], and higher levels of engagement correlate with higher 

levels of cooperation [26,27]. These findings lead us to propose the following hypothesis: 

H9: B2B engagement positively influences cooperation in inter-organizational relationships. 

Furthermore, the sequence of hypotheses H3, H5 and H7 suggests that cooperation can be 

achieved not only directly through trust (H1) but also through a mediated pathway involving affective 

commitment and B2B engagement. Consequently, we propose the following hypothesis: 

H10: Trust indirectly exerts a positive effect on cooperation in inter-organizational relationships 

through a sequential influence of affective commitment and B2B engagement. 

Similarly, the sequence of hypotheses H4, H6, and H8 indicates that cooperation can be achieved 

not only directly through dependence (H2) but also through a mediated pathway involving calculative 

commitment and B2B engagement. Therefore, we propose the following hypothesis: 

H11: Dependence indirectly exerts a positive effect on cooperation in inter-organizational 

relationships through a sequential influence of calculative commitment and B2B engagement. 
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Figure 1 illustrates the proposed model and the underlying assumptions. 

 

Figure 1. Proposed model. 

3. Methodology 

3.1. Research design and data collection 

The proposed hypotheses were empirically examined using a sample of spanish fast-moving 

consumer goods (FMCG) distribution companies operating in sectors such as beverages, food, 

cleaning, and personal care. Spain hosts a substantial number of these distribution companies, totaling 

25,100, which contribute significantly to the country’s gross domestic product (GDP), accounting for 

more than 20% of its economic output. The target distributors in the survey included both wholesale 

and retail establishments, or a combination of both. In the context of this sector, determining the roles 

played by both institutional and individual relationships is often challenging, and addressing this gap 

in the literature is one of the contributions of our research. 

To collect data on relationships within the FMCG marketing channel, we developed a 

questionnaire specifically designed for purchasing or procurement managers of distribution companies. 

Key informants were identified through profiles on the professional social network LinkedIn. Upon 

contacting them, we explained the purpose of the research and assured them of the confidentiality of 

their responses. We then sent them a self-administered online questionnaire requesting responses to 

various questions concerning their relationships with suppliers, which could be either manufacturers 
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or other distributors of FMCG products. After sending out 1,200 questionnaires, we received 204 valid 

responses. Six questionnaires were discarded for incomplete answers. 

Before distributing the survey, we conducted a pre-test involving ten purchasing managers to 

gather their opinions regarding the clarity and comprehensibility of the survey's concepts. The positive 

feedback received indicated that the surveyed concepts were suitable for research purposes and for 

understanding relationships in the distribution channel, suggesting face validity [65]. Although the data 

were obtained from a single source, we assessed multicollinearity concerns and ruled out issues related 

to common method bias [66] (Appendix I). Additionally, we conducted an ANOVA test based on the 

response phase criterion, and the absence of significant differences suggested a low likelihood of non-

response bias [67]. Similarly, it has been shown that there are no statistical differences by gender of 

the respondent (see Appendix II). Furthermore, we maintained complete anonymity in the 

questionnaire to mitigate potential social desirability bias. Table 1 presents the characteristics of the 

obtained sample: 

Table 1. Respondent statistics (N = 204). 

MEASURE CATEGORY N PERCENT 

Gender of respondent Male 171 83.82% 

 Female 33 16.18% 

Firm Size* Small (< 50 employees) 87 42.65% 

 Medium (50−250 employees) 28 13.73% 

 Large (> 250 employees) 89 43.62% 

Distributor type Wholesale 95 46.57% 

 Retail 53 25.98% 

 Both 56 27.45% 

*Note: (*) European Union (EU) classification 

3.2. Measures 

The research constructs were assessed using a Likert-type scale ranging from 1 to 7, where 1 = 

“Strongly disagree,” and 7 = “Strongly agree.” These concepts have been extensively explored in the 

literature, and we employed scales that have demonstrated their reliability and validity in previous 

studies within the field of marketing channels. The following constructs were examined: TRUST, 

DEPENDENCE, COOPERATION, AFFECTIVE COMMITMENT, CALCULATIVE 

COMMITMENT, and B2B ENGAGEMENT. For further details regarding the scales used, please refer 

to Table 2: 
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Table 2. Scales used in the research. 

TRUST (Sharma, 2020; Suh et al., 2019) [22,50] 

TRUST 1 We feel we can trust this supplier completely 

TRUST 2 We have full confidence in the information provided to us by this supplier 

TRUST 3 We have complete confidence in this supplier’s motives 

TRUST 4 The supplier keeps the promises it makes to our firms 

TRUST 5 When it comes to things that are important to us, we can depend on the supplier’s 

support 

DEPENDENCE (Cai et al., 2017; Du & Zhang, 2017; Vázquez-Casielles et al., 2017) [13,49,68] 

DEP 1 Our company is quite dependent on this supplier 

DEP 2 If this relationship ended, our company would face a significant loss 

DEP 3 The supplier provides vital resources our company would find difficult to obtain 

elsewhere 

DEP 4 It would be very difficult to replace the sales and profits generated by this 

manufacturer’s products 

DEP 5 If our relationship was discontinued with the manufacturer, it would be difficult for us 

to find an alternative supplier 

COOPERATION (Gaski & Ray, 2004; Gimeno-Arias & Santos-Jaén, 2022; Xue et al., 2018) [11,45,47] 

COOP 1 We share information with our supplier 

COOP 2 We participate in joint goal setting and forecasting with our supplier 

COOP 3 This supplier is generally willing to cooperate with us 

COOP 4 This supplier provides adequate help in selling his products 

COOP 5 We have a good working relationship with this supplier 

COOP 6 We view the success of the supplier as our own success 

AFFECTIVE COMMITMENT (Gilliland & Bello, 2002; Sharma et al., 2015) [17,21] 

LOY_COM 1 Our company believes that this supplier acts in our best interest 

LOY_COM 2 We have positive feelings towards this supplier 

LOY_COM 3 Our loyalty to this supplier is among the primary reasons for our continued 

collaboration 

LOY_COM 4 We wish to maintain our association with this supplier due to our strong loyalty 

LOY_COM 5 We intend to continue working with this supplier because we feel that they are “part 

of the family” 

 Continued on next page 
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CALCULATIVE COMMITMENT (Du & Zhang, 2017; Sharma et al., 2015) [13,21] 

CAL_COM 1 We currently have no alternatives to this relationship 

CAL_COM 2 It would be very difficult for us to find a replacement for this supplier 

CAL_COM 3 Changing from this supplier to another would cost us too much 

CAL_COM 4 We want to maintain the relationship with this supplier because it is difficult to find 

similar suppliers 

CAL_COM 5 We need to maintain the relationship with this supplier because ending it would result 

in significant losses. 

B2B ENGAGEMENT (Kumar & Pansari, 2016) [27] 

ENGA 1 I love talking about my experience with this supplier 

ENGA 2 I feel a sense of belonging towards this supplier 

ENGA 3 When referring to this supplier, I usually say “we” rather than “they” 

ENGA 4 This supplier holds significant personal significance for us 

3.3. Statistical procedure 

Our research model incorporates six constructs, each with distinct relationships to the indicators 

they encompass. As per Sarstedt et al. [69], these variables are categorized as composites, specifically 

classified as Mode A composites due to the substantial correlation among the indicators [70]. To 

analyze the interrelationships among these variables, we utilized PLS-SEM. PLS-SEM can 

accommodate intricate relationships involving mediating and moderating effects without necessitating 

specific data distribution assumptions [71]. It employs a non-parametric bootstrap procedure to assess 

the significance of the model's parameters [72–74]. Furthermore, PLS-SEM is widely recognized as a 

suitable technique for examining complex and multiple relationships [75–77], making it the optimal 

choice for our proposed model. 

To evaluate the hypotheses within our model, we employed the SmartPLS 4.0.9.5 software 

program [78] and conducted bootstrapping with 10,000 samples, following the recommendation of 

Streukens and Leroi-Werelds [79], conducted bootstrapping with 10,000 samples. Additionally, we 

used the G*Power 3.1.9.7 software program [80] to calculate statistical power. Based on the presence 

of a path leading to the final dependent variable, a significance level of 5%, an average effect size of 

0.15, and a statistical power of 95%, a priori analysis determined that a minimum sample of 89 

observations was necessary [81]. Given that our sample size comprises 204 observations, we have an 

adequate sample size to validate the obtained results. 

SmartPLS is a software tool used for conducting structural equation modeling (SEM). SEM is a 

statistical technique employed to analyze relationships between latent and observed variables. 

SmartPLS is particularly known for its focus on partial least squares (PLS) to estimate model 

parameters. SmartPLS is known for its PLS-SEM approach and is often preferred when working with 

complex models or when data does not meet normality assumptions. The flexibility of PLS-SEM and 

its ability to handle non-normally distributed data make it an appealing choice when working with 

small samples [79,80]. 
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As for the basic operation of this software, regarding data input, data is entered into SmartPLS in 

the form of a data matrix containing information about latent and observed variables. Next, the latent 

variables are created with the items, and the nomogram is drawn. Latent variables are unobservable 

constructs measured indirectly through observed variables.  

With the drawing of the model, the theoretical model is created. A theoretical model describing 

the relationships between latent and observed variables is specified. This model is represented through 

a path diagram. 

The next step is the estimation of the parameters. SmartPLS uses the PLS method to estimate the 

model parameters. Unlike other SEM approaches, PLS does not require the normal distribution of data 

and is robust even with small samples. 

Once parameters are estimated, SmartPLS evaluates the fit of the model. This involves reviewing 

statistics such as the coefficient of determination (R²), factor loadings, t-values, etc. 

The next step is to test the validity of the measurement model or internal model. Its verification 

will depend on whether the variables created are reflective or formative. If they are reflective, the 

reliability and validity of the items are analyzed, evaluating item loadings, Cronbach’s Alpha, mean 

extracted variance, and HTMT (Heterotrait-Monotrait Ratio of Correlations), among others. In the case 

of the use of formative variables, the significance of the weights and loadings will be checked, and the 

existence of multicollinearity problems will be ruled out. 

Once the internal model has been validated, the results of the structural model will be interpreted 

by bootstrapping 10,000 subsamples. Results are generated to interpret relationships between variables 

and assess the significance of estimated effects. This involves reviewing statistics such as the 

coefficient of determination (R²) and the effect size (f2). 

The PLS algorithm consists of four phases. In the initial phase, the structural model weights and 

scores of latent variables are determined through a four-step iterative procedure [82–84]: 

Initial external estimation of the constructs’ scores by linearly combining their observed variables: 

  = , ,:
k k

k

k n l l n

l                                             (1) 

where 
k   is the construct, with = 1,2, ,k K  , being n the particular observation, with 

= 1,2, ,n N ; 


kl is the indicator l of the construct k, with = 1,2, ,l L ; 


kl is the estimated outer 

weight of the indicator 


kl . 

Calculation of internal weights for constructs using the factor weighting approach, determined 

based on the direction of correlations among constructs: 

   



= 


,

cov( , ), if  and  are neighbors

0, otherwise

k h k h

k h

 (2) 

Calculation of construct scores from within, accomplished by linearly combining their associated 

variables using the internal weights determined in the previous phase: 

  =  ,:k k h h

h                                              (3) 

Estimation of external weights, taking into account that all constructs in our model are considered 

in reflective form: 
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 =  +, , ,k k kl n l k n l nz e
                                           (4) 

with ,kl ne
the error term from a bivariate regression. 

The process is iterative and concludes either when the weights in Step 4 exhibit minimal change 

between successive iterations, or when the maximum iteration limit is reached. 

Utilizing the construct scores derived during Stage 1 and employing a sequence of ordinary least 

squares regressions in Stages 2 and 3, we establish the external weights and loadings of indicators, 

path coefficients, as well as various parameters including direct and indirect effects, the R2 coefficient 

for endogenous constructs, and diverse model evaluation measures. 

Finally, during Stage 4, we employ the non-parametric bootstrapping method (a resampling 

technique with replacement) to assess the statistical significance of the model's parameters. 

To assess the reflective constructs, we must compare the reliability of each of its indicators, along 

with the reliability of the construct itself, and its convergent and discriminant validity. Composite 

reliability [82], with an optimal range of 0.7 to 0.95, represents the minimal threshold for the internal 

consistency reliability of the reflective construct. This metric is calculated as follows: 

 =

= =
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where lp
 pertains to the outer loading of the indicator l associated with a construct assessed using a 

set of L indicators; le
is the measurement error of l; and 

var( )le
 aligns with the variance originating 

from measurement errors and is computed as 
− 21 lp

. On the other hand, the maximal threshold for 

the internal consistency reliability is Cronbach’s alpha: 




=
+ − 1 ( 1)

L m

L m                                                 (6) 

where m is the mean of the triangular correlation matrix. Typically, Dijkstra-Henseler’s Rho [85] falls 

within the range of the two aforementioned measures: 
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diag                                   (7) 

where   is the estimated weight vector of the latent variable and M is the empirical covariance matrix 

of the indicators. 

Finally, the average variance extracted (AVE) quantifies the degree of convergent validity [86], 

and is considered satisfactory when its value is greater than 0.5, indicating that the latent variable 

explains over 50% of the variance in its indicators: 

==
 2

1

L

l

l

p

AVE
L                                                (8) 
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4. Results 

The results were obtained through a three-phase approach: firstly, the evaluation of the 

measurement model, followed by the assessment of the structural model; and finally, the analysis of 

the predictive power. 

4.1. Assessment of the measurement model 

By analyzing the measurement model, we assessed the reliability and validity of both the 

indicators and the latent variables. Reliability ensures consistent outcomes from the measurements, 

while validity confirms that the indicators of a construct indeed assess the intended construct and not 

an alternative one [70]. 

To begin the measurement model analysis, we examined the reliability of the items used to 

construct the variables within the model. The results presented in Table 3 indicated that the 

standardized factor loadings of the indicators exceeded the minimum threshold of 0.7, indicating 

satisfactory item reliability [87]. Only one of the indicators did not surpass this minimum threshold; 

however, it was retained in the model as its value exceeded 0.4, and its inclusion was supported by 

theoretical rationale [70]. 

Table 3. Indicators reliability assessment. 

Indicator Mean SD Loading t-student*   Indicator Mean SD Loading t-student* 

CAL COM 
    

  DEP 
    

CAL COM1 3.438 1.774 0.843 23.777   DEP1 4.300 1.490 0.778 22.804 

CAL COM2 3.627 1.793 0.930 80.461   DEP2 3.970 1.740 0.918 78.527 

CAL COM3 3.824 1.852 0.935 93.530   DEP3 3.794 1.803 0.891 36.583 

CAL COM4 3.926 1.774 0.911 53.192   DEP4 3.897 1.676 0.904 58.519 

CAL COM5 3.665 1.846 0.909 46.168   DEP5 3.716 1.809 0.844 31.230 

TRUST 
    

  ENGA 
    

CONF1 5.338 1.298 0.929 84.323   ENGA1 4.862 1.537 0.817 28.227 

CONF2 5.404 1.334 0.916 56.846   ENGA2 4.198 1.782 0.904 50.228 

CONF3 5.182 1.376 0.912 64.906   ENGA3 4.778 1.725 0.477 6.542 

CONF4 5.588 1.211 0.854 37.282   ENGA4 4.044 1.981 0.875 37.506 

CONF5 5.696 1.195 0.851 30.836   ENGA5 4.308 1.893 0.885 37.980 

COOP 
    

  LOY COM 
    

COOP1 5.456 1.377 0.843 36.006   LOY COM1 5.162 1.256 0.802 28.622 

COOP2 5.127 1.591 0.808 28.233   LOY COM2 5.417 1.212 0.830 36.773 

COOP3 5.794 1.320 0.846 28.382   LOY COM3 4.917 1.478 0.845 30.462 

COOP4 5.534 1.373 0.842 25.834   LOY COM4 4.824 1.471 0.876 44.212 

COOP5 5.887 1.205 0.883 51.894   LOY COM5 4.455 1.715 0.816 31.411 

*Note: Significance and standard deviations (SD) performed by 10,000 repetitions bootstrapping procedure ∗∗∗: 

All loadings are significant at a 0.001 level. 

The analysis of the measurement model also includes an assessment of the reliability and validity 

of the latent variables. Following the approach outlined by Dijkstra and Henseler [85], we utilized 
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Cronbach’s alpha, composite reliability, and the Dijkstra-Henseler rho ratio to evaluate the reliability 

of the variables. The results presented in Table 4 confirm that the variables meet the reliability criterion, 

exceeding the predefined minimum threshold of 0.7 [87]. 

Furthermore, the convergent validity of the variables was examined by assessing the average 

variance extracted (AVE), which also surpasses the established minimum of 0.5 [87]. This 

demonstrates that the variables in the model adequately explain over 50% of the variance in their 

respective indicators. 

Table 4. Latent variables reliability and validity assessment. 

Composites α ρA ρC AVE 

CAL COM 0.945 0.951 0.958 0.821 

TRUST 0.875 0.893 0.909 0.632 

COOP 0.918 0.922 0.939 0.754 

DEP 0.893 0.894 0.926 0.758 

ENGA 0.891 0.893 0.920 0.696 

LOY COM 0.936 0.938 0.952 0.798 

*Note: α: Chronbach’s alpha; ρA: Dijkstra–Henseler’s composite reliability; ρC: Jöreskog’s composite 

reliability; AVE: average variance extracted. 

In the subsequent phase of the measurement model analysis, we confirmed discriminant validity 

using two established criteria: the Fornell-Larcker criterion by Fornell & Larcker [88] and the 

Heterotrait-Monotrait (HTMT) ratio values as proposed by Henseler [89]. The objective is to ensure 

that each of the constructs is distinct from the others. 

According to the Fornell-Larcker criterion, the correlations between any two variables should be 

less than the square root of the average variance extracted (AVE) for each respective variable. The 

results presented in Table 5 validate that all variables within the model meet the Fornell-Larcker 

criterion, indicating discriminant validity. 

Additionally, the HTMT ratio values, as proposed by Henseler, were examined. These values should 

be less than 0.85 to confirm discriminant validity. The results confirmed that all HTMT ratios in our 

model were below this threshold, further supporting the discriminant validity of the constructs. 

Overall, the measurement model analysis confirms the reliability and validity of the indicators 

and latent variables and establishes discriminant validity among the constructs. 

Table 5. Assessment of discriminant validity through the Fornell-Lacker criterion. 

    I II III IV V VI 

I CAL COM 0.906 
     

II COOP 0.043 0.795 
    

III DEP 0.828 0.175 0.868 
   

IV ENGA 0.398 0.448 0.429 0.871 
  

V LOY COM 0.253 0.689 0.344 0.633 0.834 
 

VI TRUST 0.107 0.780 0.208 0.396 0.722 0.893 

*Note: Fornell–Larcker criterion: square root of AVE in diagonal (bold) and construct correlations below the 

diagonal. 
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With respect to HTMT, the results in Table 6 show that all the values obtained are below the 

maximum recommended value of 0.85 [87]. 

Table 6. Assessment of discriminant validity through HTMT. 

    I II III IV V 

I CAL COM 
     

II COOP 0.102 
    

III DEP 0.784 0.212 
   

IV ENGA 0.428 0.542 0.473 
  

V LOY COM 0.278 0.775 0.388 0.713 
 

VI TRUST 0.117 0.843 0.228 0.430 0.770 

Finally, the standardized root mean square residual (SRMR), used to assess the goodness of fit in 

this study, was examined in both saturated and estimated models to ensure it remained below the 

threshold of 0.08. These results indicate that the model aligns well with the data requirements [90].  

Based on the results obtained, the validity and reliability of the model are confirmed. 

4.2. Assessment of the structural model 

Before scrutinizing the established relationships within the model, we conducted an evaluation of 

potential multicollinearity by examining the variance inflation factor (VIF), as presented in Table 7. The 

findings revealed VIF values ranging from 1.000 to 1.394, which remain below the preferred threshold 

of 3 [87]. Consequently, it can be inferred that the model is devoid of multicollinearity concerns. 

Table 7. Assessment of the VIF. 
 

CAL_COM COOP ENGA LOY_COM TRUST 

CAL_COM 
  

1.068 
 

1.189 

COOP 
    

 

DEP 1.000 1.228 
  

 

ENGA 
 

1.394 
  

 

LOY_COM 
  

1.068 
 

1.000 

TRUST 
 

1.189 
 

1.000  

Next, we conducted a percentile bootstrapping test with 10,000 subsamples, employing a one-

tailed test with a significance level of 5% to evaluate the size, direction, and significance of the paths 

derived from the relationships established as hypotheses in the proposed model. Table 8 and Figure 2, 

for reference, present the t-values and corresponding confidence intervals derived from this analysis. 

The findings indicate that ten of the eleven established relationships are significant and supported. 
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Table 8. Assessment of direct and indirect effects. 
    

CI 

   

  Path SD T-value 5% 95% f2 H Supported 

Direct effects 
        

TRUST -> COOP 0.717 0.050 14.286*** 0.629 0.794 1.177 H1 YES 

DEP -> COOP −0.054 0.053 1.007ns −0.142 0.033 0.006 H2 NO 

TRUST -> LOY COM 0.722 0.034 20.946*** 0.663 0.776 1.091 H3 YES 

DEP -> CAL COM 0.828 0.026 31.289*** 0.782 0.870 2.188 H4 YES 

LOY_COM -> ENGA 0.569 0.057 9.962*** 0.474 0.661 0.561 H5 YES 

CAL_COM -> ENGA 0.254 0.061 4.163*** 0.152 0.354 0.112 H6 YES 

ENGA -> COOP 0.187 0.065 2.872*** 0.078 0.291 0.068 H9 YES 

Indirect effects 

        

Individual indirect effects 

     

VAF 

  

TRUST -> LOY COM -> 

ENGA 

0.411 0.046 9.021*** 0.336 0.487 100% H7 YES 

DEP -> CAL COM -> 

ENGA 

0.210 0.052 4.079*** 0.126 0.296 100% H8 YES 

TRUST -> LOY COM -> 

ENGA -> COOP 

0.077 0.030 2.597** 0.030 0.127 10% H10 YES 

DEP -> CAL COM -> 

ENGA -> COOP 

0.039 0.015 2.657** 0.016 0.064 100% H11 YES 

CAL COM -> ENGA -> 

COOP 

0.047 0.017 2.715** 0.019 0.077 100% 
  

LOY COM -> ENGA -> 

COOP 

0.106 0.042 2.555** 0.041 0.178 100%     

Indirect effects 
        

CAL COM -> COOP 0.047 0.017 2.715** 0.019 0.077 100% 
  

DEP -> COOP 0.039 0.015 2.657** 0.016 0.064 100%     

DEP -> ENGA 0.210 0.052 4.079*** 0.126 0.296 100% 
  

LOY COM -> COOP 0.106 0.042 2.555** 0.041 0.178 100%     

TRUST -> COOP 0.077 0.030 2.597** 0.030 0.127 10% 
  

TRUST -> ENGA 0.411 0.046 9.021*** 0.336 0.487 100%     

Total effects 
        

CAL_COM -> COOP 0.047 0.017 2.715** 0.019 0.077 
   

DEP -> COOP -0.014 0.050 0.288ns -0.099 0.067       

DEP -> ENGA 0.210 0.052 4.079*** 0.126 0.296 
   

LOY_COM -> COOP 0.106 0.042 2.555** 0.041 0.178       

TRUST -> COOP 0.793 0.038 20.750*** 0.726 0.851 
   

TRUST -> ENGA 0.411 0.046 9.021*** 0.336 0.487       

*Note: R2 [95% CI in brackets]: CAL COM: 0.685 [0.610; 0.756]; COOP: 0.627 [0.542; 0.715]; ENGA: 0.455 

[0.367; 0.556]; LOY COM: 0.519 [0.437; 0.601]. f2: size effect index; 95PCI:95% percentile Confidence 

Interval; Significance, standard deviations, 95% bias-corrected CIs were performed by 10,000 repetitions 

bootstrapping procedure; *: p < 0.05; **: p < 0.01; ***: p < 0.001. Only total effects that differ from direct 

effects are showed. 
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Regarding the direct effects, the findings demonstrate that TRUST positively and significantly 

influences COOP and LOY COM (β = 0.717*** and β = 0.722***, respectively), confirming H1 and 

H3. However, the effect of DEP on COOP is not significant (β = −0.054 ns), leading to the rejection 

of H2. Conversely, the effect of DEP on CAL COM is positive and significant (β = 0.828***), resulting 

in the acceptance of H4. Similarly, the influence received by ENGA from both LOY COM and CAL 

COM is positive and significant (β = 0.569*** and β = 0.254***, respectively), supporting H5 and H6. 

Finally, ENGA significantly and positively influences COOP (β = 0.187***), confirming H9. 

The results corresponding to the indirect effects indicate that LOY COM mediates the relationship 

between TRUST and ENGA (β = 0.411***). Since there is no prior direct effect, mediation is complete, 

and H7 is accepted. Similarly, CAL COM has been shown to mediate the relationship between DEP 

and ENGA in a full-fledged manner (β = 0.411***), supporting H8. As a consequence of the two 

mediations described above, two other sequential mediations have emerged. On the one hand, the 

relationship between TRUST and COOP is measured by LOY COM and ENGA sequentially (β = 

0.077**). On the other hand, the relationship between DEP and COOP is sequentially measured by 

CAL COM and ENGA (β = 0.039**). Therefore, H10 and H11 are accepted. 

The R2 results of the endogenous variables suggest that the model possesses a satisfactory 

capacity to elucidate the data. The results show that the model explains 68.50% of the variance in CAL 

COM, 62.70% in COOP, 45.50% in ENGA and 51.90% in LOY COM. It is important to note that R2 

values above 0.33 are considered moderate, and values above 0.60 are considered substantial [81,91]. 

Lastly, f2 is employed as an indicator of effect size [81]. It quantifies the extent to which an 

exogenous construct contributes to explaining a particular endogenous construct in relation to R2. 

Values of f2 greater than 0.35 demonstrate a large effect [91]. This occurs in all established relationships 

that have been accepted, except in the relationship between ENGA and COOP, where the effect is weak. 

In summary, Figure 2 illustrates the standardized path coefficients and R2 values, encapsulating 

the results of the study. 

 

Figure 2. Results. 
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4.3. Assessment of the predictive model 

Given that R2 solely evaluates a model’s explanatory capability and not its predictive prowess for 

new instances beyond the sample [92], the predictive performance of our model has been evaluated with 

data other than those of the sample obtained. In this context, predictive validity, which pertains to out-

of-sample prediction, demonstrates that a specific set of measures for a variable can forecast a designated 

outcome variable [93]. This was evaluated using cross-validation with holdout samples [94], achieved 

by implementing the PLSpredict algorithm available in SmartPLS [95]. 

Initially, a k-fold cross-validation was carried out, with k set at 6 subgroups, to ensure adherence 

to the minimum holdout sample size of N = 30 [96], with ten repetitions of this process. Subsequently, 

a PLS predict analysis was conducted within the model [97]. 

The results displayed in Table 9 indicate that in both instances - at the construct and indicator 

levels - all Q2 values are greater than 0. As a result, the model presents a satisfactory predictive 

performance [98]. Similarly, we obtained positive values for the root mean squared error (RMSE) and 

the mean absolute error (MAE) in the constructs, showing good predictability [99,100]. Furthermore, 

a comparable conclusion emerged at the indicator levels when comparing the outcomes of RMSE or 

MAE from the PLS-SEM with those of the linear regression model (LM). Due to the symmetry of the 

items, only RMSE has been compared. As seen in Table 9, the value of Q2 predict is positive in all 

items. Moreover, as shown in ANNEX 3, except for those that form the LOY COM construct, RMSE 

with PLS is lower than with LM, demonstrating the predictive capability of the model [87]. 

Table 9. Assessment of the predictive capability of the model (construct). 

CONSTRUCT PREDICTION SUMMARY 

Construct Q²predict RMSE MAE 

CAL_COM 0.683 0.569 0.434 

COOP 0.598 0.643 0.493 

ENGA 0.244 0.879 0.723 

LOY_COM 0.518 0.703 0.563 

5. Discussion 

The results obtained provide empirical support for the research questions posed. Firstly, it is 

noteworthy that there is limited evidence regarding the effectiveness of relationship governance in 

sectors such as FMCG distribution. The literature has either questioned or overlooked the significant 

role of relationships [7,10,11]. However, our findings indicate that relationship governance does 

contribute to fostering high-quality business cooperation in the FMCG sector, aligning with established 

relational literature in different contexts [5,7,12–15,45]. 

Furthermore, our research has established a profile of how relationships play a crucial role in 

promoting cooperation among organizations. Cooperation is not solely established directly through 

trust [5,8]. Instead, it also results from organizational commitment to the business partner and 

individual engagement with decision-makers [26,29]. While we did not find direct evidence supporting 

the notion that dependence leads to cooperation (H2 was rejected), the absence of the effect of 

dependence on cooperation is due to the fact that cooperation implies voluntariness. Dependence 

implies an imbalance of power and one agent is forced by another. In this situation, voluntary 
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cooperation, which the forced agent may not identify as cooperation, vanishes (Witek-Hajduk & 

Zaborek, 2020). On the other hand, our results indicate that dependence can promote calculative 

commitment. This organizational commitment, in turn, fosters individual B2B engagement, ultimately 

leading to business cooperation [27,28]. 

6. Conclusions 

6.1. Academic implications 

Marketing literature has traditionally focused on transaction-level efficiency in FMCG 

distribution environments, leaving a gap in understanding relationship efficiency in these contexts. 

Our research contributes to bridging this gap by revealing that distribution companies in the FMCG 

channel establish cooperation based on factors such as trust between the channel’s stakeholders. While 

our findings did not show a direct impact of dependence on cooperation, we established its influence 

through mediating effects such as the creation of calculated commitment stemming from dependence. 

This calculated commitment, in turn, significantly affects the individual engagement of purchasing 

managers in their relationships with suppliers. 

Moreover, our research addresses a notable distinction made in academic literature between inter-

organizational relationships and individual relationships within B2B environments. We establish a 

connection between organizational commitment (both affective and calculated) and the individual 

engagement developed by buyers, which we term B2B engagement. This individual engagement can 

be inferred from the profile of inter-organizational relationships, including trust-affective commitment 

and dependence-calculated commitment. Additionally, our work contributes to the literature by 

demonstrating that business cooperation arises not only from organizational relationships but also from 

individual engagement in B2B contexts. In this context, purchasing managers, who function as 

customers, exhibit engagement behaviors similar to those observed in B2C settings, such as 

satisfaction, purchase intent, and loyalty. 

6.2. Managerial implications 

Promoting business cooperation is a critical aspect of effective business management, particularly 

within the distribution channel. Cooperation among business partners or agents in the distribution 

channel is not solely determined by the governance of inter-organizational relationships; it also stems 

from the individual commitment of purchasing managers within distribution companies. Therefore, it 

is prudent for business managers to establish a comprehensive profile of inter-organizational 

relationships, which can serve as a guiding framework for the individual relationships maintained by 

those involved in business management. 

By doing so, businesses can leverage multiple strategies to foster cooperation, leading to 

enhanced organizational performance both in collaboration with their partners and within their internal 

operations. The extensive body of literature on efficient distribution channel management underscores 

the significance of addressing business dynamics at both the transactional and relational levels. 
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6.3. Limitations and recommendations for future research 

Every research endeavor must engage in self-reflection and acknowledge its limitations. In our 

study, we validated the relationship model within the context of FMCG distribution. However, it's 

important to recognize that relationships are influential in various distribution environments, where 

their efficiency may differ. Therefore, one limitation of our study is its context-specific validation. To 

address this, future research could broaden its scope to encompass different distribution channels, 

especially in today’s rapidly evolving landscape with the significant growth of e-commerce. This 

expansion would contribute to a more comprehensive understanding and generalization of the 

relationship model in the FMCG distribution channel. 

Another limitation is the geographical scope of our study. While our research provides valuable 

insights within its chosen geographical context, extending the investigation to other regions or markets 

could enhance the applicability and generalizability of the relationship model. This would enable a 

more thorough understanding of how relationships function within the FMCG distribution channel 

across diverse settings. In addition, the study in countries with other levels of development (e.g., 

developing economies) would provide a deeper understanding of one of the most important industries 

in the world. 

Finally, we would like to emphasize that not only the FMCG distribution industry has received 

little attention from the literature. There are distribution channels where we are not aware that the 

effectiveness of relationships in distribution channel management has been addressed. In this regard, 

we would like to highlight those of household consumer technology or textile products. In the channels 

mentioned, the relationship between organizational commitment and individual engagement is 

particularly interesting. 
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Appendix 

Appendix I: common method bias 

Bartlett’s Test of Sphericity 

χ² df p 

5485  435  < .001  

 

KMO Measure of Sampling Adequacy 

  MSA 

Overall  0.926  

TRUST1  0.926  

TRUST2  0.915  

TRUST3  0.933  

TRUST4  0.939  

TRUST5  0.956  

DEPE1  0.914  

DEPE2  0.907  

DEPE3  0.951  

DEPE4  0.943  

DEPE5  0.941  

COOP1  0.936  

COOP2  0.961  

COOP3  0.936  

COOP4  0.951  

COOP5  0.938  

COOP6  0.902  

LOY_COM1  0.946  

LOY_COM2  0.948  

LOY_COM3  0.863  

LOY_COM4  0.876  

LOY_COM5  0.932  

Continued on next page 
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Bartlett’s Test of Sphericity 

χ² df p 

CAL_COM1  0.899  

CAL_COM2  0.907  

CAL_COM3  0.942  

CAL_COM4  0.910  

CAL_COM5  0.900  

ENGA1  0.925  

ENGA2  0.924  

ENGA3  0.921  

ENGA4  0.922  

Initial Eigenvalues 

Component Eigenvalue % of Variance Cumulative % 

1  11.3641  37.880  37.9  

2  6.8304  22.768  60.6  

3  2.7527  9.176  69.8  

4  1.1413  3.804  73.6  

5  0.9395  3.132  76.8  

6  0.7349  2.450  79.2  

7  0.5651  1.884  81.1  

8  0.5423  1.808  82.9  

9  0.4342  1.447  84.3  

10  0.4270  1.423  85.8  

11  0.3975  1.325  87.1  

12  0.3742  1.247  88.3  

13  0.3484  1.161  89.5  

14  0.3228  1.076  90.6  

15  0.2934  0.978  91.6  

16  0.2699  0.900  92.5  

17  0.2623  0.874  93.3  

Continued on next page 
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Component Eigenvalue % of Variance Cumulative % 

18  0.2341  0.780  94.1  

19  0.2221  0.740  94.9  

20  0.2103  0.701  95.6  

21  0.2033  0.678  96.2  

22  0.1892  0.631  96.9  

23  0.1597  0.532  97.4  

24  0.1388  0.463  97.9  

25  0.1321  0.440  98.3  

26  0.1284  0.428  98.7  

27  0.1082  0.361  99.1  

28  0.1011  0.337  99.4  

29  0.0899  0.300  99.7  

30  0.0826  0.275  100.0  

Appendix II: NOVA 

S1. Response phase criterion (Phase 1: Year 2020; Phase 1: Year 2021/2022) 

 
t-value DF p 

COOP1 
  

–0.0872 
 

202 
 

0.931 

COOP2 
  

–0.9342 
 

202 
 

0.351 

COOP3 
  

–1.9145 ᵃ 202 
 

0.057 

COOP4 
  

–0.5812 
 

202 
 

0.562 

COOP5 
  

–1.3219 ᵃ 202 
 

0.188 

TRUST1 
  

–1.3942 ᵃ 202 
 

0.165 

TRUST2 
  

–0.9529 ᵃ 201 
 

0.342 

TRUST3 
  

–0.8446 ᵃ 201 
 

0.399 

TRUST4 
  

–0.4036 
 

202 
 

0.687 

TRUST5 
  

–1.7356 ᵃ 202 
 

0.084 

DEP1 
  

2.1116 
 

201 
 

0.036 

DEP2 
  

1.5257 
 

201 
 

0.129 
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t-value DF p 

DEP3 
  

1.6130 
 

202 
 

0.108 

DEP4 
  

1.7877 
 

201 
 

0.075 

DEP5 
  

1.5789 
 

202 
 

0.116 

COM_AF1 
  

–2.0705 ᵃ 202 
 

0.040 

COM_AF2 
  

–0.9646 
 

202 
 

0.336 

COM_AF3 
  

0.6913 
 

202 
 

0.490 

COM_AF4 
  

1.5656 
 

202 
 

0.119 

COM_AF5 
  

1.9051 
 

200 
 

0.058 

COM_EC1 
  

2.5842 
 

201 
 

0.010 

COM_EC2 
  

2.1232 
 

202 
 

0.035 

COM_EC3 
  

3.1196 
 

202 
 

0.002 

COM_EC4 
  

2.2717 
 

202 
 

0.024 

COM_EC5 
  

1.7581 
 

201 
 

0.080 

ENGA1 
  

1.0283 
 

201 
 

0.305 

ENGA2 
  

1.1652 
 

200 
 

0.245 

ENGA3 
  

0.8423 
 

201 
 

0.401 

ENGA4 
  

1.6134 
 

201 
 

0.108 

ENGA5 
  

1.8234 
 

199 
 

0.070 

S2. Response gender criterion. 

  t-value DF p 

COOP1 
  

1.6666 
 

202 
 

0.097  

COOP2 
  

1.3381 
 

202 
 

0.182  

COOP3 
  

1.9101 ᵃ 202 
 

0.058  

COOP4 
  

1.3328 ᵃ 202 
 

0.184  

COOP5 
  

0.6725 
 

202 
 

0.502  

COOP6 
  

–0.8988 
 

201 
 

0.370  

TRUST1 
  

0.7535 
 

202 
 

0.452  

TRUST2 
  

0.1883 
 

201 
 

0.851  

TRUST3 
  

0.5513 
 

201 
 

0.582  

TRUST4 
  

0.6898 
 

202 
 

0.491  
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  t-value DF p 

TRUST5 
  

0.1537 
 

202 
 

0.878  

DEP1 
  

–0.0106 
 

201 
 

0.992  

DEP2 
  

–0.4337 
 

201 
 

0.665  

DEP3 
  

0.4415 
 

202 
 

0.659  

DEP4 
  

0.6301 
 

201 
 

0.529  

DEP5 
  

0.7980 
 

202 
 

0.426  

COM_AF1 
  

0.8056 
 

202 
 

0.421  

COM_AF2 
  

1.0568 ᵃ 202 
 

0.292  

COM_AF3 
  

2.3686 ᵃ 202 
 

0.019  

COM_AF4 
  

2.5038 ᵃ 202 
 

0.013  

COM_AF5 
  

2.3194 
 

200 
 

0.021  

COM_EC1 
  

–0.3202 
 

201 
 

0.749  

COM_EC2 
  

0.0745 
 

202 
 

0.941  

COM_EC3 
  

–0.1863 
 

202 
 

0.852  

COM_EC4 
  

0.4881 
 

202 
 

0.626  

COM_EC5 
  

–0.6967 
 

201 
 

0.487  

ENGA1 
  

0.3217 
 

201 
 

0.748  

ENGA2 
  

0.7979 
 

200 
 

0.426  

ENGA3 
  

0.5233 
 

201 
 

0.601  

ENGA4 
  

0.5911 
 

199 
 

0.555  

Appendix III: Assessment of the predictive capability of the model (CONSTRUCT). 

INDICATOR PREDICTION SUMMARY 

  PLS LM  PLS-LM 

Indicator Q²predict RMSE 

CAL_COM1 0.408 1.372 1.418 –0.046 

CAL_COM2 0.618 1.113 1.117 –0.004 

CAL_COM3 0.628 1.135 1.186 –0.051 

CAL_COM4 0.548 1.199 1.234 –0.035 

CAL_COM5 0.585 1.195 1.212 –0.017 

COOP1 0.369 1.098 1.095 0.003 

COOP2 0.346 1.294 1.341 –0.047 

COOP3 0.401 1.027 1.027 0.000 

COOP4 0.447 1.027 1.056 –0.029 

COOP5 0.576 0.789 0.791 –0.002 
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ENGA3 0.105 1.641 1.651 –0.010 

ENGA1 0.239 1.347 1.395 –0.048 

ENGA2 0.201 1.601 1.609 –0.008 

ENGA4 0.126 1.864 1.895 –0.031 

ENGA5 0.160 1.744 1.741 0.003 

LOY_COM1 0.607 0.792 0.755 0.037 

LOY_COM2 0.563 0.804 0.784 0.020 

LOY_COM3 0.135 1.381 1.352 0.029 

LOY_COM4 0.199 1.325 1.323 0.002 

LOY_COM5 0.174 1.567 1.551 0.016 
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